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Preface

This dissertation concludes my years as an Industrial PhD student at Department of
Finance, Copenhagen Business School and Customers & Markets, DONG Energy A/S. The
dissertation consists of four essays within the overall topic of energy markets. Although the
last three essays are on the same topic, all four essays are self-contained and can be read
independently of each other. Essay I studies the relationship of volatility in oil prices and
the EURUSD rate and how it has evolved over time. Essay II-IV are on the so-called energy
quanto options — a contract paying the product of two options. Essay II shows why energy
quanto options are strong candidates for Over-The-Counter structured hedge strategies.
Essay III (co-authored with Fred Espen Benth and Tor Age Myklebust) studies the pricing
of energy quanto option in a log-normal framework and Essay IV presents an approximation
formula for the price of an energy quanto option using Greeks, individual option prices and

the correlation among assets.

Publication details

The third essay is published in Journal of Energy Markets (2015), Volume 8, no. 1, p. 1-35.
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Summary

Summary

English Summary
Essay I: Volatility Relations in Crude Oil Prices and the EURUSD rate

In this paper, I study the relationship between volatility of crude oil prices and volatility of
the EURUSD rate. If there is a common factor in the volatility of crude oil and the volatility
of exchange rates, possible explanations could be that the financial crisis caused a volatility
spillover between the two markets or that commodity markets, one of the most important
being the crude oil market, are strengthening their connection with classic financial markets
including exchange rate markets.

I use an extensive data set of crude oil futures and options and EURUSD futures and
options spanning a period from 2000 to 2012. This data allows me to analyse the market-
perceived volatility rather than investigating volatilities in the form of realised returns.

A model-free analysis supports the presence of a joint factor in the volatilities since
mid-2007. As the two markets are asynchronous in futures and options maturity date, a
term structure models allow for a description of the observed volatility surfaces by one or
more stochastic volatility processes. A term structure model including one joint volatility
factor and two market-specific volatility factors is proposed to capture the joint factor in
the volatilities from 2007 onwards.

The paper focuses on confirming the existence of a joint factor, but leaves out the
explanation of where it comes from. As data only covers until 2012, there is not enough
information post-crisis to distinguish whether the joint volatility is a financialization or a

crisis effect — or a combination.
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Essay II: How Energy Quanto Options can Hedge Volumetric Risk

In this paper, the performance of energy quanto options as a tool for hedging volumetric
risk is compared to other proposed hedge strategies. Volumetric risk is defined as the
impact of fluctuations in demand on revenue and is not a unique problem for commodity
markets. The difference between commodity markets and other markets is however that
in commodity markets, market participants has little or no control over the demanded
or supplied quantity and corresponding prices. For instance in liberalised energy markets,
standard contract structures require energy companies to deliver any amount of energy
demanded by the customers at a pre-determined price. The significant positive relationship
between demanded quantity and associated market prices makes this contract structure
risky for energy companies. When prices are low and they face a positive profit margin on
the energy they sell, they sell a relatively small amount. On the other hand, when prices are
high and the profit margin is negative, the customer demands a relatively larger quantity,
which leads to a loss for the energy company. The lack of control over market prices as well
as the sold volume give companies reasons for employing hedge strategies using the financial
markets, either in form exchange traded derivatives or OTC-traded derivatives.

Proposed strategies include forward or futures and options written on the underlying
energy price. The exact choice of contracts is impacted by the correlation between quantity
and prices. A natural extension of these hedging strategies is to include derivatives on
weather, as weather and quantity for many cases show significant correlation. Other
strategies do not specifically define the derivative type used in the hedge strategy, but
derives the hedge as a general function of price. This idea is extended to a hedging strategy
depending not only on the price, but also an index, e.g., weather, related to the quantity. The
general expression for the hedge is in simple cases obtainable in closed form, but nevertheless
it does not have a structure that appeals to an OTC counterpart.

Mathematically, the general hedge strategy written on both price and index can be
replicated using, among other, energy quanto options, e.g., options which pays out a product
of two standard options. These structures are offered by re-insurance companies and used by
energy companies as a way to hedge against an adverse situation, where the energy company
risk low revenues. Using a comparative study, the performance of energy quanto options is
proved to do almost as well as the optimal hedge. As the optimal hedge is infeasible to obtain

in the OTC market, the energy quanto option is a strong candidate for risk management.
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The energy quanto strategy also outperforms any other strategy consisting of market traded
contracts. Further, the study illustrates that the exact choice of energy quanto options

depends on the behaviour of the underlying variables.

Essay III: Pricing and Hedging Energy Quanto Options

In this paper, we study the pricing and hedging energy quanto options. Energy quanto
options are tools to manage the joint exposure to weather and price variability. An example
is a gas distribution company that operates in an open wholesale market. If, for example,
one of the winter months turns out to be warmer than usual, the demand for gas would
drop. This decline in demand would probably also affect the market price for gas, leading
to a drop in gas price. The firm would make a loss compared with their planned revenue
through not only the lower demand also through the indirect effect from the drop in market
prices.

Since 2008, the market for standardized contracts has experienced severe retrenchment
and a big part of this sharp decline is attributed to the substantial increase in the market
for tailor-made contracts. As these tailor-made energy quanto options are often written on
the average of price and the average weather index, we convert the pricing problem by using
traded futures contracts on energy and a temperature index as underlying assets, as these
settle to the average of the spot.

We derive options prices under the assumption that futures prices are log-normally
distributed. Using futures contracts on natural gas and the Heating Degree Days (HDDs)
temperature index, we estimate a model based on data collected from the New York
Mercantile Exchange and the Chicago Mercantile Exchange. We compute prices for various
energy quanto options and benchmark these against products of plain-vanilla European

options on gas and HDD futures.

Essay IV: A Short Note on Pricing of Energy Quanto Options

In this short note, an approximation for the price of an energy quanto option is proposed. An
energy quanto option is an option written on the price of energy and a quantity related index,
for instance weather. The option only pays off if both prices and the weather index are in
the money and such structures are useful to hedge volumetric risk in energy markets. Under

the assumption of a log-normal prices, the energy quanto option price can be approximated
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by a pricing formula involving the correlation, current individual asset prices and option
prices, volatilities and Greeks. These quantities are known or can be assessed by market
participants, thereby yielding a fast pricing method for energy quanto options. The pricing

performance is illustrated using a simple numerical example.
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Dansk Resumé
Essay I: Sammenhseng mellem olieprisers og valutakursers volatilitet

I denne artikel undersgger jeg sammenhaengen mellem volatiliteten af oliepriser og EURUSD
kursen. Hvis en feelles faktor driver volatiliteten i bade oliepriser og valutakurser, kunne en
mulig forklaring veere at finanskrisen er skyld i at volatilitet fra det ene market flyder
over til det andet market. En anden forklaring kunne veere at ravaremarkeder, hvoraf et
af de vigtigste er oliemarkedet, har faet styrket deres forbindelse til de klassiske finansielle
markeder, herunder valutamarkederne.

Jeg bruger et omfangsrigt datasset bestaende af priser pa oliefutures og -optioner samt
EURUSD-futures og -optioner fra perioden 2000-2012. Dette dataseet giver mig mulighed
for at analysere den markedsimplicitte volatilitet fremfor realiseret volatilitet udledt fra
spotpriser.

En modelfri analyse understatter eksistensen af en feelles faktor i volatiliteterne siden
midten af 2007. De to markeders futures og optioner har ikke samme udlgbstidspunkter,
sa jeg opstiller en model som kan sammenkoge hele volatilitetsoverfladen til en eller
flere stokastiske volatilitetsprocesser. En model med en felles volatilitetsproces og to
markedsspecifikke volatilitetsprocesser foreslas og estimeres for at fange den feelles faktor i
volatiliteter siden 2007.

Artiklen fokuserer pa at bekraefte eksistensen af den feelles faktor, men omhandler ikke
en forklaring pa hvorfra den kommer. Da datasaettet kun daekker perioden frem til 2012,
er der ikke nok post-krise data til at identificere, om den feelles volatilitet kommer fra

finansialisering af ravaremarkederne eller fra finanskrisen — eller en kombination.

Essay II: Double-trigger optioners evne til at hedge volumenrisiko i energimarkeder

I denne artikel sammenlignes det hvordan double-trigger optioner pa priser og maengder
klarer sig sammenlignet med andre hedgestrategier, nar det drejer sig om at at styre
volumenrisiko. Volumenrisiko er defineret som indvirkningen pa omssetningen som fglge af
fluktuationer i efterspgrgsel og findes ikke kun pa ravaremarkeder. Forskellen er imidlertid
at markedsdeltagerne i ravaremarkeder har lille eller ingen kontrol over efterspurgt eller
produceret maengde og dertilhgrende priser. For eksempel, pa det liberaliserede elmarked vil

en almindelig kontraktstruktur forpligte forsyningsselskabet til at levere en hvilken som helst
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efterspurgt meengde af strom til en pa forhand fastsat pris. Den klart positive relation mellem
efterpsurgt maendge og tilhgrende markedspriser ggr denne kontraktstruktur risikabel for
forsyningsselskabet. Nar priserne er lave og deres profitmargin er positiv, seelger de relativt
lidt. Omvendt, nar priserne er hgje og profitmarginen er negativ, efterspgrger kunden en
relativt stgrre maengde, hvilket resulterer i et tab. Manglen pa kontrol over priser savel
som meengder giver virksomheder god grund til at anvende hedgestrategier indeholdende
derivater, enten ved hjelp af standardiserede kontrakter eller gennem en direkte modpart.
Foreslaede strategier inkluderer forwards eller futures og optioner skrevet pa energiprisen.
Det preecise valg af kontrakter er athaengig af korrelationen mellem pris og meengde. En
naturlig udvidelse af dette er at inkludere derivater som afthsenger af vejr, da vejr og
meengde i mange tilfeelde udviser en signifikant korrelation. Andre strategier specificerer
ikke den preecise type af derivat, men udleder hedgestrategien som en generel funktion af
energiprisen. Denne ide kan udvides til en hedgestrategi, som ikke kun athsenger af pris, men
ogsa et index, fx. vejr, som relaterer sig til meengde. I simple tilfeelde er kan dette hedge
udtrykkes i lukket form, men dets struktur vil pa ingen made appelere til en modpart.

Matematisk kan den generelle hedgestrategi skrevet pa bade energipris og index replikeres
ved hjeepl af blandt andet double-trigger optioner, dvs. optioner der betaler et produkt af
to almindelige optioner. Sadanne strukturer tilbydes for eksempel af genforsikringsselskaber
og bruges af energiselskaber som en made at sikre sig mod en situation hvor omssetningen
er kritisk lav.

En sammenligning viser at double-trigger optioner skrevet pa pris og et vejrindex klarer
sig stort set lige sa godt som det optimale teoretiske hedge. Da det optimale teoretiske
hedge ikke er muligt at opna i praksis, er double-trigger optioner potentielt en steerk
kandidat til en risikostyringsstrategi. Ydermere klarer double-trigger optionerne sig bedre
end markedsbaserede stratgier. Endeligt viser eksemplet at det preecise valg af double-trigger

optioner er afhengig af fordelingen af de underliggende variable.

Essay III: Prisfastsaettelse og hedging af dobbelt-trigger optioner pa energi og

mangder

I denne artikel studerer vi prisfastsaettelse af dobbelt-trigger optioner pa energi og maengder.
Dobbelt-trigger optioner pa energi og meengder er redskaber til at styre den feelles

eksponering mod vejr og prisusikkerheder. Et eksempel er et gasdistributionsselskab, som
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opererer i engrosmarkedet. Hvis, for eksempel, en vintermaned er varmere end normalt vil
efterspgrgslen efter gas falde. Dette fald i efterspgrgsel vil ogsa pavirke markedsprisen for
gas i nedadgaende retning. Gasdistributionsselskabet vil derfor have et tab sammenlignet
med deres budgetterede omsaetning og dette tab kommer bade fra det lavere salg, men ogsa
indirekte fra faldet i priser.

Siden 2008 er markedet for standardiserede vejrkontrakter blevet betydeligt mindre og
en stor del af dette fald skyldes den betydelige stigning i markedet for skrseddersyede
kontrakter pa vejr. Eftersom disse skraeddersyede kontrakter ofte er skrevet pa et gennemsnit
af priser og et gennemsnit af et vejrindex og da futureskontrakter ligeledes afregnes mod en
gennemsnit af prisen over en periode, omskriver vi prisfastsaettelsesproblemet ved at bruge
futureskontrakter pa energi og vejr som underliggende kontrakter.

Vi udleder optionspriser under en antagelse om at futurespriser er log-normalfordelte.
For futureskontrakter pa gas og pa temperaturindekset Heating Degree Days (HDDs),
estimerer vi en model baseret pa data fra New York Mercantile Exchange og Chicago
Mercantile Exchange. Vi udregner priser for diverse dobbelt-trigger optioner pa gas og
temperaturindexet og benchmarker disse mod produktet af standard optioner pa gas og

standard optioner pa temperaturindexet.

Essay IV: En kort bemaerkning om prisfastsattelse af dobbelt-trigger optioner

I denne korte note praesenteres en approksimation for prisen for en dobbelt-trigger optioner
pa energi og meengder. En dobbelt-trigger option er et derivat skrevet pa prisen af
energi og en meengderelateret indeks, for eksempel vejr. Optionen betaler kun, hvis bade
prisen paenergi og vejrindekset er "i pengene” og sadanne strukturer er nyttige for at
styre volumenrisiko pa energimarkederne. Under antagelse af log-normalfordelte priser,
kan dobbelt-trigger optionen approximeres af en prisformel, der involverer korrelation,
individuelle underliggende priser og optionspriser, volatiliteter og Greeks. Alle disse
stgrrrelser er kendte eller kan blive tilnsermet af markedsdeltagerne og dermed kan dobbelt-
trigger optioner nemt og hurtigt prisfastseettes. Ngjagtigheden af formlen er illustreret i et

simpelt numerisk eksempel.
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Introduction

Introduction

In the recent years, the size of commodity derivatives markets have increased. The U.S.
Energy Information Administration reports that the number of outstanding WTI crude
oil futures on U.S. exchanges has more than quadrupled from 2000 to 2016. The market
participant can be both hedgers such as producers and end-users or speculators, who have
no interest in the underlying oil as a commodity. Besides the general links of commodity
prices and the world economy and the world economy and financial markets, the presence
of financial investors in commodity market is a direct link between commodities markets
and regular financial markets.

In commodity markets, spot prices are a result of supply and demand in a given location.
Surrounding the physical market is a huge commodity derivatives markets, where prices of
futures, forwards, swaps and options are related to the spot prices either because physical
delivery is possible of because the contract is settled to underlying spot prices. The link
between spot prices and the derivatives market differ from market to market. The exact
relationship between the spot and derivatives market on commodities suck as oil is explained
by the concept of convenience yields, which is a benefit or a cost accruing to the holder of
the commodity, but not to the owner of a forward or futures on the commodity. Using
this theory, the difference in spot prices today compared to the price of a oil futures is
explained by storage costs, funding costs and potential non-monetary benefits of possessing
the physical commodity between today and maturity. The convenience yield or equivalently
the shape of the futures curve behaves dynamically as a reflection to the spot and financial
markets. Over the past years, the oil futures curve has been in contango (oil futures with
longer maturities are more expensive), in backwardation (oil futures with longer maturities
are less expensive) or shown a hump-structure. While it must be expected that spot prices
are solely driven by fundamentals, the question of whether the futures prices are driven by

fundamentals or by financial investors has attracted much attention over the last decade.




Introduction

Starting in 2004, commodity markets saw a general increase in prices, in volatility
and in co-movement with other asset classes. One string of literature argues that this is
due to financialization of commodity markets — a term used to describe increased role of
financial investors. This theory states that the changes in markets is caused by the inflow of
investments into commodity markets from large investors, see e.g., Tang and Xiong (2012) or
Carmona (2015). Contradicting this theory is e.g., Kilian (2009) who argues that the change
in commodity markets are driven by fundamentals, while others seek a compromise between
the two theories as for instance Vansteenkiste (2011), who claims that both investors and
fundamentals play a role in price determination with the former domination the majority
of the time during the last decade. Similar conclusions are drawn by Basak and Pavlova
(2016) who estimate that around 15% of the futures price comes from financialization and
the rest from fundamentals.

Essay I in this dissertation is related to the intersection of commodity and financial
markets. It considers the oil market and a foreign exchange market. These two markets
are often analysed in terms of correlation between spot returns and the results depend on
whether the currency in question is from a country with a large export of commodities. In
my analysis, I focus specifically on the EURUSD rate. None of the countries in the Euro-
zone are considered major commodity exporters, so the EURUSD rate and crude oil price
will largely be expected to have a positive correlation when looking a returns or levels, the
argument being that as the Dollar depreciates against the Euro (meaning the EURUSD rate
increases), the oil-importing Euro-zone will import more and thereby increase oil prices. The
relationship is especially strong just before the financial crisis (see Verleger (2008)). How
volatilities in these two markets relate is a less studied question. Ding and Vo (2012) find
that for realized volatility of spot oil prices and spot EURUSD rates, there are indications
of volatility spillovers from one market to another after the financial crisis started. In my
analysis, I use options on futures and using first a model-free approach, I find that there is a
joint volatility factor for the two markets after 2007. I then propose a term structure model
along the lines of Trolle and Schwartz (2009) for future and options and estimate this model.
After 2007, adding a joint volatility factor to explain the co-movement in volatilities in the
two markets gives a better fit to the observed implied volatility surfaces. The improvement
in the volatility fit is highly significant for the oil options and for shorter EURUSD options.
Whether the presence of a joint factor is a result of fundamentals, financialization or the

financial crisis is left for later studies.
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Introduction

The remaining part of this dissertation it devoted to the study of volumetric risk.
Volumetric risk is defined as the impact on revenue from fluctuations in demand. Compared
to other markets, market participants in commodity markets has less over the demanded
or supplied quantity and corresponding prices. For instance in liberalised energy markets,
standard contract structures require energy companies to deliver any amount of energy
demanded by the customers at a pre-determined rate. The significant positive relationship
between demanded quantity and associated market prices makes this contract structure
risky for energy companies. When prices are low and they face a positive profit margin on
the energy they sell, they sell a relatively smaller amount. On the other hand, when prices
are high and the profit margin is negative, the customer demands a relatively larger quantity
resulting in a loss for the energy company. Another example is the owner of a wind park
producing power in a competitive electricity market. The wind speed and direction solely
determines the quantity produced and the market determines the prices, leaving the owner
as both price taker and quantity taker.

First, Essay II shows why energy quanto options' arise when hedging the volumetric
risk. The name energy quanto option is used for a derivative paying the product of two
options. This type of derivative arises from deriving an optimal theoretical hedge strategy
based on both the underlying price and a quantity-related and market-traded index, for
instance weather. Using a numerical experiment, it is shown that in comparison with
the optimal theoretical hedge, energy quanto options are strong candidates for Over-The-
Counter structured hedge strategies. By just using one or two quanto options, the hedge
performance is 90-98% compared to the preferred theoretical hedge. Further, the energy
quanto hedge is superior in the sense, that it has an understandable structure. The optimal
theoretical hedge is in best case expressed by conditional profit expectations and density
ratios and therefore not a contract structure to request from an OTC counterpart. While
the use of an OTC counterpart rather than a market traded hedge might seem as a big step
to take for an energy company, it further has the benefit of being able to choose the exact
weather index which correlates well with the risk taken by the company rather than having
to rely on available weather contracts.

Essay III (co-authored with Fred Espen Benth and Tor Age Myklebust) studies the

pricing of the aforementioned energy quanto options is a log-normal framework. In practice,

LOther common names are double trigger options or cross-commodity-weather options.




Introduction

an energy quanto option is an Asian type option written on the average of a price or an
index, and we therefore convert the pricing problem by arguing that writing an option on
an average is essentially the same as writing it on a futures contract settling on the average
price or index during the same period. With futures contracts being traded assets, we can
extract the pricing measure from market data and use this to provide pricing and hedging
formulas for energy quanto options. In a log-normal framework, both the price and Greeks
are available in closed form. We estimate a model for US NYMEX gas futures and Heating
Degree Days futures for New York and Chicago based on the model by Sgrensen (2002).
We use the estimated model to illustrate the difference of energy quanto option prices and
plain vanilla options.

Essay IV provides a pricing approximation formula for energy quanto options. Using
a Taylor-expansion around the correlation of prices, it is shown that a first order
approximation can be obtained from univariate option prices and Deltas. A second order
approximation is obtained by adding Gammas. Many traders will have either information
or an educated guess for these quantities, making the pricing formula easy to use. If market
prices and Greeks are available, it becomes (approximately) redundant to estimate the model
as all information is already incorporated in prices and Greeks. Using a simple example, the

second order approximation is shown to be close to the actual price.
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Essay 1

Volatility Relations in Crude QOil Prices and the
EURUSD rate*

Abstract

Studies on the relationship between oil prices and the EURUSD rate is mostly
focused on the correlation of returns or levels. However, the volatility of oil price
and the volatility of the EURUSD rate is also of importance for e.g., portfolio risk
management, margin requirements or derivatives pricing models. In this paper, the
relationship between the volatility of crude oil and the volatility of the EURUSD
rate is analysed. A model-free analysis shows the presence of a joint factor in
the volatilities after mid-2007. A term structure model for futures and options on
both oil and EURUSD is proposed and estimated to WTT Crude Oil and EURUSD
futures and options traded at the Chicago Mercantile Exchange from 2000-2012.
The addition of a joint volatility factor significantly improves the fit to oil options

and short term EURUSD options after mid-2007.

*T thank Carsten Sgrensen, participants in the Bachelier World Finance Congress 2016, the Conference on the
Mathematics of Energy Markets 2016 at the Wolfgang Pauli Institute and the Energy Finance Christmas Workshop
2014 for helpful comments.




1.1. Introduction

1.1 Introduction

The relationship of oil prices and the EURUSD! rate is often investigated in terms of returns
or levels. The majority of studies confirms empirically that oil and EURUSD returns or levels
are positively correlated. This implies that for a EUR-denominated investor, an increase in
oil prices is dampened by the weaker dollar and vice versa. One explanation is that a
depreciation of the US Dollar will allow a EUR-denominated investor to buy more oil for
the same amount of EUR, thereby putting an upward pressure on the oil price.

In addition to studying the size of the correlation of oil returns and EURUSD returns
(or levels), or more generally speaking foreign exchange rates, most research focuses on
the causality and forecasting performance. For instance, Chen and Chen (2007) concludes
that real oil prices have significant forecasting power when in comes to explaining real
exchange returns®. Similar conclusions are drawn by Lizardo and Mollick (2010). Research
supporting the link from currencies to commodities focuses on the so-called commodity
currencies, which are defined as currencies of countries with a large export of commodities,
e.g., Canadian Dollars, Australian Dollars or South African Rand. For instance, Chen et al.
(2010) find that commodity currencies have large predictive power for commodity prices.
Fratzscher et al. (2014) find a bidirectional causality between oil prices and the value of the
Dollar.

While there has been considerable attention on the direction of the relationship and the
possible explanations, the relationship between volatilities of the two markets have received
less attention. Ding and Vo (2012) uses a multivariate stochastic volatility framework
to investigate the volatility interaction between the oil market and the foreign exchange
markets. Using spot price data, their analysis is using realized volatility and focuses on
forecasting. They conclude that volatility spills over from one market to the other in times of
turbulence. They attributes the volatility interaction to inefficient information incorporation
during the financial crisis. The study includes only the beginning of the financial crisis, and
it is therefore not possible to determined if this only occurs during the crisis or if it is a
more permanent change.

Christoffersen et al. (2014) investigates the factor structures among different commodities

and their relation to the stock market. Using a model-free approach and high-frequency data,

The EURUSD rate is defined as the price of euros measured in US Dollars
2They do not consider the EUR, but include Germany in their analysis.
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they find that the commodity market volatilities have a strong common factor, that is largely
driven by stock market volatility. As numerous studies empirically document the relationship
between foreign exchange market volatility and stock market volatility, a natural hypothesis
is therefore a relationship between the volatility of oil and the volatility of the EURUSD.

Generally, commodity markets have seen increases in prices, volatilities and correlation
among commodities and financial assets during the last decade. One string of literature
refer to these changes as the financialization of commodity markets and explain them by the
entry of institutional investors into commodity markets, see e.g., Tang and Xiong (2012) and
Carmona (2015). Other papers, such as Kilian (2009), argue that the increase in volatilities
and in prices are solely due to fundamentals, e.g., increased demand from BRIC-countries.

In this paper, I analyse the behaviour of oil price volatility and the EURUSD volatility
to find the relationship between those and if this relationship is changing over time. The
analysis is based on exchange traded futures and options on futures. The spot price of oil is
based on actual physical trades, whereas futures on oil are mainly traded financially®. The
use of the futures market allows for viewing the volatilities as market-perceived. The use
of spot oil prices as in Ding and Vo (2012) includes potential short term impact from the
physical market rather than the volatility being seen as a reflection of the financial market.

The analysis of the volatility relation is done in two ways. First, using a model-free
approach, at-the-money straddles (written on nearby futures) with maturities up to six
months are computed for both oil and for EURUSD. The rolling correlation of short maturity
straddles is then analysed for structural breaks. The resulting sub-samples are then analysed
separately, to see if the variations in the combined straddle returns are impacted by a
common factor. Based on these results, a term structure model for pricing futures and
options is proposed and estimated. Both of these analyses show presence of a common joint
volatility factor after mid-2007.

Term structure models are well-studied in the literature. Several papers deals with
modelling of oil prices. Studies by Cortazar and Naranjo (2006), Trolle and Schwartz (2009),
Chiarella et al. (2013) all present a joint model for the term structure of futures prices and
option prices. Also FX rates and options has been widely studied, e.g., in Bakshi et al.

(2008). The model analysed in this paper is a two-asset variation of Trolle and Schwartz

3 Although oil futures on WTI crude oil can be physically settled, the majority of contracts are rolled over before
maturity and thus never actually physically delivered, see e.g., the discussion about market volume and open interest

in Trolle and Schwartz (2009).
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(2009).

The paper continues as follows: Section 1.2 provides an overview and a detailed
description of the available data and the data cleaning process. Section 1.3 presents the
model-free analysis. Section [.4 introduces the model, which is essentially a simplified two-
asset version of the model proposed by Trolle and Schwartz (2009). Section 1.5 presents and

discusses the estimation results. Finally, Section 1.6 concludes.

1.2 Overview of data

The raw data set for this study consists of daily data from January 1, 1987 to March 26,
2013 for end-of-day settlement prices for all futures and American options on WTI crude
oil and daily data from May 19, 1998* to March 26, 2013 for end-of-day settlement prices
for all futures and American options on EURUSD as well as the spot EURUSD exchange
rate during the same period. Futures and spot data are obtained from Bloomberg, while the
options data is purchased from the CME Group.

The crude oil futures are listed for each month for the subsequent 5-6 years and semi-
annual in the June cycle for further three years. The futures contracts are for physical
delivery of 1000 barrels of crude oil and terminates trading around the 21st in the month
preceding the delivery month. Among the crude oil futures, a subset of contracts are chosen
by investigating liquidity. I disregard all futures contracts with less than ten trading days
to maturity and among the remaining I choose the first six monthly contracts (labelled M1-
M6), two contracts in the March-cycle following the monthly contracts (labelled Q1-Q2)
and four December contracts following the quarterly contracts (Y1-Y4). The choice and
labelling is equivalent to the one used by Trolle and Schwartz (2009).

At all times, six EURUSD futures with quarterly expiry in March, June, September and
December are listed. One contract equals 125,000 euros. The EURUSD futures expire two
business days before the third Wednesday of the expiry month®. I include contracts with
more than one week to expiry. The EURUSD futures contracts are labelled Q1-Q6.

As the Euro was not introduced until 1999, I start my analysis on January 4, 2000.

Figures 1.1 and 1.2 show the price evolution of the futures contracts included in the

4The first contract listed on this date is for delivery in March 1999, which is after the Euro is introduced.
SWhere a March oil futures terminates trading in around the 20th of February and delivers during the month of

March, a March EURUSD futures trades until mid-March with delivery shortly after.
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estimation. Figures 1.18 and 1.19 in the Appendix I.A shows the daily returns.
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Figure 1.1. Evolution of oil futures prices
These figures shows the evolution of the oil futures prices used in the estimation. M1 refers to the shortest futures
contract with more than two weeks to maturity. M2-M6 are contracts following the M1 contract. Q1 is the first
contract with delivery in March, June, September or December after the M6-contract and Q2 is the following
contract with delivery in March, June, September or December after the Ql-contract. Y1-Y4 are the first four

December-contracts following the Q2 contract. All prices are in USD.

Crude oil options terminates trading three business days before the futures contract
they are written on. Options are listed on all of the futures contracts, but for liquidity
reasons and to minimize potential problems when assuming non-stochastic interest rates, I
initially restrict the analysis to options on the first eight oil futures contract. This results
in a set of option prices than span approximately one year. For each maturity, I choose
up to 11 options corresponding to moneyness-intervals [0.78 — 0.82,...,1.18 — 1.22]. Only
options with a open interest of more than 100 contracts and with a price greater than 0.01
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Figure 1.2. Evolution of EURUSD futures prices
These figures shows the evolution of the EURUSD futures prices used in the estimation. Q1 refers to the shortest
futures contract maturing more than a week later. Q2-Q6 are the contracts delivering 3-15 months after Q1 futures
contract. All expiry dates are in the March-cycle. Availability of prices in the long end of the futures is limited for

the first couple of years. By definition, the EURUSD rate is the price of EUR measured in USD.
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are included. For moneyness-intervals less than one, only put options are chosen and for
moneyness-intervals greater than one, only call options are included in the dataset. For the
moneyness-interval including 1, the most liquid option is chosen. Within each moneyness-
interval, the option closest to the mean of the interval is chosen based the aforementioned
criteria. The number of days with observations, implied volatilities, average prices and open
interest are summarized in the tables in Appendix LA and the ATM implied volatilities
are plotted in Figure 1.3. The Samuelson effect — that futures with short time to expiry are
more volatile compared to options with long time to expiry — is clearly seen by comparing
across maturities. Further, volatility is evidently stochastic.

EURUSD options are traded on the first four quarterly futures contracts. The options
with expiry in the same month as the underlying are denoted Q1-Q4. In addition, two nearby
monthly options on the nearby futures are also traded: For instance, in early January, the
closest futures contract is the March contract. Besides options expiring in March, the first
monthly option, M1, expires in January with the March futures as underlying. The second
monthly option, M2, is a February option on the March futures contract. When the January
option expires, the February option on the March futures becomes the M1 contract and an
April option on the June futures become the M2 contract. See Figure 1.4 for an illustration
of existence and labelling of EURUSD options. The options expire on the Friday 12 days
before the third Wednesday of the option’s contract month. Like with the oil options, the
sorting results in a set of option prices than span approximately one year. The final set of
EURUSD options data is chosen using the same guidelines as with the oil options data. The
resulting dataset is summarized in tables 1.10-1.16 in Appendix I.A, and the ATM implied
volatility is plotted in Figure L.5.

Both the oil option prices and the EURUSD options are for American type options. The
impact of early exercise is small in the chosen sample, because only OTM and ATM options
were included. Nevertheless, the prices are still converted to European prices by converting
quoted American option prices to European option prices using the approach from Barone-
Adesi and Whaley (1987). All reported implied volatilities are for corresponding European
options.

By inspection of Tables 1.9 and 1.10, it become apparent that there is still a great deal
of asymmetry in the availability of option prices. The model-free analysis in Section 1.3 is
based on ATM options resulting from the initial sorting. When turning to estimation using

multiple moneyness-intervals in Section 1.5, the dataset is restricted further to ensure that
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Figure 1.3. Oil Options Implied Volatility (BAW)
The figures shows the evolution of the implied volatility of the oil options. The implied volatility is found by first
converting the quoted American option prices to European option prices using the method by Barone-Adesi and
Whaley (1987). Afterwards the implied volatility is computed using the formulas for options on futures derived in
Black (1976). The picture confirms the so-called Samuelson effect; that volatility decreases with time to maturity.
Especially for the short dated options, several events can be identified, e.g., the terrorist attack in September 2001,
where the short term volatilities jump significantly and the financial crisis starting in the Autumn of 2008, where

M1-volatilities increases to more than 100%.
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Panel A: From start of December to start of January

Jan Feb  Mar Jun Sep Dec
| | | | | | >
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Underlying: Mar Mar Mar Jun Sep Dec
Panel B: From start of January to start of February
Feb  Mar Apr Jun Sep Dec
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Future: - Q1 - Q2 Q3 Q4
Option: M1 Q1 M2 Q2 Q3 Q4
Underlying: Mar Mar Jun Jun Sep Dec
Panel C: From start of February to start of March
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Underlying: Mar Jun Jun Jun Sep Dec

Figure 1.4. EURUSD contracts

This figure illustrates the existence and naming of options on EURUSD futures contracts. In Panel A, the M1- and

M2-options are written on the Q1-futures, but expiring 2 resp. 1 month before the underlying. The Q1-Q4-options

mature in the same months as their underlying. This happens from start of December to start of January, from start

of March to start of April, from start of June to start of July, and from start of September to start of October.

Panel B shows the situation where the M1-option is written on the Q1-futures and the M2-option is written on the

Q2-futures. This happens from start of January to start of February, from start of April to start of May, from start of

July to start of August, and from start of October to start of November. Finally, Panel C shows the situation where

the M1- and M2-options are written on the Q2-futures. This happens from start of February to start of March, from

start of May to start of June, from start of August to start of September, and from start of November to start of

December.
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Figure 1.5. EURUSD Options Implied Volatility (BAW)
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The figures shows the evolution of the implied volatility of the EURUSD options. The implied volatility is found

by first converting the quoted American option prices to European option prices using the method by Barone-Adesi

and Whaley (1987). Afterwards the implied volatility is computed using the formulas for options on futures derived

in Black (1976). Availability of liquid options in the long end is scarce. EURUSD volatility approximately double at

the beginning of the financial crisis.
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the volatility surfaces span a reasonable time frame and moneyness-intervals, while at the

same time not showing too much asymmetry in availability of data.

1.3 Model-free Analysis: Joint Volatility Factors

The investigation of a joint factor in the volatility of crude oil and the volatility of EURUSD
starts with a model-free analysis: I construct oil ATM straddle returns by calculating daily
prices of ATM straddles, i.e., a put and a call option with strike equal to the value of
the underlying futures, with 1-6 months to maturity. The first oil five straddles are on
the nearest futures contract expiring approximately one month after the options and the
6M-straddle is on the futures contract in the March cycle that expires 7-9 months out.
Similarly, straddle returns for EURUSD are calculated for contracts with 1-5 months to
maturity with the nearest following futures contract as underlying. ATM straddles are by
construction approximately Delta-neutral, so they are almost unaffected by changes in the
underlying, but very sensitive to changes in volatility.

Figure 1.6 shows the 3-month rolling correlation of the 1M-straddle returns. Over the
full period, the empirical full sample correlation is positive, 0.1718, but a visual inspection
of the rolling correlation indicates a development over time. To identify the possible change
points in the correlation, I employ the method proposed by Galeano and Wied (2014), which
is an extension of the test proposed in Wied et al. (2009). The method provide an algorithm
for detecting multiple breaks in correlation structure of random variables. For a sequence
of random variables (X4, Y;), t € [1,...,T] with correlation between X; and Y; denoted by

pt, the hypothesis of all correlations being equal is tested using the test statistic

_ 7 J s
QT(X,Y)—D;%%}%\/TM prl,

where p; is the empirical correlation up to time j and Dis a normalising constant. The
asymptotic distribution of the test statistic is the supremum of the absolute value of a
standard Brownian bridge. For a critical level of 5%, the test statistic is compared to a value
of 1.358. The algorithm described in Galeano and Wied (2014) is an iterative procedure,
where the test statistic is first obtained for the full sample size. If the test statistic is
significant, the break point obtained from the test size is determined a break in correlation
and the resulting two samples are tested separately. This procedure is continued until no
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1.3. Model-free Analysis: Joint Volatility Factors

further breaks are obtained®. Finally, adjoining sub-samples are tested pairwise to assess if
the estimated break point is optimal. If not, the original break point is replaced by the new
optimal break point.

This analysis indicates a break in correlation in July 2007 with no additional breaks.
The two horizontal lines in Figure 1.6 represents the empirical correlation for these two sub-
samples. The empirical correlation of 1M-straddle returns is 0.0353 from January 2000 to
July 2007 and 0.3236 from July 2007 to December 2012. The structural break is occurring
before the start of the financial crisis starting in the Fall of 2008, but several years after
financialization is claimed to have started (see e.g., Tang and Xiong (2012)). It is however
consistent with remarks from the U.S. Energy Information Administration, who in their
presentation on drivers of the crude oil market state correlations between oil futures prices

and other financial markets were fleeting prior to 2007.

Analysis of the straddle correlation

Interval Qr(X,Y) Change point Correlation Date

Step 1

[1,3259] 4.8956* 1886 0.1718 July 20, 2007
Step 2

[1, 1886] 0.6812 754 0.0353 January 13, 2003
[1887, 3259] 1.1542 2580 0.3236 April 23, 2010

This table shows the results of testing for a shift in correlation between 1-month straddles on oil and FX and indicates
just a single change point. The initial nominal significance level is ap = 0.05 and decreases with every iteration to
keep the significance level constant.

Table I.1. Results of testing for a shift in correlation.

Next, the two sub-samples are investigated using Principal Components Analysis. Table
[.2 shows the common variation in straddle returns. For the oil straddles, one factor
explains 81.71% respectively 92.42% of the variation within the two sub-samples. For the FX
straddles, one factor explains almost the same percentage of variation, 91.54% respectively
89.59%. Considering all 11 straddle returns series at once, two factors explain 85.89% of
the variation in the first sub-sample and 90.90% of the variation in the second sub-sample.

The degree of explanation coming from the first common factor increases from 47.40% to

5The critical level for detecting the kth level of break points is lowered to aj = 1 — 1- ozo)l/’c+1 to keep the

significance level constant for all tests.
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Figure 1.6. Rolling 3M correlation of 1M straddle returns for EURUSD and for oil.
The figure shows the rolling three month correlation calculated on daily returns. The horizontal lines shows the
average correlation over the periods 2000-2007 and 2007-2012. The exact periods are chosen from test of breaks in

correlation and shown in Table I.1.
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62.29%.

The above numbers do not guarantee that there is co-variation between straddle returns.
To ensure that the two first factors is the combined PCA is not merely one factor for
crude oil and one factor for EURUSD, the eigenvectors for the first three joint principal
components are presented in Figures 1.7 and 1.8. For the first sub-sample (Figure 1.7),
the first joint principal component mainly explains the variations in the oil straddles, as
the eigenvector values related to the EURUSD straddles is close to zero. The second joint
principal component mainly explains the variations in the EURUSD straddle returns. There
is little indication of a common factor driving the two sets of straddle returns and thereby
the volatilities of crude oil and EURUSD. For the second sub-sample (Figure 1.8) staring
in July 2007, the picture is different: The first joint principal component, that explains
62.29% of the total variation in the combined straddles, affect both the oil straddles and the
EURUSD straddles. The second principal component also explains variation in both oil and
EURUSD straddles, but with opposite signs for oil straddles and EURUSD straddles. The
eigenvector is decaying in maturity of the straddles, which is in line with the Samuelson-
effect; volatilities (or equivalent straddle returns) are higher for shorter maturities compared
to longer maturities.

In conclusion, the model free analysis in this section empirically considers the rolling
correlation of short crude oil straddles and short EURUSD straddles and confirms that
volatilities (more precisely in the form of straddle returns) exhibit a much higher correlation
during the later part of the period analysed compared to the beginning.

Secondly, a Principal Components Analysis shows that around 85-90% of the variation
across combined straddle returns can be explained using two factors. For the first sub-sample
one factor is attributed to explaining the oil straddles and a second factor is attributed to
EURUSD straddles. For the second sub-sample, the two factors both contribute to explaining
the variation across the combined set of straddles.

In the next section, a model including a joint volatility factor is proposed. In total, there
will be three volatility factors; one joint volatility factor, one volatility factor for oil and one

volatility factor for EURUSD.
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Figure 1.7. Eigenvectors for separate and combined oil and EURUSD straddles (2000-2007)
The figure shows the eigenvectors for three first principal components, when looking at the combined straddle returns.
The first eigenvector (solid line) for the joint set of straddles is close to zero for the EURUSD straddles and the first
principal component is therefore largely explaining the variation in oil straddles. The second eigenvector (dashed
line) for the joint set of straddles is close to zero for the oil straddles and the second principal component is therefore
largely explaining the variation in EURUSD straddles. The third eigenvector (dotted line) is mainly impacting the

oil straddles, but offers very little explanatory power.
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Figure 1.8. Eigenvectors for separate and combined oil and EURUSD straddles (2007-2012)
The figure shows the eigenvectors for three first principal components, when looking at the straddle returns together.
The first eigenvector (solid line) for the joint set of straddles shows that the first principal component is explaining
variation in both oil and EURUSD straddles. The loadings for oil straddles and for EURUSD straddles on the
first principal component are of similar size and decaying. The second eigenvector (dashed line) for the joint set
of straddles is also explaining variation in both oil and EURUSD straddles. The loadings for oil straddles and for
EURUSD straddles on the second principal component are of same magnitude, but with opposite signs. The third

eigenvector (dotted line) offers very little explanatory power.
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Panel A: PCA for separate straddle returns

il FX
# obs pcoi  pcQit  pcg # obs pciX  pciX  pciX

2000 — 2007 988 81.71 951 410 988 91.54  6.53 1.52

2007 — 2012 693 9242 527 098 693 89.59  7.09  2.40

Panel B: PCA for combined straddle returns

# obs PC{Oint Pcé]oint choint Pcioint
2000 — 2007 988 47.40% 38.49% 5.49% 2.83%
2007 — 2012 693 62.29% 28.61% 3.88% 2.37%

Panel A shows the percentage of variation explained for the straddle returns. Only days where straddle returns
could be computed is are included in the analysis. For both oil straddles and EURUSD straddles, two factors explain
a large part of the variation, when the panel data of straddle returns are analysed separately. Panel B shows the
percentage of variation explained for the combined set of straddles on o0il and on EURUSD. Two common factors
explain about the same percentage of the variation as one oil and one EURUSD factor does for the separate staddles.

Table [.2. Common variation in straddle returns.
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I.4 A Linked Model for Derivatives on Oil and the EURUSD

In this paper, the model proposed by Trolle and Schwartz (2009) for oil derivatives is used
as a starting point”. It has proven to fit the market well as documented in the original paper
and tested for later years in Cortazar et al. (2016). To have a flexible and still tractable model
for the futures and option prices for both oil and FX, two models of the type developed in
Trolle and Schwartz (2009) is combined by allowing one of the two asset specific volatility
factors, v, to be the same. As the focus is on the joint volatility factor, the number of factors
driving the futures prices are limited to decrease the number of parameters to be estimated.

This will favour the fit of options over the fit of the futures curve.

1.4.1 Model

Let E; denote the time-t spot price of oil with a spot cost-of-carry® given by 6F. The
spot cost-of-carry is derived from the forward cost-of-carry y¥, i.e., yZ(T) is the time-t
instantaneous cost-of-carry between ¢ and T and 6F = yF(t). Under the (domestic) risk

neutral measure, the oil price (measured in the domestic currency) is

dE
ft = 08dt 4 opi\/VEAWE + opor/vf dW/ (I.1)

¢
dyE(T) = pp(t, T) + age =T~ JuFdBE (1.2)

Correspondingly, X; denotes the time-t EURUSD exchange rate with an spot interest rate
differential given by &;X. The interest rate differential is derived from the forward interest
rate differential y*, i.e., ;¥ (T') is the time-t forward rate differential and &;* = y;* (¢). Under
the risk neutral measure, the EURUSD rate (i.e., the price of EUR measured in the USD)

is

dX
Tt = 5Xdt 4 ox 1/ VAW + oxor/ V] AW, (1.3)

¢
dyX(T) = px (t,T) + axe XTI, JoXaBX (L.4)

The three volatility factors evolve according to

dvf = (" — kpvf) dt + o\ VEAZT (L.5)

7Another approach would have been to extend the approach taken in Pilz and Schlogl (2012), who they apply
a multi-LIBOR model applied to one interest rate and the oil price. An extension of the would be to include an
additional interest rate and thereby modelling the FX rate through the two interest rates.

8The cost-of-carry is defined as the interest rate net of the convenience yield
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dv = (0 = kxvY) dt + ox\/vf<dZ (1.6)
dv] = (n) — kv]) dt + 0,00 /v{dZ] (L.7)

The Brownian motions are correlated in the following way: W¥, BF and Z¥ are pairwise
correlated with p&, 5, pf.,, and p&, as are WX, BX and Z¥X are pairwise correlated with
g, Pz, and px . All other correlations are set to zero.

No-arbitrage conditions will impose a restriction on the drift of the cost-of-carry and the

interest rate differential leading to the following prices for futures:

PROPOSITION [.1 (TROLLE AND SCHWARTZ (2009) EQUATION 17) The log-futures
price is affine in the state variables below and are given by for j = F, X:
Fy(T)

(1_8_'Yj(T_t)) aj(l_e—QWj(T—t))

log F{(T') = log g +losd+ L e )
0 N——— N—— —
BI(T—t) BJ(T—t)

dlog j; = (yé(t) + (:c{ + Qﬁi) — % (ajz-lvf + 032-21)5)) dt + o1/ vdetj + 0j2 v/ dW; (1.9)

J

dol = (-mjgb{ + %v{) dt (1.11)

J

European options on futures contracts can be priced according to:

PROPOSITION 1.2 (TROLLE AND SCHWARTZ (2009) PROPOSITIONS 3 AND 4) The price

of an European put option expiring at time 7y on a futures contract maturing on time

Ty is for j = B, X?

] — [0 rods j
P, T, Ty, K) = Ef [6 Sl (K — Py (Th)) 1F%O(T1)<K}

~ P(t,Tp) (KG}(log K) — G} (log K)) (1.12)
where

j Q[ alog FZ (T1) _
Gi(y) = E; [6 S 1logF%O(T1)<y]

Vi, t, To, 7)1 / * Im [\? (a + 1, £, Ty, Ti)e ™|
0

2 s

d [.13
: w11

9Like in Trolle and Schwartz (2009), I disregard the covariance term in the option price. For short-dated options,

the covariance term is negligible.
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and the transform y is given as
with an exponentially affine solution given by

X] (U, t, T07 T]_) — €Mj (To—t)-l-Nlj (To—t)’ug-l-NQj (To—t)’uij-i-u log th (Tl). (114)

where M; and N; are solutions to the following ODEs:

M(T) =Ny ()0’ + Noj(7)n’
Niy (1) =3(u® —u) [0, + BTy — Ty + 1) + 2ply o BTy — Ty + 7))

+ Nji(7) [—Faj + U0, (p{;l,zajl + p{BZBi,(Tl —To+ 7'))] + %Nﬂ(T)ngj
Njy(7) =5(u? = u)ay — Njo(7)K7 + 3 Njo(7)?02,

subject to the boundary conditions M;(0) = N;;(7) = Nj2(7) = 0. In practice the integral

is evaluated in a set of cleverly chosen points, e.g., using the Gauss-Legendre quadrature.

For the joint model, this results in 34 parameters. In case ogs = ox2 = 0, each asset
is modelled using the SV1-specification in Trolle and Schwartz (2009) and 14 parameters
for each model is then needed. The six extra parameters are the loadings of the spot oil
price and spot EURUSD rate on the joint volatility factor, the speed (and thereby mean-
reversion level) and the volatility of the joint volatility process as well as the market price
of risk belonging to the two extra Brownian motions!?.

Using this specification, only the spot price is affected by the joint volatility, whereas
the shape of the futures curve is not. For simplicity the three stochastic volatility processes
are not connected via their drift. Another possible specification would be to let the separate
oil volatility and the separate EURUSD volatility process mean reverts around the joint
volatility process. In this situation, the joint volatility process would not need to enter into

the spot price specification, but could be obtained from the joint volatility process affecting

the future volatility and thereby the option prices.

10Tt might seem unnecessary restrictive to include the same Brownian motion in the two spot dynamics, but the
estimation showed very little difference in the likelihood function when the same Brownian motion was used compared

to two different and correlated Brownian motions.
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1.4.2 Estimation Approach

The model is estimated using quasi maximum-likelihood applying the extended Kalman
filter after formulating the model in state-space form!!. The observed log futures prices and

the option prices are linked to the state vector through the measurement equation
Yt :h(ﬁt) + €, € N(O, Q) (115)

where y; is a vector of observed prices, h is the pricing functions given by (1.8) and (I.12) and
¢; are assumed i.1.d. Gaussian measurement errors with covariance matrix 2. It is assumed
that measurement errors are uncorrelated, implying that €2 is a diagonal matrix and that

each of the four contract types has the same variance of the measurement error. The states
0, = (logEt,xf, oF vF log X, ¥, ¢;5X,Utx,v;]),
has the following transition equation
Opi1=TO0, + c+ 441 (1.16)

with Fi(gi11) = 0 and Covi(eri1) = Qo + QFvE + QX v + Q7v]. The state vector needs
to be specified under the physical probability measure, which is obtained by specifying the
market prices of risk to link the Brownian motions under P (indicated by a 7) and Q. The

completely affine specification is commonly used in this class of models:

AW/} =dW} — N, \/;{dt (1.17)
AW, =dW; — M/l dt (1.18)
dB! =dB] — N, \/;fdt (1.19)
dZ] =dZz] — X, \/;gdt (1.20)

The vector ¢ and the matrices and 7', Qo, Q¥, Q¥ and @’ are available in closed form and
derived using (1.9)-(I.11) and (1.5)-(1.7) together with the market price of risk specification.
The details can be found in Appendix I.B.

At time t, m® oil futures prices and n” oil option prices are observed along with the spot

FX rate, m”* FX futures prices and nX FX option prices. To convert option pricing errors

HDetails related to the application of Kalman filters can be found in classic references such as Harvey (1989).
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to implied volatility errors, the option prices are scaled by their vegas, so the observations

z; are given by
TLE TLE
2 = (1og FF(Ty), ... Jog FF(Te), O JVEL, . OF™ [Vim
/
log Xy, log FX(T1), . .., log FX(T,x ), OX 1 jpXt .,Ofﬂx/vf?’"”x)

Finally as it is standard in this type of estimation, see e.g., Trolle and Schwartz (2009) and
Chiarella et al. (2013), a time-homogeneous version of (1.8) is considered by assuming that
the initial cost-of-carry, y&(T'), and interest rate differential, yg (T), are flat: yZ(T) = £F
and y& (T) = & for all maturities T. To ensure identification, 7 is set to 1 for all volatility

processes .

1.5 Results

The joint likelihood function will favour the fit of oil options more, if the dataset is kept as it
is after the initial sorting as there are more oil option observations. To ensure a reasonable
surface without too much asymmetry in the number of contracts, the dataset is further
limited: The estimation is done on the middle five moneyness intervals, i.e., ranging from 0.9
to 1.1. For oil, options on M1-M6 is included and for EURUSD, options on M1-M2 and Q1-
Q2 is used. This gives a maturity span of just over six months. Further, the EURUSD options
with less than 10 trading days to maturity is taken out, as the fitting procedure by scaling
option prices with Vega is sensitive to short maturities. For the EURUSD options, there is
very limited availability of options for the two outermost moneyness intervals during the first
sub-sample. The discount rate in the option pricing formula is obtained by interpolation of
the 1-month, 3-month, 6-month and 1-year LIBOR-rates and the 2-year swap rate. Interest

rate data is downloaded from the Federal Reserve Bank of St. Louis.

1.5.1 Estimation results

Before the full model is estimated presented in Section 1.4, the model is estimated using only
one volatility factor for the oil futures and options sample and for the EURUSD futures and
options sample. The figures in Figure 1.9 show the filtered time series of vF and v;*, when
the models are estimated separately for each of the two sub-samples. During the first sub-
sample, the processes seem unrelated. The empirical correlation of changes in the volatility
processes is 0.0444. During the second sub-sample, the processes exhibit similarities and
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their empirical correlation of changes in the volatility processes is 0.3207. The relation

between volatilities in the two sub-samples is in line with the findings from Section 1.3.

3

oil

0 . . . 0 . . .
Jan-00 Nov-01 0ct-03 Aug-05 Jul-07 Jul-07 Dec-08 Apr-10 Aug-11 Dec-12

Date Date

Figure 1.9. Filtered v-processes for the separate estimations
The figures shows the filtered v (the black line) and v* (the grey line). The left figure is from January 4, 2000 to
July 20, 2007. The empirical correlation of changes in the filtered volatility processes is 0.0444. By visual inspection,
there seems to be little co-movement between processes. The volatility process for oil jumps significantly after the
9/11 terrorist attack, while there is little reaction to the EURUSD volatility. The right figure is from July 21, 2007
to December 31, 2012. The empirical correlation of differences changes in the filtered volatility processes is 0.3207.
During this period, the two processes exhibit some co-movement, which support the presence of a joint volatility

factor during the second period.

Following the estimation of the separate models, the full model is estimated for each of
the two sub-samples. The estimation results for oil and for EURUSD are used as a starting
point for the estimation of the full model. Table 1.3 shows the results of the separate and
joint estimation for each of the two sub-samples.

Under the risk neutral measure, the separate volatility components v* and vX mean
reverts quickly as the x’s are estimated to lie between 4.7471 and 8.6996, while the the joint
volatility component is much slower with x; less than 1. In the joint model, the v/ expresses
the more persistent shocks to volatility with v¥ and v capturing the transitory shocks to
volatility.

For oil, the correlation between shocks to the spot price and shocks to the cost-of-carry
curve is close to —1. The same feature is reported in other papers like Schwartz (1997) and
Trolle and Schwartz (2009).

Both volatility processes affect the volatility of the spot prices, but the impact is scaled
by ;1 and o0j9. For oil, o is three-four times higher than o gy, but combined with the level
of the v’s, about 58% of the instantaneous variance is explained by vy during the first sub-
sample and about 51% during the second sub-sample. For EURUSD, oy is around seven
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times higher than oxs during the first sub-sample and vx explains 96% of the variance.
During the second sub-sample, the ratio of ox’s decreases to four and vx now explains only
86% of the variance.

The separate models are per construction not connected. Estimating the two models
jointly will give the value of the log-likelihood function as the sum of the two separate log-
likelihood functions. This model would be nested in the full model and it would therefore
be possible to test the parameter restriction in the separate models using likelihood ratio
tests. Given the large number of observations, the separate models would be rejected at
high levels of statistical significance. Instead the pricing performance is compared both at
an aggregated level, where time series of root mean squared errors are time series of errors
are investigated, and later in Section 1.5.2 for each combination of moneyness interval and
maturity.

Based on the filtered values of the latent processes, fitted futures prices and log-normal
implied volatilities are computed and compared to actual values. The figures showing the
time series of RMSEs for oil futures in Figure .10 and for EURUSD futures in Figure .11
are very similar. This is not surprising, as the additional volatility factor only affects the
futures prices through the spot price.

Adding the extra volatility factor instead benefits the fit of the option prices. Table 1.4
presents the results on an aggregated level: The average!? RMSE of the actual and fitted
log-normal implied volatilities decrease from 1.558% to 1.072% for the oil options in the
first period. For the same period, average RMSE of the actual and fitted log-normal implied
volatilities for EURUSD remain almost unchanged in the two specifications. For the second
sub-sample, there is both a decrease in oil option RMSE and EURUSD option RMSE. The
oil option RMSE decrease from 2.068% to 1.572% which is about 25 percent in the relative
terms. The EURUSD option RMSE from 0.809% to 0.766% which is about 5 percent in
relative terms. Together with the summary of RMSEs, Table 1.4 also presents the results of
the test from by Diebold and Mariano (1995), where two time siries of RMSEs are compared:
The pairs of time series of RMSEs obtained by the separate and the full models are compared
by computing the mean of the differences between the separate and joint model and the
associated t-statistics. If the mean is significantly positive, the joint model provides a better

fit. The tests show that for the first sub-sample, oil options are significantly better fitted by

2The daily RMSE are the root of the mean of the squared errors from all options fitted on that day. The average
RMSE is the average of the daily RMSEs.
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2000-2007 2007-2012
Separate Joint Separate Joint
0il FX 0il FX 0il FX 0il FX
rj 2.0908 7.6684 4.7948 8.6699 2.5370 5.5802 6.1828 8.4629
(0.0380) (0.0978) (0.0002) (0.1204) (0.0064) (0.0762) (0.0082) (0.0937)
Ky - - 0.8985 - - 0.6140
- - (0.0238) - - (0.0139)
ou, 0.8458 0.3982 2.0994 0.6345 0.8858 0.8866 3.2983 1.0904
(0.0155) (0.0118) (0.0023) (0.0166) (0.0011) (0.0242) (0.0128) (0.0293)
ou, - - 2.3840 - - 2.6616
- - (0.0778) - - (0.0384)
o1 0.5385 0.2059 0.7064 0.2103 0.6439 0.1963 0.8114 0.2401
(0.0028) (0.0029) (0.0015) (0.0036) (0.0022) (0.0034) (0.0016) (0.0027)
oo - - 0.1791 0.0289 - - 0.1052 0.0259
- - (0.0030) (0.0008) - - (0.0017) (0.0005)
o 0.4317 0.0215 0.9305 0.0194 0.3449 0.0157 0.4709 0.0204
(0.0079) (0.0011) (0.0019) (0.0013) (0.0032) (0.0008) (0.0062) (0.0009)
o 1.0131 0.4534 1.1174 0.4310 0.4374 0.0836 0.4318 0.2592
(0.0052) (0.0080) (0.0029) (0.0080) (0.0048) (0.0243) (0.0000) (0.0031)
Pl —0.9098 0.6201 —0.9651 0.4544 —0.8050 0.2337 —0.9283  —0.2911
(0.0050) (0.0266) (0.0027) (0.0450) (0.0082) (0.0423) (0.0027) (0.0050)
Pl » —0.3503 0.2466 —0.1881 0.1757 —0.5842  —0.4437 —0.2058  —0.5142
(0.0085) (0.0203) (0.0032) (0.0157) (0.0063) (0.0124) (0.0037) (0.0132)
Py 0.3095 0.1888 —0.0278 0.1271 0.3598 —0.1004 0.0032 0.0382
(0.0184) (0.0425) (0.0130) (0.0644) (0.0215) (0.0422) (0.0024) (0.0214)
N, —0.1987 14.8593 1.2216 3.5157 2.8523 6.6109 4.3867 5.2140
(0.4863) (0.6807) (0.0013) (0.6160) (0.0061) (0.4058) (0.0399) (0.1416)
Py A - - —0.0028 - - —0.0396
- - (0.2563) - - (0.0075)
Xy 1.2568 0.4929 0.7767 0.3167 0.5043 —2.8914 0.7739 0.5947
(0.4861) (0.4350) (0.8858) (0.4950) (0.1032) (0.1718) (0.0083) (0.1611)
ANy - - —0.7173 - - —0.8766
- - (0.3051) - - (0.0006)
N —0.5958 0.1020 —25758  —3.9569 —2.8832  —1.6761 —4.6689  —6.5189
(0.4862) (0.4358) (0.8184) (0.7293) (0.4075) (0.1068) (0.0069) (0.5644)
3 —0.0167 0.0119 —0.0112 0.0123 0.0080 0.0091 0.0057 0.0012
(0.0002) (0.0003) (0.0001) (0.0003) (0.0013) (0.0042) (0.0006) (0.0004)
Otut 0.0135 0.0009 0.0131 0.0009 0.0093 0.0010 0.0102 0.0010
(0.0001) (0.0000) (0.0001) (0.0000) (0.0001) (0.0000) (0.0001) (0.0000)
Gopt 0.0164 0.0053 0.0089 0.0052 0.0204 0.0084 0.0121 0.0079
(0.0001) (0.0000) (0.0000) (0.0000) (0.0001) (0.0001) (0.0000) (0.0001)
ClogL | 206275 96927 333883 | 147250  sed18 252035
Table 1.3. Parameter estimates with standard errors
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the joint model, while the EURUSD options experience a slightly worse fit. For the second
sub-sample, the oil options are again fitted significantly better, while the EURUSD options
are estimated better, although not significantly.

The time series of RMSEs tested are plotted in Figures .12 and .13 and in Figures
[.14 and I.15 the difference between the daily RMSE for the separate model and the daily
RMSE for the joint model is shown. Inspection of the figures confirms the results in Table
[.4: The first sub-sample shows a improvement in oil option RMSE time series, while the fit
is approximately the same for the EURUSD options. The second sub-sample again shows
an improvement in the fit of oil options, but also an improvement for the EURUSD options.

The significant improvement of the oil options fit and the improvement (although non-
significant) of the EURUSD options fit during the second period supports the presence of
a joint factor in volatilities. During the second sub-sample, oil options are mainly improved
during the financial crisis, making it relevant to investigate further if the joint volatility

factor is a crisis or a financialization phenomenon — or a combination.

2000-2007 2007-2012
Oil FX Oil FX

Futures contracts

Separate 1.879 0.474 1.811 0.577
Joint 1.851 0.475 1.900 0.548
Separate - Joint 0.028 —0.001 —0.090 0.030
(0.63) (—0.58) (—3.43) (4.82)**
Options on futures contracts
Separate 1.558 0.486 2.068 0.809
Joint 1.072 0.492 1.572 0.766
Separate - Joint 0.486 —0.006 0.496 0.043
(3.82)** (—0.67) (2.99)*** (1.32)

The table shows the average RMSE for the fit of the separate and the joint model. The top panel shows the average
RMSE for futures. The futures fit is almost unaffected and in some cases even deteriorated, when the extra volatility
factor is added. The bottom panel shows the average RMSE for implied volatility differences. The numbers in
parenthesis are test-statistics from the Diebold-Mariano test. There is a significant improvement of oil options, when
an extra volatility factor is added. For the first period, the fit of the EURUSD options is slightly worse, while it for
the second period is improved non-significantly. *, #*, * * * identifies significance at the 10%, 5% and 1% levels.

Table [.4. Summary of Root Mean Squared Errors
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Separate Oil Futures RMSE Separate Oil Futures RMSE
T T
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Figure 1.10. The time series of RMSE across all oil futures.
The upper figures show the oil futures root mean sqaured errors (RMSE) across all oil futures, when the separate
models are estimated. The lower figures show the oil futures RMSE, when the joint model is estimated. The left
figures show the first sub-sample and the right figures show the second sub-sample. The two specifications seems to
perform equally well, which is not surprising as the same number of factors are driving the futures prices. During

the financial crisis, RMSEs were much higher compared to the general level.

Separate FX Futures RMSE Separate FX Futures RMSE
T T

0 0 L
Jan-00 Nov-01 Oct-03 Aug-05 Jul-07 Jul-07 Dec-08 Apr-10 Aug-11 Dec-12
Date Date

Joint FX Futures RMSE Joint FX Futures RMSE
T T

Percent

0 0 |
Jan-00 Nov-01 0ct-03 Aug-05 Jul-07 Jul-07 Dec-08 Apr-10 Aug-11 Dec-12
Date Date

Figure 1.11. The time series of RMSE across all EURUSD futures.
The upper panels show the EURUSD spot and futures RMSE, when the SV1 specification is estimated. The lower
panels show the EURUSD spot and futures RMSE when the joint model is estimated.

1.5.2 Volatility surface fit

Tables 1.5 and 1.7 show the Mean Absolute Errors (MAEs) for each combination of
moneyness and maturity for the two model specifications. In the first sub-sample, oil options
MAESs ranges from 0.73% to 2.17% in the separate model and from 0.55% to 1.48% in the
joint model. Except for a single case, there is an overall improvement in MAEs when the

joint volatility factor is added. For the EURUSD options, the MAE ranges from 0.29% to
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Figure 1.12. The time series of RMSEs of the differences

Dec-12

between fitted and actual log-normal implied option volatilities across all 30 oil options.

The upper figures show time series of RMSEs of the differences between fitted and actual log-normal implied option

volatilities, when the separate models are estimated. The lower figures show the oil options RMSE when the joint

model is estimated. The left figures show the first sub-sample and the right figures show the second sub-sample.

There is a clear improvement to the overall fit of option prices, when an additional volatility factors is included.
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Figure 1.13. The time series of RMSEs of the differences between

fitted and actual log-normal implied option volatilities across all 20 EURUSD options.
The upper figures show the EURUSD options RMSEs when the separate models are estimated. The lower panels

show the EURUSD options RMSEs when the joint model is estimated. The improvement is evident in the period

just before the financial crisis.
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Figure [.14. The time series of differences in oil option RMSEs for the two specifications
The left figure shows the time series of differences in RMSEs for the two model specifications for the first sub-sample.
As stated in table 1.4, the average difference is 0.485%. Most of the days in the first sub-sample sees an improvement
in daily RMSEs. The right figure shows the time series of differences in RMSEs for the two model specifications in
the second sub-sample. Table 1.4 gives the the average difference as 0.496%. From mid 2007 to end 2009, the average

improvement is very high and relatively smaller from 2010 to 2012.

Percent
Percent

o L L ' R L
Jan-00 Nov-01 Oct-03 Aug-05 Jul-07 Jul-07 Dec-08 Apr-10

Figure 1.15.
The time series of difference in EURUSD option RMSEs for the two specifications

The left figure shows the time series of differences in RMSEs for the two model specifications for the first sub-sample.

L
Aug-11 Dec-12

As stated in table 1.4, the fits are almost the same and the daily differences fluctuate around 0. The right figure
shows the time series of differences in RMSEs for the two model specifications in the second sub-sample. Table 1.4

gives the the average difference as 0.043%. There is a general picture of an improvement in fit, although there is

deterioration of fit just as the financial crisis starts.
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0.89% in the separate model and from 0.25% to 0.83% in the joint model. While there
is a general improvement of fit in the M1, M2 and Q1 options, the fit to Q2-options
deteriorates significantly. In the second sub-sample, pricing errors are generally higher. For
oil options they range from 1.01% to 3.48% in the separate model and from 0.82% to 2.51%
in the joint model and for EURUSD options, the MAEs ranges from 0.54% to 1.17% in
the separate model and 0.47% to 1.13% in the joint model. Again, there is generally an
overall improvement in oil options MAEs when the joint volatility factor is added, as well
an improvement in the EURUSD options MAE except for the longer dated options.
Tables 1.6 and 1.8 compare the two models in terms of their ability to price options for
each combination of moneyness and maturity. The tables report the mean differences in
absolute pricing errors and associated t-statistics for the Diebold and Mariano (1995) test.
For the first sub-sample, there is a significant improvement in the fit of oil options, when the
extra volatility factor is added. The improvement is substantial for the shortest oil option and
for the longer dated oil options. Table 1.4 reported a very small, insignificant deterioration in
overall EURUSD pricing performance, when adding the joint volatility factor. If EURUSD
options are considered across maturities, there is in fact a significant improvement in the
shorter OTM EURUSD options and the M2 ATM EURUSD option, whereas the options on
the Q2 EURUSD futures are fitted significantly worse. For the second sub-sample, a similar
picture shows for the oil options; a significant improvement for the shortest options and
for longer dated options. For the EURUSD options, Table 1.4 reported an overall positive,
but not significant difference in the EURUSD pricing performance, when adding the joint
volatility factor. Considered across maturities, there is a significant improvement in the

shorter options and a much smaller difference in fit of the Q2 options.

1.5.3 Reconstruction of correlation behaviour

Finally, I consider if the estimated model is able to replicate the empirical behaviour of
correlations during the second sub-sample. The imposed volatility structure will result in
a correlation between the spot oil price and spot EURUSD rate that depends on the joint
volatility factor. Figure .17 shows the theoretical correlation given by (I1.9) using the latent
volatility backed out from the estimation along with the rolling correlation of front month
oil futures and the spot exchange rate. The rolling correlation based on the nearby futures

contract and further, a rolling correlation is a different measure than the spot correlation,
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Oil FX
Moneyness Model M1 M2 M3 M4 M5 M6 M1 M2 Q1 Q2
Separate 2.10 1.21 0.99 1.14 131 1.56 NaN NaN NaN 0.70
0-90-0.94 Joint 148 1.10 1.03 091 079 082  NaN NaN NaN 0.83
o Separate 1.98 1.09 0.83 101 120 144 089 039 033 030
094098 Joint 127 091 080 0.71 0.58 0.61 0.72 025 027 0.36
R Separate 205 1.13 079 095 121 141 061 046 051 036
098102 Joint  1.31 0.89 0.73 0.60 0.55 0.63 0.62 0.35 045 0.40
o Separate 2.02 1.11 073 094 122 142 063 041 036 029
102100 Joint  1.31 0.93 0.70 0.61 0.58 0.71 048 0.30 026 0.35
o Separate 217 121 081 101 132 150 NaN NaN NaN 046
1.06-1.10

Joint 141 1.01 0.8 0.70 0.70 0.84 NaN NaN NaN 0.57

The table presents the Mean Absolute Pricing Errors as defined by the difference of fitted and actual log-normal
implied volatilities. Numbers are reported for each of the model specifications for the period January 4, 2000 to July
20, 2007. Missing values are due to lack of options data in that moneyness-maturity combination.

Table I.5. Mean Absolute Errors across moneyness and maturities (2000-2007)
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Oil FX
Moneyness M1 M2 M3 M4 M5 M6 M1 M2 Q1 Q2
0.62*** 0.11  —=0.04 0.23*** 0.52*** 0.74*** NaN NaN NaN —-0.12

0.90-0.94
3.01 1.29 —2.27 4.22 5.10 5.18 NaN NaN NaN  —40.43
0.71*** 0.19** 0.03** 0.30*** 0.62*** 0.83*** 0.17*** 0.14** 0.06"** —0.06
0.94-0.98
4.17 2.10 2.08 3.84 4.73 4.64 26.40 14.93 6.97 -3.14
0.74*** 0.24** 0.06*** 0.35*** 0.65*** 0.78** —0.01 0.11*** 0.06 —0.04
0.98-1.02
4.99 3.10 3.56 3.19 3.45 3.48 —3.95 6.33 1.05 —2.58
0.71%** 0.18** 0.03  0.33*** 0.64** 0.71*** 0.15*** 0.11*** 0.09*** —0.05
1.02-1.06
4.16 2.59 1.53 2.99 3.07 2.81 17.54 9.52 8.29 —4.14
76*** 0.20™  0.03  0.31"* 0.62*** 0.66"* NaN NaN NaN —0.11
1.06-1.10

3.44 2.25 0.92 4.07 3.08 2.57 NaN  NaN  NaN —11.65

The table compares the two model’s ability to price options within each combination of moneyness and maturity.
The differences in MAEs are given and the it reports the mean differences in absolute pricing errors between the two
specifications, when they are estimated on the entire data set. Underneath the difference in MAE are the t-statistics
for the Diebold-Mariano test of difference in pricing errors. Each statistic is computed on the basis of a maximum
of 1499 daily observations from January 4, 2000 to July 20, 2007. *, **, * * * identifies significance at the 10%, 5%
and 1% levels.

Table 1.6. Test for improvement in errors (2000-2007)
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Oil FX
Moneyness Model M1 M2 M3 M4 M5 M6 M1 M2 Q1 Q2
Separate 2.57 1.31 1.24 161 191 2.08 0.96 1.05 0.96 0.70
0-90-0.94 Joint  2.04 1.60 1.45 142 1.35 1.30 1.06 1.01 090 0.73
o Separate 250 127 111 143 174 195 090 055 0.72 068
09098 Joint  1.62 1.21 1.08 1.05 1.01 0.98 0.83 049 0.63 0.77
R Separate 2.79 143 101 125 156 177 091 057 0.75 058
008102 Joint 161 1.16 091 0.82 0.81 0.82 0.87 047 0.63 0.65
o Separate 312 1.67 1.03 113 141 169  1.06 085 080 054
102100 Joint 206 153 1.15 091 0.84 0.87 0.95 0.70 0.68 0.52
o Separate 348 202 128 117 137 159 117 107 110 087
1.06-1.10

Joint 251 199 155 1.25 1.12 1.08 091 099 1.13 0.82

The table presents the Mean Absolute Pricing Errors as defined by the difference of fitted and actual log-normal
implied volatilities. Numbers are reported for each of the model specifications for the period July 21, 2007 to
December 31, 2012.

Table I.7. Mean Absolute Errors across moneyness and maturities (2007-2012)
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Oil FX
Moneyness M1 M2 M3 M4 M5 M6 M1 M2 Q1 Q2

0.53* —0.30 —-0.20 0.20"** 0.56*** 0.79*** —0.09 0.04** 0.06"** —0.03

0.90-0.94
1.89 —-2.11  -2.90 2.90 3.46 3.22 0.46 4.56 9.21 —2.40
0.88*** 0.06 0.04 0.39** 0.73*** 0.97*** 0.07** 0.06"** 0.09"** —0.09
0.94-0.98
2.86 0.23 0.68 3.36 3.49 3.34 7.21 3.15 427  —2.60
1.18** 0.27** 0.10" 0.44** 0.75*** 0.95*** 0.05* 0.10*** 0.12*** —0.07
0.98-1.02
3.79 2.37 2.45 3.27 3.48 3.29 1.82 4.82 2.95 —-1.97
1.07*** 0.15** —0.12 0.23** 0.57** 0.82*** 0.11** 0.15*** 0.12*** 0.02
1.02-1.06
3.91 1.98 —-1.29 2.23 3.16 3.20 5.29 4.94 5.01 0.45
0.98*** 0.03 —-0.26 —0.08 0.25" 0.51** 0.25"* 0.08*** —0.03 0.05
1.06-1.10

3.35 1.06 —2.30 0.31 1.98 2.58 11.98 1499  —0.68 1.48

The table compares the two model’s ability to price options within each combination of moneyness and maturity.
The differences in MAEs are given and the it reports the mean differences in absolute pricing errors between the two
specifications, when they are estimated on the entire data set. Underneath the difference in MAE are the t-statistics
for the Diebold-Mariano test of difference in pricing errors. Each statistic is computed on the basis of a maximum
of 1373 daily observations from July 21, 2007 to December 31, 2012. *, *x, * * * identifies significance at the 10%,
5% and 1% levels.

Table 1.8. Test for improvement in errors (2007-2012)
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but the picture confirms that the joint model with correlation driven by the joint volatility

factor yields a returns correlation level of magnitude similar to the empirical correlation.
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Figure 1.16. Model backed-out correlation vs. empirical correlation of short contracts
The left figure shows the theoretical spot correlation in the joint model. The right figure shows the 3 month rolling
correlation of spot EURUSD exchange rate and front month futures (with more than ten days to maturity) returns.
The models average level of correlation is 0.25, whereas the average empirical correlation of spot EURUSD rate and

front month futures of 0.32.

In Figure 1.17, the rolling correlation of the model implied volatilities are show alongside
the rolling correlation of straddle returns for the second sub-sample. The model implied

correlation of volatility matches the level and largely matches the dynamics over time.
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Figure 1.17. Model correlation vs. empirical correlation of volatility
The left figure shows the model implied correlation of volatility changes in the joint model. The right figure shows
the 3 month rolling correlation of 1 month straddle returns (equivalent to Figure 1.6). The average level and the

general pattern is the same in the two figures.
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1.6 Conclusion

Several studies argue that a change in the relationship between commodity markets and
financial markets has occurred after 2004 and other studies document a stronger relationship
during and after the financial crisis. In this paper, the correlation between the market
implied volatility in crude oil and the market implied volatility of the EURUSD rate has
been studied. Using first a model-free approach, straddle returns are computed for crude oil
and for EURUSD. The rolling correlation of short straddles increased in level around 2007.
A Principal Components Analysis showed that a the variation across straddles was driven
by joint factors in the period 2007-2012, but not in the period 2000-2007.

Using a term structure model for futures and options, a model including a joint volatility
factor is estimated. In line with the conclusions from the model free analysis, there is
improvement in options price fit for both oil options and EURUSD options for the period
2007-2012. When the same model was fitted to the period 2000-2007, the extra volatility
factor mainly served to improve the fit of oil options while leaving the fit of EURUSD
options largely unchanged.

Although the improvement in EURUSD options was not significant using a Diebold-
Mariano test, the fit was improved around 5% on average compared to the separate model.
Across moneyness and maturities, the fit was improved for EURUSD options on shorter
futures and the results could potentially be strengthened by using option surfaces of equal
size, such that an improvement in the fit of oil options is not over-emphasized compared to
an improvement in the fit of EURUSD options. Further the liquidity of the Q2-futures is
very low compared to the Q1-futures.

In this paper, there is no attempt to explain whether the relation between oil volatility
and EURUSD volatility is a crisis phenomenon or the result of financialization. My analysis
ends in 2012, which is not sufficiently long after the crisis to determine, if the volatility
relation is persistent. I leave the explanation of the existence of the joint volatility factor to

future research.
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Appendix

I.A Data Description

Figures [.18 and [.19 show the returns of the futures data. The magnitude of daily EURUSD
futures returns is much smaller than for oil futures. During the financial crisis, returns data
show more volatility. There is a large downwards spike in oil futures contracts at the 9/11
terrorist attack, but the event does not stand out in the EURUSD futures contracts.

Tables 1.9 and I.10 shows the number of options after the initial sorting. During the 3260
trading days, oil options with an open interest of more than 100 contracts exists across all
moneyness-intervals and maturities, except for short out-of the money options and some
of the longer dated contracts. For EURUSD options on the other hand, there is limited
availability. For the M1, Q1 and Q2 contracts, almost all days have data for the ATM
options. For slightly OTM options, the three shortest maturities have prices up to 30%
of the time, whereas the Q2 contract have around 80% of the time. The choice of five
moneyness-intervals and six respectively four maturities was made in order to include a
reasonable option surface to represent market volatility across time and moneyness, while
at the same time ensuring that the number of options were not too uneven.

Tables 1.11 and I.12 show the average implied volatility after the initial sorting. The
average value is between 0.30 —0.55 for oil options and 0.10 —0.30 for the EURUSD options.
As indicated from the returns plot, the implied volatility of oil is much higher for shorter
dated options. Further, a for each maturity a smirk is observed, i.e., the volatility for OTM
puts are higher than for OTM calls. The degree of the smirk is diminishing with increasing
time to maturity. The EURUSD implied ATM volatility is almost flat for all maturities,
but a bigger smile is seen for shorter dated options, although values for far OTM options
are based on very few observations and thereby not very good representation of the entire
period.

Tables 1.13 and 1.14 show the average option prices. As expected, OTM options are less
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1.A. Data Description

expensive as are shorter dated options.

Finally, I.15 and 1.16 shows the average open interest. The depth of the oil options
market is larger than that of the EURUSD market!'3. For oil options, the general picture is
that there are more open interest in OTM options than for ATM option. This is most likely
because options closer to a moneyness level of 1 could have been in the money (ITM) and
thereby being exercised prematurity. For FX options the picture is somewhat the same for
the middle moneyness intervals, but dips to low levels for the far OTM options. As very
few observations were available, the average open interest is not representative for OTM

options.

131t would be more correct to compare notional values, but as a EURUSD futures is for 125,000 EUR and an oil
futures is for 1,000 barrels of oil, the difference in value of contracts will not result in a similar depth market if

measured in value rather than number of contracts.
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Figure 1.18. Oil futures returns
Daily log returns of the chosen oil futures contracts. The returns exhibit more variation during the financial crisis.

The large negative spike in the beginning is the 9/11 terrorist attack, which affected the oil markets quite significantly.

Also, the Samuelson effect shows as the shorter contracts are much more fluctuating than the longer contracts.
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Figure 1.19. EURUSD futures returns
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Daily log returns of the chosen EURUSD futures contracts. The returns exhibit many spikes and show more variation

during the financial crisis. The magnitude of returns is fairly equal across maturities.
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Moneyness M1 M2 M3 M4 M5 M6 Q1 Q2 All
0.78-0.82 1344 3057 3182 3120 3040 2864 2828 2180 | 21615
0.82-0.86 2264 3229 3225 3166 3130 2944 2888 2282 | 23128

Puts  0.86-0.90 2989 3246 3244 3208 3125 2965 2992 2318 | 24087
0.90-0.94 3234 3251 3240 3221 3147 3091 3032 2375 | 24591
0.94-0.98 3235 3248 3237 3203 3155 3082 3059 2362 | 24581
0.98-1.02 3239 3252 3253 3235 3219 3164 3118 2487 | 24967
1.02-1.06 3235 3250 3231 3181 3077 2858 2941 2230 | 24003
1.06-1.10 3235 3249 3216 3108 2926 2821 2809 2020 | 23384

Calls  1.10-1.14 3021 3240 3221 3043 2779 2537 2661 1885 | 22387
1.14-1.18 2456 3188 3097 2833 2591 2303 2503 1758 | 20729
1.18-1.22 1769 3037 2997 2662 2390 2051 2277 1643 | 18826

All 30021 35247 35143 33980 32579 30680 31108 23540 | 252298

Table 1.9. Number of oil option observations from January 1 2000 to December 31 2012.

Moneyness M1 M2 Q1 Q2 Q3 Q4 All
0.78-0.82 NaN NaN NaN 1 1 NaN 2
0.82-0.86 NaN NaN 3 9 14 7 33

Puts  0.86-0.90 NaN 3 24 233 306 39 605
0.90-0.94 20 65 129 881 662 150 1907
0.94-0.98 318 800 957 2647 1510 305 6537
0.98-1.02 2822 2158 3103 3047 1623 673 13426
1.02-1.06 264 678 974 2682 1261 488 6347
1.06-1.10 18 49 92 721 509 132 1521

Calls 1.10-1.14 NaN 3 22 141 60 22 248
1.14-1.18 NaN NaN 4 66 11 NaN 81
1.18-1.22 NaN NaN 2 18 7 NaN 27

All 3442 3756 5310 10446 5964 1816 30734
Table I.10.

Number of EURUSD option observations from January 1 2000 to December 31 2012.
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Moneyness M1 M2 M3 M4 M5 M6 Q1 Q2 All

0.78-0.82 0.53 0.43 0.41 0.39 0.38 0.37 0.36 0.34 0.39
0.82-0.86 0.47 0.42 0.40 0.38 0.37 0.36 0.35 0.34 0.38
Puts  0.86-0.90 0.43 0.40 0.39 0.38 0.36 0.35 0.34 0.33 0.38
0.90-0.94 0.41 0.39 0.38 0.37 0.36 0.35 0.34 0.32 0.37
0.94-0.98 0.39 0.38 0.37 0.36 0.35 0.34 0.33 0.31 0.36
0.98-1.02 0.38 0.37 0.36 0.35 0.35 0.34 0.32 0.31 0.35
1.02-1.06 0.38 0.37 0.36 0.35 0.34 0.33 0.32 0.31 0.35
1.06-1.10 0.38 0.37 0.36 0.35 0.34 0.33 0.32 0.31 0.35
Calls  1.10-1.14 0.39 0.37 0.36 0.35 0.34 0.33 0.32 0.31 0.35
1.14-1.18 0.41 0.37 0.36 0.35 0.34 0.33 0.32 0.30 0.35
1.18-1.22 0.44 0.38 0.37 0.36 0.35 0.34 0.32 0.31 0.36

All 0.41 0.39 0.37 0.36 0.35 0.34 0.33 0.32 0.36

Table I.11.
Average Implied Volatility of Oil Options from January 1 2000 to December 31 2012.

Moneyness M1 M2 Q1 Q2 Q3 Q4 All
0.78-0.82 NaN NaN NaN 0.28 0.20 NaN 0.24
0.82-0.86 NaN NaN 0.30 0.23 0.20 0.18 0.21

Puts  0.86-0.90 NaN 0.29 0.25 0.19 0.16 0.15 0.18
0.90-0.94 0.22 0.22 0.20 0.16 0.14 0.11 0.15
0.94-0.98 0.16 0.14 0.14 0.12 0.11 0.10 0.12
0.98-1.02 0.11 0.11 0.11 0.11 0.10 0.10 0.11
1.02-1.06 0.16 0.13 0.13 0.11 0.10 0.10 0.12
1.06-1.10 0.22 0.22 0.20 0.14 0.12 0.11 0.14

Calls  1.10-1.14 NaN 0.23 0.24 0.19 0.14 0.13 0.18
1.14-1.18 NaN NaN 0.28 0.21 0.18 NaN 0.21
1.18-1.22 NaN NaN 0.30 0.23 0.20 NaN 0.23

All 0.12 0.12 0.12 0.12 0.11 0.10 0.12
Table 1.12.

Average Implied Volatility of EURUSD Options from January 1 2000 to December 31 2012.
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Moneyness M1 M2 M3 M4 M5 M6 Q1 Q2 All
0.78-0.82 0.24 0.37 0.64 0.92 1.20 1.45 1.95 2.69 1.18
0.82-0.86 0.27 0.56 0.95 1.30 1.64 1.93 2.50 3.42 1.53

Puts  0.86-0.90 0.37 0.87 1.37 1.80 2.18 2.54 3.17 4.17 1.98
0.90-0.94 0.60 1.33 1.95 247 2.91 3.31 3.96 4.99 2.60
0.94-0.98 1.08 2.01 2.72 3.30 3.82 4.21 4.89 9.97 3.40
0.98-1.02 2.84 3.89 4.62 5.17 5.60 5.95 6.77 7.80 5.25
1.02-1.06 1.69 2.73 3.46 4.01 4.48 4.84 5.70 6.81 4.08
1.06-1.10 0.97 1.87 2.54 3.06 3.53 3.85 4.66 5.77 3.11

Calls 1.10-1.14 0.60 1.27 1.86 2.35 2.77 3.12 3.81 4.96 2.42
1.14-1.18 0.43 0.88 1.36 1.81 2.18 2.54 3.18 4.14 1.93
1.18-1.22 0.36 0.63 1.02 1.44 1.74 2.09 2.69 3.55 1.59

All 0.96 1.51 2.06 2.54 2.96 3.33 4.00 5.01 2.70

Table 1.13. Average Oil Option Price from January 1 2000 to December 31 2012.

Moneyness M1 M2 Q1 Q2 Q3 Q4 All
0.78-0.82 NaN NaN NaN 0.0104 0.0106 NaN 0.0105
0.82-0.86 NaN NaN 0.0103 0.0139 0.0133 0.0144 0.0134

Puts  0.86-0.90 NaN 0.0113 0.0106 0.0131 0.0150 0.0159 0.0141
0.90-0.94 0.0112 0.0122 0.0112 0.0134 0.0171 0.0160 0.0147
0.94-0.98 0.0112 0.0127 0.0116 0.0150 0.0206 0.0247 0.0158
0.98-1.02 0.0151 0.0210 0.0198 0.0355 0.0382 0.0444 0.0260
1.02-1.06 0.0145 0.0148 0.0157 0.0192 0.0221 0.0262 0.0191
1.06-1.10 0.0125 0.0155 0.0158 0.0154 0.0144 0.0164 0.0152

Calls 1.10-1.14 NaN 0.0114 0.0143 0.0163 0.0127 0.0117 0.0148
1.14-1.18 NaN NaN 0.0131 0.0143 0.0127 NaN 0.0140
1.18-1.22 NaN NaN 0.0112 0.0136 0.0121 NaN 0.0130

All 0.0146 0.0179 0.0172 0.0219 0.0244 0.0307 0.0208

Table 1.14. EURUSD Option Average Price from January 1 2000 to December 31 2012.

47



1.A. Data Description

Moneyness M1 M2 M3 M4 M5 M6 Q1 Q2 All

0.78-0.82 4267 4133 3485 2947 2449 2199 3124 2436 3078
0.82-0.86 4681 3970 3133 2784 2388 2223 2746 2390 3015
Puts  0.86-0.90 5075 3811 3207 2720 2372 1893 2647 2040 3003
0.90-0.94 5118 3665 2947 2353 2152 1637 2251 1690 2776
0.94-0.98 4606 3101 2448 2136 1703 1348 1874 1520 2384
0.98-1.02 3452 2436 1887 1541 1329 1041 1524 1339 1838
1.02-1.06 3834 2805 2141 1863 1406 1348 1739 1535 2128
1.06-1.10 3764 2811 2277 2031 1615 1358 1988 1793 2254
Calls 1.10-1.14 3680 2612 2337 2132 1900 1560 2194 1961 2339
1.14-1.18 3273 2854 2258 2221 2007 1774 2586 2008 2398
1.18-1.22 3346 2888 2377 2488 2214 1959 2451 2250 2498

All 4123 3186 2592 2289 1952 1653 2269 1886 2514

Table 1.15. Average Oil Option Open Interest from January 1 2000 to December 31 2012.

Moneyness M1 M2 Q1 Q2 Q3 Q4 All
0.78-0.82 NaN NaN NaN 118 301 NaN 210
0.82-0.86 NaN NaN 330 159 179 221 196

Puts  0.86-0.90 NaN 267 658 1344 282 233 703
0.90-0.94 336 246 710 759 251 221 515
0.94-0.98 923 417 1086 473 276 219 520
0.98-1.02 635 307 820 333 242 256 490
1.02-1.06 471 359 730 436 249 232 422
1.06-1.10 161 288 487 427 329 372 385

Calls  1.10-1.14 NaN 126 399 382 353 232 360
1.14-1.18 NaN NaN 245 314 266 NaN 304
1.18-1.22 NaN NaN 118 194 334 NaN 224

All 645 338 839 460 264 248 481
Table I.16.

Average EURUSD Option Open Interest from January 1 2000 to December 31 2012.
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I.B Kalman Filter

To calculate the likelihood function, the Extended Kalman Filter is applied. To ease the
notation, we assume that At = 1. Let 0, = E(6;) and 9t|t,1 = F;_1(0;) denote the predictors
of the states (with and without the observations z;) and P, and P,;—1 denotes the estimation
error covariance matrices. The measurement equation (I.15) is linearised around the one-
period ahead predicted state, ét\t—1 and the measurement errors are approximated by a

Gaussian distribution:
Zt :h(éﬂt—l) — Hgét\t—l + ngt + €, € N (0, Q) (121)

where
/
96 0:=04)—1

(1.22)

In this setting the predictors and the error estimation covariance matrices are

o1 = c+ Th6, (1.23)
Py = TVP T + Q, (1.24)
0, = Oyp1 + Py HF vy (1.25)
P, = Py — Py HF, "Hi Py (1.26)

The log-likelihood function is given by

T T T
2log L = —log 27 Z N; — Z log |F| — Z Vi, (I.27)
i=1

i=1 i=1

where NV, is the number of observations at time ¢, T is the number of observation dates and

Ve =Y — h(éﬂt—l)u (128)

I.B.1 Details of state equation

By looking at the structure of K, it follows that v, v;¥ and v; has dynamics and conditional

mean:
dv] = (77j — vag) dt + 0,5\ vldZ]

‘ s ‘ . J
Ey(vg) =e =0y 4 / eI dy = 7Ry 4 U (1- e*ﬂj(sft)) (1.30)
t Rj
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1.B. Kalman Filter

Using (1.9), (1.10), (I.11), (I.5), and (1.6), the state equations’ terms are collected:

AW} dWX v
df, = (® — Kb,)dt + \/vFRg | dBF | +\/vi*Rx | dBX | ++\/v/ R, (dZ‘tf> . (1.31)
dzZF dz;X !

where the R-terms are matrices consisting of 0’s, 1’s and o’s.

The conditional mean of 6;, A; given 0, is:

At
Et(et-‘rAt) = G_KAt 9,5 + 6_’CAt/ eKudu - (132)
N’ 0 ~- 4
CAt

Both Tha; and ca; are easily computed. The conditional covariance of ¢, has the following

form
Covy(br4a1) = Qo + Qv + Qv + Q7v]
and is given by:
t+At )
Covi(Opsnt) = [/ E, (Uf) e—IC(t+At—u)REZERjEG—IC (t+At—U)du:|
t
t+At
+ |:/ E, (,Ui() e—lC(t—i—At—u)RXEXR/XG—IC'(H-At—u)du]
t
t+At
+ |:/ 6IC(tJrAtU)RJZJRf]e]C/(t+Atu)du:|
t
t+AL
:UtE |:/ e—nE(u—t)e—K(t+At—u) REEER/EG—IC’(H-At—u) du:|
t
t+At
+ UtX |:/ e hX (u—t)e—lC(t+At—u) RXEXR/XG—IC'(t—I—At—u)du:|
t
t+At
+ U{f] |:/ e—/iJ(u—t)e—lC(t+At—u)RJZJRf]e—IC’(H-At—u)du]
t
T opt+At B
I / n- (1 _ e*/{E(uft)) 6IC(t+Atu)REZERlEelC/(t+Atu)du:|
L/t

+ / Z_ (1 _ e—nx(u—t)) e—lC(t+At—u)RXZXR;(B—IC’(t+At—u)du:|
LJ¢ X

rrt+At nJ ,
+ / K}_ (1 _ e—nJ(u—t)) G_K(H—At_u)RJZJRf]G_K (t+At—u)du:|
LJ L J

where Y, is the covariance matrices for the Brownian motions.
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I.B.2 Details of the measurement equation

For the futures contracts the corresponding rows of the H; matrix is straightforward (and
corresponds to a standard Kalman filter). For the options, the price is expressed in terms of
an integral, so both the price and the derivative must be approximated by a sum. To ease

the notation, subscripts indicating asset are removed:

P(t,Tg,Tl,K)P(t,To)il ~ KG(),l(lOg K) - GLl(lOg K)

0,t, Ty, T} 1 [ Im|x(ou,t, Ty, T )e s K
_K{X( 0, T1) __/ [X( 0, T1) ]du}
0

™ u

x(1,¢ To,T1 1 /oo Im [X(1 + o, t, Ty, Ty)e 18 K] ] }
U
0

B :

e OLBI) 1S 7, e 2
{Xltﬂji__;?m 1+M¢%lemwﬂ%}
i) 5Pt

U;

:K{% - %;e“‘i Sjn(Bi)l:—;} - { z_: “ cos(D } (1.33)

where u; denotes the chosen integration points, w; the corresponding weights and

Ay=ME,, (To—t)+ N2E (Ty — tyv, + N2, (Th — vy,

B le o (T ) + Nzi Iw (TO - t)vt + Ng Izu (TO - t)vt + U lOg<Ft(Tl))
C; = Mu:l«Hui (TO - ) Ni Pi—l—zu (TO )Ut + Nj Pi—mu (TU - t)vt + lOg Ft(T1)7

g I F(Ty
D Mi 142w, (TO ) Ni 1+ou; (TO ) Nj 1+ou; (TU - t)vt2 + U lOg( §< )>
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Essay 11

How Energy Quanto Options can Hedge Volumetric

Risk*

Abstract

Many corporations do not have full control over the quantities they sell or purchase
and at which price. Their operation therefore includes volumetric risk and in most
cases the volumetric risk is not tradable, and sufficient management of risk can thus
be difficult to obtain. But when the quantity is closely related to another tradable
asset, risk management strategies based on both prices and the correlated asset
shows to be superior compared to hedges based on only the price. Although it
can be derived for very simple frameworks, closed form solutions for the optimal
hedge are not available for the general case. But when a closed form solution is
available, the theoretical hedge is not a straightforward function of price and the
other traded asset, so finding a counterpart can be difficult. This paper shows that
energy quanto options arises naturally in any optimal trading strategy. Through
a comparative study, it is shown that a hedge using just one or two energy
quanto options do remarkably well compared to the theoretical optimal hedge.
The comparative study further illustrates that the choice of energy quanto options

depends on the behaviour of the underlying variables.

*T thank Fred Espen Benth, Glen Swindle, Sgren Feodor Nielsen and Peter Lyk-Jensen for helpful discussions.
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1I.1. Introduction

I1.1 Introduction

Producers and consumers of energy are facing several types of risks. Two key uncertainties
are the quantity sold or purchased and the market price. Some businesses might have the
option to adjust the quantity in response to the price, but a farmer, a wind park owner or
a provider of energy must in many situations just accept both the market price and the
quantity produced or demanded. For instance, in the retail and wholesale markets for gas
and electricity, typical contracts allows the costumer to consume as much gas or electricity
as needed at a pre-determined fixed rate. E.g., for electricity the fixed rate could be set on a
monthly, quarterly or annual basis. For the consumer, the only uncertainty faced is therefore
the quantity she uses. If the paid rate is not sufficient to cover the purchase or production
of her electricity, she is not financially punished nor is she rewarded, if prices are lower
than the agreed rate. The provider of electricity — often denoted as the Load Serving Entity
(LSE) — faces all the price risk and this price risk is potentially amplified by the uncertainty
in demanded quantity. The positive relationship between prices and consumption leads the
following stylized problem: When demand is high, the price of electricity is also high, leading
to a negative profit margin multiplied with a high quantity, i.e., a loss for the LSE. When
quantity and thereby prices are low, the profit margin might be positive, but when selling
a low quantity, the revenue for the LSE is low.

The reasons for engaging in risk managements are many and the topic has been addressed
frequently in the literature. Without addressing the particular reasons a company might have
for hedging certain risks, the focus in this paper is how to hedge the risk. The same approach
was used in Brown and Toft (2002), who take as given a non-financial firm that hedges using
derivatives contracts and focus on the design of an appropriate hedge strategy based on the
future price without specifying the functional form of the hedge. Contrary to many other
papers, they refrain from assuming that the hedge is made up of e.g., forwards or futures
and options, but derive the "perfect exotic hedge”. They study this in a simple set-up, where
a company produces an uncertain quantity of a single good, which is sold at an uncertain
price. The company is value-maximizing and faces a deadweight cost, which gives them
incentives to hedge. Their derived perfect exotic hedge depends on the correlation between
the price and quantity as well as the uncertainty in these together with the risk-aversion
as represented in the deadweight costs. This enables the company to hedge some of the

otherwise unhedgeable quantity risk by exploiting the correlation of price and quantity.
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This approach has been studied in the context of energy markets and the related
literature is discussed in more detailed in Section II1.2. The challenge when hedging quantity
risk is that contrary to the market price risk, there are no derivatives contracts available
to target the quantity risk! resulting in an incomplete market as long as the correlation is
imperfect. But as the link between quantity and weather is well-established for commodity
markets (although the nature of this relationship differs across markets and locations
depending on the type of commodity considered), a natural extension is to let the perfect
hedge depend on not only the price, but also a weather-related index on which financial
contracts exist. Id Brik and Roncoroni (2016a) generalise the idea of a perfect exotic hedge
to two dimensions and let the hedge be a general function of underlying price and an index
that correlates with quantity. The major problem is however, that the hedge strategy has a
functional form that depends on density ratios and the conditional mean of the unhedged
profit. For some distributional assumptions, the functional form of the hedge is available in
closed form, but even for simple settings like the (log-)normal distribution, the functional
form is not a straightforward expression. In practice, it would be difficult to approach a
counterpart and ask for a such structured deal.

The issue of quantity risk is widely present in agricultural markets. A farmer’s unhedged
revenue is the quantity at harvest time times the price earned for the quality of corn he
produces. Setting aside basis risk, the farmer is exposed to the product of two negatively
correlated variables. If total crop production is high, there is generally an over-supply in the
market which affects prices negatively and vice versa®. The farmer is concerned about low
revenue, i.e., that the quantity times price is low®. In stylized terms, the risk management
problem for the LSE is similar to the risk management problem of farmer making the
solutions proposed in the agricultural finance literature relevant to relate to energy markets.

The focus of this paper is to show that energy quanto options — also sometimes referred
to as double structure options, double trigger options or weather cross-commodity options —

are strong alternatives to the perfect exotic hedge, when engaging in a hedge with an over-

!Futures contracts related to quantities in the agricultural markets were traded on CBOT during the 90s, but was
shortly after introduction delisted again because of low interest.

2In real life, basis risk plays a major role as the individual farmer’s production might not correlate with total crop
production and he might face locational spreads in the price.

3The risk management problem of the farmer is basically equivalent to that of the LSE. Using the notation introduced
in Section I1.3, let S; = R— P;. The LSE is then worried about low S:Q:, where S; and @): are negatively correlated,

as P; and Q. were positively correlated.
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the-counter counterpart. Counterparts in such a deal could for instance be re-insurance
companies®. For a general hedge strategy expressed as a function of two underlyings, the
replication result in Carr and Madan (2001) is extended to two dimensions and energy
quanto options arise as a natural part of the perfect exotic hedge. Following this, a
comparative simulation study is done to show that hedges using just one or two energy
quanto option perform remarkably well compared to the perfect exotic hedge as proposed
by Id Brik and Roncoroni (2016a).

The paper continues as follows: In Section II.2, literature related to dealing with quantity
risk is discussed. In Section I1.3, the general risk management problem is presented and then
simplified to a one-period setting. It is shown that energy quanto options arises in the perfect
exotic hedge. Section I1.4 contains a simulation study that compares hedges using energy
quanto hedge strategies with other both customized and market available strategies. Section

I1.5 rounds off the paper including a discussion of further analyses.

I1.2 Background and related literature

The application of the approach proposed by Brown and Toft (2002) to energy markets
was first done by Oum and Oren (2006). Where Brown and Toft (2002) use an assumption
of normally distributed price and quantity and employ maximization of profits net of dead
weight costs®, Oum and Oren (2006) solve the hedging problem for a general utility function
and separate probability functions for the physical measure and the risk-neutral pricing
measure. For a CARA utility function and for a mean-variance approach, the customized
hedge can be expressed in terms of the two densities and functions hereof. For the mean-
variance approach, the hedge from Oum and Oren (2006) hedge is later presented as Strategy
I1.3. They illustrate the results of their model for a log-normal price and both normal and
log-normal quantity. They discuss the replication using forwards and options and in the
later paper, Oum and Oren (2010), the discretization error of the replicating strategy as
well as when to optimally enter the hedge is analysed. Also, Nésdkkéla and Keppo (2005)

“As an example, Munich Re mentions this type of contracts in their Topics Risk Insurance in 2014 (see Munich Re
(2014)). On http://www.swissre.com/corporate_ _solutions/weather risk solutions double trigger.html, Swiss Re
also mentions these type of products. Eydeland and Wolyniec (2003) describes this type of options as well under the
title Synthetic Peaker.

5Korn (2009) later relaxes the assumption of normality and shows that the optimal payoff function takes different

forms arising from the assumed dependence structure rather than being a second order polynomial in price
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analyse the timing issue, when only using forward contracts.

Several studies demonstrate the link between quantity and weather, e.g., Engle et al.
(1992), Timmer and Lamb (2007) and Swindle (2014), making the next natural step to
include weather contracts in the above-mentioned strategies. While not presenting the
details, Eydeland and Wolyniec (2003) study the efficiency of weather hedges by looking at
the residual cash flow. For electricity markets, they argue that weather hedges do not add
much value after application of a price hedge, whereas for gas markets it can be worthwhile
to consider basing the hedge on weather contracts.

Lee and Oren (2009) introduce an equilibrium economy, where market participants can
invest in a customized hedge based on the energy price and a weather contract whose
price is determined by supply and demand in the economy rather than being priced under
an exogenously given pricing measure. Id Brik and Roncoroni (2016b) and Id Brik and
Roncoroni (2016a) extend the customized hedge to be a general function of price and a linked
index. The former paper employs a customized hedge which is the sum of a general function
of price and a general function of the linked index and derive closed form solutions under the
assumption that price and index is independent, while price-quantity and quantity-index are
correlated. The latter paper views the customized hedge as a general function of price and
index. The exact functional form of the hedge depends on the underlying joint distribution
of price, quantity and index. An assumption of log-normality will for instance result in a
functional form that partly depends on the product of price and index raised to various
powers.

In the agricultural finance literature, a similar development in hedge strategies are seen.
Papers analysing hedges based on prices only, e.g., Moschini and Lapan (1995). They
conclude that options are needed to hedge the joint production and price risk. When
standardized yield futures was introduced in 1995 on the Chicago Board of Trade, a tool
was provided for managing the quantity risk directly rather than through the correlation
of price and quantity. Aase (2004) develops a pricing model for combined price futures and
yield futures, which can price contracts depending on both underlying and further points
out that (a synthetic) revenue futures can be obtained via dynamic trading in underlying
futures under the assumption of no basis risk and no transactions costs. The yield futures
contracts were de-listed shortly after introduction due to low trading interest.

Lien and Hennessy (2004) compare revenue futures to price futures and highlight the

trade-off in contract design: To ensure market depth, a revenue futures contract must be
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based on a broad geographical area. But at the same time this will lead to high idiosyncratic
risk making the hedge inefficient compared to a pure price hedge. As also pointed out by
Poitras (2013), the source of uncertainty that a farmer needs to insure is the income, rather
than the quantity and price components of the income. There seems to be little need for
construction of revenue futures or yield futures in the North America, as crop insurance
products are administered and state subsidized. Since 1996, specific revenue insurance
contract have been available. Cornaggia (2013) points out that the use of insurance can
further be attributed to pure risk management, whereas the use of derivatives could also be
a sign of speculation. In conclusion, although a farmer generally faces the same type of risk
management problems as an energy company, there has been a strong development towards
a state-subsidized solution in terms of crop insurance programs®.

In most of the papers referred to above, the focus is on a one-period static hedging
problem is studied. While this is fairly realistic when risk managing crop production, where
harvest is an annual or bi-annual occurrence, the risk management problem becomes more
complex for energy markets as the owner of a wind farm or a LSE are selling or buying
different quantities of power at different hourly rates. The profit or revenue will therefore
be a sum of products of hourly quantities and prices. The available market traded contracts
are on the other hand energy forwards, i.e., depending on the average price over a period,
for instance a month, a quarter or all peak-hours in a given week, energy options written on
the forwards and index futures on an accumulated index over a calender month. Kleindorfer
and Li (2005) analyse a multi-period framework by imposing a regularity condition on the
distribution of cash flows and illustrate results for the PJM market. In general, it is not
possible to derive an expression for an optimal hedge in a multi-period framework. A second
issue that an LSE should be consider is the portfolio effect. Most LSE also holds generation
power and the risks from generation of power should not be isolated from the risk arising
from providing power to end-customers.

Another issue which is seem not to have been addressed is the peculiar relationship
between price and quantity. As pointed out in e.g., Eydeland and Wolyniec (2003), the
price and demanded quantity have a strong relationship for low and medium prices, while it
breaks down for high prices. When closed form hedge strategies are solved, the assumptions

made regarding the price-quantity correlation in most studies does not incorporate this

5The fact that so many farmers use insurance could indicate that farmers are risk averse as a low revenue in one

season can have severe consequences for the future of their business.
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feature. If hedge strategies are analysed with real data rather than in a stylized market,
this should be addressed using the exact characteristics of the market in question. In this
paper, the use of the OTC market for structuring tailor made hedges is promoted. However,
the classic trade-off of credit risk vs. basis risk when deciding between OTC structured
derivatives and market traded contracts should be taken into consideration. In many cases,
the availability of market traded contracts is so limited that an OTC contract provide a
strong alternative to market based hedges due to the basis risk and the liquidity premium
in the latter. Golden et al. (2007) analyses this trade-off in a one period model without price
risk.

On a final note, alternatives to risk management using derivatives should mentioned. The
LSE could pass on their price risk to the customer by charging the actual spot price (plus
a profit margin). This could be based one real-time data, but requireds the technology to
read off the consumption in real time as well as provide price information to the consumers
to which they can adjust to in an either automated or manual way. For instance, Pacific
Northwest GridWise Demonstration Project saw a decrease in peak loads (in which case
the price and quantity have more a complex relationship) as well as a decrease in the
average electricity bill”. This way of handling the profit risk is arguably an initiative that
has more merits in the context of grid reliability, and potential risk management benefits
should more be seen as the bi-product. A simpler approach to transfer of the price risk
is to charge customers the actual average costs per unit consumed®. For instance, in 2015
the default contract for a customer in the Danish energy company DONG Energy changed
from quarterly fixed rates to monthly rates based on the actual costs (including balancing
and trading costs) for purchase of power on Nord Pool, while at the same time raising the
monthly subscription.

Although these spot based contract structures, whether they are hourly or average based,
are becoming increasingly available in some markets, the fixed rate contract is still a widely
used contract. For the rest of this paper, we continue the string of literature considering the

hedging problem an LSE faces when offering fixed rate contracts.

"https://www.smartgrid.gov /files/GridWise Demonstration Project Fast Facts_200708.pdf

80r weighted according to a pre-determined template.
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I1.3 Risk management problem for an energy retailer

In this section, the risk management problem is presented in a general form and subsequently
simplified to a one-period static hedging problem. As discussed in the previous section,
many solutions to the simple hedging problem have been proposed in the literature and
the resulting strategies are presented in Section I1.4.1. Using the solution in Id Brik and
Roncoroni (2016a) combined with the representation result proposed by Carr and Madan

(2001), energy quanto contracts arise naturally as a part of the customized hedge.

I1.3.1 The general profit expression

Consider an energy retailer who charges a fixed price of R over the time horizon [0, T].

Before hedging, the profit and loss for an energy retailer over this period is

T
Vior) = / e (R — P,)Qudt (IL.1)
0

where @), is the amount of energy delivered to customers at time ¢t and P; the corresponding
price. In practice, the price P, and the demanded quantity ); are piece-wise linear functions.

L.e., if the retailer is facing n prices per year, the profit and loss will be
nT
Vi) = 3 _ e "5 (R~ P,)Q, (I1.2)
j=1

where t; = % If T is measured in years, setting n = 365 corresponds to daily prices and
n = 24 x 365 corresponds to hourly prices. r¢;, %, and @, are the interest, price and quantity

faced over the period [t;_1,1].

11.3.2 Structuring of hedge contract

In the most simple case n = T = 1. This is the case of delivery of an uncertain amount of
energy () at an unknown price P. Further, it is assumed that there exists an index I on
which contracts can be written and that the volume () is correlated with this index. The
main question is then; if it is possible to structure a payoff depending on price P and this
index I, what is then the optimal structure? The value after entering such a hedge would

be: Vi, = Q(R — P) + x(P,I)°. The optimal hedge choice can mathematically be expressed

9The condition in II.3 ensures that the cost of the hedge in included in the structure of .
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as the solution to:
rr(la;)dE(L[(Vh)) s.t. EQ(x(P, 1)) =0 (IL.3)
z(p,i
where U is a utility function. The solution to this problem x*(p, 7) is a function of p and i and
depends on the choice of utility function as well as the distribution of P, ) and I under the
physical probability measure and the distribution of P and I under a risk-neutral measure.
This is the main result in Id Brik and Roncoroni (2016a), who also gives the functional form
for a generalised mean-variance utility function. In Proposition II.2, the general functional
form of the hedge is replicated using various contracts. It is a straightforward extension of

the one-dimensional version from by Carr and Madan (2001), which is stated below:

LEMMA II.1 (CARR AND MADAN (2001)) Any twice differentiable function z : R — R
can be represented as
Fp o0
z(p) =z(Fp) + 2'(Fp)(p — Fp) +/0 o' (K)(K —p)TdK + /FP 2" (K)(p — K)"dK

If the customized hedge x is only a function of the price, the formula shows that customized
hedge can be replicated in terms of a combination of a bank account, a forward contract,
a continuum of put options with strike smaller than the forward price and a continuum of
call options with strike larger than the forward price!?. In reality, the customized hedge can

only be approximated by a finite number of options as not all strikes are available.

PROPOSITION I1.2 Any bivariate function z : R* — R that is twice differentiable in both

arguments can be represented as

z(p,1) = x(Fp, Fr) (IL.4)
+$1(FP,F[)(i—F[)+Ip(Fp,F]>(p—Fp) (115)
+l’pz<Fp,F1) ((Z—F[)(p—F]>> (116)
+ / v (K, Fr)(K — p)*dK + / " (K, Fr)(p— K) dK (IL8)
*(p— Fp) / Y i (Fe MM — i)y (IL.9)

10The expansion does not have to be around the current forward price Fp, but this choice makes the most economic

sense because the second term then equals the payoff of z'(Fp) forward contracts.
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+(p— Fp) /F Oo 2y Foy M)(i = M)*dM (IL10)
+i—F) /0 (K PO (K — p) K (111
+ (i — Fy) /OO Tppi (K, F1)(p — K)TdK (I1.12)
+ /0 " FOO topis (K M)(i — MY (K — p)*dMdK (IL13)
+ /O o 0 e )M — iV — p)HAMAE (T1.14)
+ /F:O /OF 2opis (K, MY(M — i) (p — K)rdMdK (IL15)
+ /F P /F I MG M) (= K) M (IL16)

where subscripts denote differentiation with respect to the function arguments. This result

states that the optimal hedge consists of several different contract types:
e (I1.4): bank account
e (IL.5): forward/future on energy and the index
e (I1.6): energy quanto swap'!
e (I1.7): continuum of options on the index
e (I1.8): continuum of options on energy
e (I1.9)-(I1.12): the product of a forward and a continumm of options'?

e (I1.13)-(I1.16): continuum of energy quanto options O

The proposition states that the customized hedge can be replicated using the contract types
listed above, one of which is the energy quanto option. The importance of a specific type of
contract is given by the value of various derivatives of the customized hedge. For the simple
model in Id Brik and Roncoroni (2016a), it would be possible to derive and analyse the shape

of these quantities and for instance analyse the discretisation error as done by Oum and Oren

"Energy quanto swaps are also studied in Cucu et al. (2016)
2These terms can also be expressed as a continuum of regular quanto options net of a continuum of univariate

options.
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(2010). But as the counterpart for an energy quanto option is found in the OTC market,
buying (or selling if the derivatives of z* is negative) multiple energy quanto options would
be an expensive strategy in practice. Instead, Proposition II.2 is used in a more pragmatic
sense: The contracts making up the replication of the preferred hedge are standard forwards
and options on the price and on the index and a whole range of contracts related to the
product of price and index, so a realistic choice of strategy is therefore a combination of
market available contracts and a number of energy quantos. The exact choice of energy
quanto swaps vs. energy quanto options, strikes and quantity must in practice be chosen by
case or simulation studies.

Closely connected to the choice of contract is of course the pricing, as the costs of hedging
must be included in the decision. For the purpose of this paper, it is assumed that one unique
pricing measure exists and that all market participants agree on the measure. Further, there
are no restrictions to financing, no transactions costs and no bid-ask spreads and no credit
risk. Surely this is highly unrealistic, but it allows for illustration of how effective energy
quanto options are in comparison with other studies using the same assumptions. The next

section develops a comparative simulation study:.

11.4 Comparative study

In this section, a numerical experiment is conducted and hedge strategies involving energy
quantos are compared to other strategies. A hedge strategy solves (I1.3) for different choices
of x assuming a generalized mean-variance utility function. The mean-variance utility

function allows for a trade-off between risk and return by choice of a and 7, where n = 0, 1'3:
UVi] = nE[V;] — S Var[V) (IL.17)

In the following, V' denotes the unhedged profits Q(R — P). When expressing expectations
and densities they are denoted without superscript for the physical measure and with

superscript @ for the risk-neutral probability measure.

13In the case of 7 = 0, the objective is solely to minimize variance, which is a questionable objective for most

businesses, see for instance the discussion in Poitras (2013).
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I1.4.1 Hedge strategies

The best possible hedge is the strategy set forward by Id Brik and Roncoroni (2016a)
and this will be denoted the preferred hedge. The preferred hedge solves (I1.3) using no

assumption about the functional form of z using a generalized mean-variance utility:

STRATEGY 1 (ID BRIK AND RONCORONI (2016A) THEOREM 1) The general solution to

(I1.3) is given by

(i) = (BQEWVIP=p 1 =i - 1) ;g’[?cj(ﬁffj’f) ~(EWiP=p1=i+7)
f(PI)

(I1.18)
The preferred hedge is superior to any other hedge strategy written on price and/or index
and will therefore serve as a benchmark for how well energy quanto hedge strategies perform.
The preferred hedge can be replicated by the strategy outlined in Proposition II.2, so in
theory a hedge strategy using energy quanto options can get arbitrarily close to the preferred
hedge. However, as discussed in the introduction, this will not be realistic. In practice,
structuring an energy quanto hedge strategy would consist of choosing an appropriate
combination of (double) forward- and option-like structures.
Entering into an energy quanto hedge only makes sense if it is superior to hedges
consisting of market traded contracts. The energy quanto hedges will therefore also be
compared to other hedge strategies proposed and discussed in the literature. First, the

additive hedge:

STRATEGY 2 (ID BRIK AND RONCORONI (2016B) THEOREM 3.2) Under the restriction
that x is additive, z(p,i) = h(p) + ¢(i), and that the price and index are independent, the
solution' to (I1.3) is given by

!/

() g7() =bo.i) — A,i) {E2 (AP, D]} "E?[b(P, 1)) (I119)
where
/2 @) B
AlD = f?](cg(zi 1 fP%(i)
f1(2) 170
b(p,i) = 1-EVIP=p/+ (E[V]-12) @53
LRV =i+ (E[V]-2) %y

'41d Brik and Roncoroni (2016b) does not include n, but this is easily included.
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Using the representation in Proposition 1 on each of the functions h and g, the additive
hedge can be interpreted as the best possible hedge obtainable if both forwards and options
for all strikes were available for both the energy and the index. For markets such as gas and
crops, it is not unreasonable to have a liquid forward /futures market and a range of listed
options, while it is mainly possible to trade forward/futures for electricity and weather!®, so
the additive hedge will always perform better than any realistically market traded hedge.
A realistic market traded hedge will be one of the following three. The first is denoted

the pure price hedge, where the functional form of x is restricted to be a function of price:

STRATEGY 3 (OUM AND OREN (2006) SECTION 3.1.4) If the hedge strategy consists of

only a general function of the price the solution to (IL.3) is

3(®)
W) =1 ~EVIP=p+ —LO (BEVIP=p] - ) (11.20)

i)
EQ [fp( )]

This hedge can be seen as the limit of a hedge using contracts on the price only and
obtainable (to a degree given by the discretization errors) in case of a liquid options market.
If there are no options market, the two forward hedges; the forward hedge and the price

forward hedge are possible market traded hedges:

STRATEGY 4 (ID BRIK AND RONCORONI (2016A) PROPOSITION 1) If  the hedge
strategy consists only of forward contracts on the energy and on the index, the number

of long forward contracts held to solve (I1.3) are

. var(l) [n(E(P) — Fp) — acov(V, P)] — cov(P, I) [n(E(I) — F) — acov(V, I)]
Op = a(var(P)var(I) — cov?(P, 1) (IL.21)

o — var(P) [n(E(I) — F;) — acov(V, I)] — cov(P,I) [7;(

a(var(P)var(I) — cov?(P,I)

)

E(P)— Fp) — P
)

STRATEGY 5 (ID BRIK AND RONCORONI (2016A) PROPOSITION 1) If the hedge
strategy consists only of a forward contract on the energy, the number of long forward

contract held to solve (I.3) is

o — n(E(P) — CZ;’;)r(—PC)LCOV(V, P) (11.23)

5Nord Pool electricity futures are traded for several maturities. For electricity options on Nord Pool, only one option

was traded (with a volume of 10 contracts) during the first three weeks of August 2016. On EEX, the European
Energy Exchange, options on futures are restricted to one or two strike values. Weather contracts listed on Chicago

Mercantile Exchange show low trading in futures and almost no trading in options.
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These five strategies together with no hedge (the naked hedge) are compared to two
different quanto strategies. As previously mentioned, the structuring of energy quanto
hedge strategies requires different decisions regarding contract type, swap rates/strikes
and contract size. Using various combinations of contract structures from Proposition
I1.2, different contract choices are analysed after inspecting the preferred hedge. Given the
contract structure, the choice of strikes and swap rates as well at the optimal number of each
contract are found using numerical optimization. The analysis is restricted to two simple
strategies, where the first uses a call-call energy quanto options (I1.16) and the second uses

a call-call together with a put-put energy quanto option:

STRATEGY 6 (Simple quanto hedge) The hedge consists of forwards on the asset and the
index and one energy quanto call-call option with strikes Kp and K;. The price of the

quanto option is denoted pg:

2(p,i) = Op(p — Fp) + 016 — Fy) + 0 [(p — Kp)* (i — K1)* — po] (IL.24)

STRATEGY 7 (Diagonal quanto hedge) The hedge consists of forwards on the asset and the
index, an energy quanto call-call option and an energy quanto put-put option with strikes

Kp and K;. The prices of the quanto options are denoted pgc and pgp :

x(p,i) = 0p(p — Fp) + 01 — Fr)+
+05° [(p— Kp)"(i — Kp)*" = p5C] + 657 [(Kp —p)" (K7 — i)t —p5"]  (11.25)

11.4.2 Market design

The stylized gas market analysed by Id Brik and Roncoroni (2016a) is applied in this
comparative study and is described in Table II.1. All of the above strategies are easily
implementable for normally distributed and log-normally distributed variables. In Id Brik
and Roncoroni (2016a), price, quantity and index are all log-normally distributed!®. In
e.g, Oum and Oren (2006) the analysis is also done under the assumption of quantity
being normally distributed. The comparative study is done for both set of distributional
assumptions. Parameters in (I1.26) and (I1.27) are chosen such that the mean and standard

deviations corresponds to those of Table II.1.

16 Although temperature can be negative, the index can for instance be thought of as the HDD index, which is by

definition always non-negative, so the assumption of log-normality is not inconsistent with representing temperature.
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Average value Standard deviation
Price P (USD/mmBtu) 4 1
Quantity @ (mmBtu) 10,000,000 5,000,000
Index I (°F) 60 30

Notes: The average gas consumption is 10,000,000 mmBtu (million British thermal units) and has a standard
deviation of 5,000,000. The gas price has an average value of 4 USD/mmBtu with a standard deviation of 1.
Temperature has a average value of 60 °© Fahrenheit and a standard deviation of 30.

Table II.1. Stylized gas market

Log-normal model:

log P mpq o opoOQPPQ OPOQPPQ

P
logQ | ~N | | mq || |orogerq 7} T10QPQI (11.26)
log I mr opoOQPPQ  OI0QPQI o2

Normal/log-normal model:

log P mpy o3 opOQPPQ OPOQPPQ
P
Q ~N | {mg || |orogrre  0h o10QPQI (11.27)
log I mr opoQPPQ  OI0QPQI o2

Under the risk neutral measure, the mean value of log P shifts to mps (parametrised by
market price of risk Ap, such that mp; + A\pop) and the mean value of log I shifts to mpy
(parametrized by A7, such that m; + A;o). The log price and (log) quantity is moderately
correlated with a correlation coefficient of 0.5. Log price and log index are mildly correlated
with a correlation coefficient of 0.15. Log index and (log) quantity are strongly correlated
with a correlation coefficient of 0.8. The level of risk aversion a is set to 0.1 and the analysis
is restricted to mean-variance utility by choosing 1 to be 1. This is chosen to reflect that
a LSE also caring about expected profits. Following Id Brik and Roncoroni (2016a), the
market price of risk is set to 0.01 for the energy asset and slightly higher at 0.05 for the
index. Studies such as e.g, Bellini (2005) and Benth and Benth (2013) report a significant
risk premium for weather contracts, which is included by setting A; slightly higher than Ap.

Using the parameters from Tables I1.2 and I1.3, 10,000,000 simulations are done both for
the assumption of log-normally distributed quantity and for normally distributed quantity.
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Log-normal model Mixed normal log-normal model
Variable mi meo o mi mo o
Price P 1.356 1.358 0.2462 1.356 1.358 0.2462
Quantity @ 16.007 - 0.4724 10,000,000 - 5,000,000
Index I 3.983 4.006 0.4724 3.983 4.006 0.4724

Notes: Under the given model, the parameters in this table match the stylized market in Table II.1.

Table I1.2. Mean and standard deviations for log price, (log) quantity and log index values.

PPQ pPPI PQI a n R Ap AQ
0.50 0.15 0.8 0.1 1 6 0.01 0.05

Table I1.3. Additional model parameters.

I1.4.3 Analysis

For each of the strategies described previously, the hedge is computed and the resulting
payoff after hedge, V}, is analysed. The choice of quanto strategies in Section I1.4.1 is
supported by inspection of the shape of the preferred hedge and secondly to be as simple
as possible.

As in Brown and Toft (2002) and Id Brik and Roncoroni (2016a), performance indices
are computed for the normalised mean-variance and the standard deviation. For a strategy

1, they are defined by

NMV (naked position) — NMV (strategy 1)

PI ) =
Ny (7) NMV (naked position) — NMV (preferred hedge)

~ SD(naked position) — SD(strategy i)
~ SD(naked position) — SD(preferred hedge)

Plsp(7)

and expresses how close strategy ¢ is to the preferred hedge. Finally to compare the
improvement or deterioration when moving from one strategy to another, I Dy, measures
the improvement in Normalized Mean Variance relative to the Normalized Mean Variance

of the naked strategy:

NMV (strategy j) — NMV (strategy 1)

ID i, 7) = 100
v (2, 7) X INMV (naked position)|
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I1.4.4 Results under assumption of log-normally distributed quantity

The surface plots in Figure II.1 shows the preferred hedge and the forward hedge as a
function of price p and index i and illustrates what the LSE is concerned about: Looking
at the dimensions one by one, it is seen that the higher the price, the more payoff the LSE
would like from their hedge. This is also obtained in the forward hedge. But for the index,
the LSE would like less for higher values of the index if the price is low, while they would
like more for higher values of the index if the price is high. With the forward hedge, they
can only obtain the same slope regardless of price. For this example, it results in shorting
forwards on the index.

A payoff in the high price-high index situation is exactly obtained by buying a call-call
quanto option together with a number of forwards. This was denoted to as the simple quanto
hedge. Looking more closely at the preferred hedge’s surface in II.1, there is also a slight
increase in the function value for low price and low index. It might therefore add extra value
to add a put-put quanto option to the simple quanto strategy. This was referred to as the
diagonal quanto hedge.

In Figure I1.3 selected profit distributions are compared: The left panel shows the
preferred hedge together with the naked strategy as well as the simple quanto hedge. The
right panel shows the preferred hedge, the simple quanto hedge and the additive hedge. The
simple quanto hedge seems to do better than the additive hedge and as this will outperform
all other described strategies, the simple quanto hedge is a strong candidate for a hedge
strategy with a feasible design.

Table I1.4 shows performance statistics for the hedge strategies described in section I1.4.1.
The columns present the expected utility for a mean-variance hedge, the expected profit, the
standard deviation, the normalised mean-variance (defined as the expected profit net of the
standard deviation), the probability of a loss, the 5% Value-at-Risk and the 5% Expected
Shortfall'”. Regardless of performance measure, when quantity is log-normally distributed,
the simple quanto hedge and the diagonal quanto hedge is doing almost equally well.

Table I1.5 shows the performance both for the normalised mean-variance and for a pure

variance measure of performance. The discrepancy between any of the two quanto hedges and

YFor VaR and ES, a negative number indicates a gain. The average margin is 2$ and a loss is therefore not very likely
in this setup. The unrealistically large margin is kept to allow for a direct comparison with Id Brik and Roncoroni

(2016a).
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the preferred hedge is merely two efficiency points. The pure variance measure of performance
shows similar values compared to the mean-variance performance criteria for all strategies.

Table I1.6 provide a comparison of all eight strategies. Hedge strategies involving price
and index in a multiplicative way clearly outperform a hedge which only relies on the price
and index separately. Comparing to market available strategies, there is a great advantage of
adding just a single quanto option to a market available strategy. A market traded available
strategy would as noted under the description of strategies perform somewhere between the
forward hedge and the additive hedge depending on the options market for the energy in

question.

I1.4.5 Results under assumption of normally distributed quantity

The same analysis is now made under the assumption of normally distributed quantity. The
surface plots in Figure I1.4 shows the preferred hedge and the forward hedge as a function
of price p and index i. In this case the diagonal quanto hedge is expected to perform better
than the single quanto hedge because of the shape of the preferred hedge in the low price-low
index scenario. Figure I1.5 shows the payoff of the diagonal quanto hedge after strikes and
number of contracts are estimated.

In Figure I1.6 selected profit distributions are compared: The left figure shows the
preferred hedge together with the naked strategy as well as the diagonal quanto hedge. The
right figure shows the preferred hedge, the simple quanto hedge and the diagonal quanto
hedge. For the profit distribution, diagonal quanto hedge and the simple quanto hedge do
not display the same performance and they also do not match the profit distribution of the
preferred hedge as well as in the case of log-normally distributed quantity. The left tail of
the simple quanto hedge is fatter than the diagonal quanto hedge. Contrary to before, two
quanto options are needed to obtain a hedge comparable to the preferred hedge. 11.8 and
I1.9 confirms these observations: The quanto hedges have a relative performance of around
90%. The loss in relative performance when shifting from the diagonal quanto hedge to the
simple quanto hedge is much more severe than before. They however still perform slightly

better than the (infeasible) additive hedge and much better the (realistic) forward hedge.
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3D plot of preferred hedge and forward hedge for log-normally distributed quantity.
The left panel of this figure shows the preferred hedge as a function of energy price and temperature index and the

right panel shows the forward hedge. The main qualitative difference is that the high price-high index scenario has
a too low payoff in the forward hedge compared to the preferred hedge.
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Figure I1.2. 3D surface plot of the simple quanto hedge.
This figure shows the payoff for simple quanto hedge, which combines forwards on the energy asset and on the

temperature index with a call-call energy quanto option. The exact strikes and the optimal number of contracts are
chosen via numerical optimisation of the utility function.
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Figure I1.3. Profit distributions for log-normally distributed quantity.

The left panel shows the profit distribution for the preferred hedge, the naked strategy and simple quanto hedge;

a hedge strategy involving forward on the energy asset and the temperature index as well as a double-call quanto

option. The right panel shows the the preferred hedge, simple quanto hedge and the additive hedge. By inspection of

the profit distribution, the simple quanto hedge is seen to almost mimic the preferred hedge.

Strategy Utility E(W) SD NMV P(loss) VaR ES
(10%)  (1,000s)  (1,000s)  (1,000s) % (1,000s)  (1,000s)
Preferred hedge -1,060 17,799 4,605 13,194 0.04 -11,505 -9,465
Diagonal quanto  -1,174 17,928 4,845 13,083 0.19 -10,723 -7,716
Simple quanto 21192 17,943 4,882 13,061 021  -10,730  -7,622
Additive hedge -1,554 17,456 5,075 11,881 0.41 -10,545 -6,745
Forward hedge -2,226 17,824 6,673 11,151 0.93 -8,096 -2,006
Pure price 3,400 17,495 8,246 9,249 0.09 6,720 -4,662
Price forward -4,113 17,531 9,070 8,461 1.22 -5,077 -518
Naked 6,579 17597 11471 6,126 3.85 2122 8614

Quantity is log-normally distributed. Strategies are ranked according to expected utility, but exhibit largely the
same ranking for other performance measures.

Table I1.4. Performance statistics for the different hedge strategies (log-normally quantity)
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Strategy Performance (NMV) Performance (SD)
Preferred hedge 1.00 1.00
Diagonal quanto 0.98 0.97
Simple quanto 0.98 0.96
Additive hedge 0.81 0.86
Forward hedge 0.71 0.70
Pure price 0.44 0.47
Price forward 0.33 0.35
Naked 0.00 0.00

Notes: The table dispays the performance of hedge strategies compared to the preferred hedge and the naked profits,
when quantity is log-normally distributed. If the performance index is equal to 1, the strategy is doing as well as the
preferred hedge. The quanto strategies both have a 0.98 performance when measured in relation to the normalised
mean-variance and a performance of 0.96-0.97 in terms of decreasing the standard deviation of profits.

Table IL.5. Performance of strategies

Preferred Diagonal Simple Additive Forward Pure Price Naked

hedge quanto quanto  hedge hedge price for-

ward
Preferred hedge 0.00 -1.82 -2.16 -21.42  -3334 -64.39  -77.25 -115.36
Diagonal quanto 1.82 0.00 -0.35 -19.61  -31.52  -62.58 -75.44 -113.54
Simple quanto 2.16 0.35 0.00 -19.26  -31.18  -62.23  -75.09 -113.20
Additive hedge 21.42 19.61 19.26 0.00 -11.92  -4297  -55.83  -93.93
Forward hedge 33.34 31.52 31.18 11.92 0.00 -31.05  -4391  -82.02

Pure price 64.39 62.58 62.23 42.97 31.05 0.00 -12.86  -50.96
Price forward 77.25 75.44 75.09 55.83 43.91 12.86 0.00 -38.10
Naked 115.36  113.54 113.20  93.93 82.02 50.96 38.10 0.00

Notes: The tables show the relative improvement or deterioration, when going from one hedge to another in the case
of log-normally distributed quantity. The preferred hedge and the two quanto hedges are very close to each other
and there is almost no difference between the two quanto hedges.

Table I1.6. Relative improvement or deterioration for hedge strategies
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Figure I1.4. 3D plot of preferred hedge and forward hedge for normally distributed quantity.
The left panel of this figure shows the preferred hedge as a function of energy price and temperature index and the
right panel shows the forward hedge. The main qualitative difference is that the high price-high index scenario and
the low price-low index scenario has a too low payoff in the forward hedge relative to the preferred hedge. Compared

to the log-normally distributed quantity, the LSE would like a much higher payoff in the low price-low index scenario.
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Figure I1.5. 3D surface plot of the diagonal quanto hedge.
This figure shows the payoff for diagonal quanto hedge, which combines forwards on the energy asset and on the
temperature index with a call-call and a put-put energy quanto option. The exact strikes and the optimal number

of contracts are chosen via numerical optimisation of the utility function.
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Figure I1.6. Profit distributions for normally distributed quantity.

The left panel shows the profit distribution for the preferred hedge, the naked strategy and diagonal quanto hedge; a

hedge strategy involving forward on the energy asset and the temperature index as well as a call-call and a put-put

quanto option. The right panel shows the the preferred hedge, simple quanto hedge and the diagonal quanto hedge.

By inspection of the profit distribution, the diagonal quanto hedge seems to be required to get close to the preferred

hedge.
Strategy Utility E(Wy,) SD NMV P(loss) VaR ES
(10%)  (1,000s) (1,000s) (1,000s) % (1,000s)  (1,0008)
Preferred hedge -1,366 17,794 5,227 12,568 0.25 -8,999 -5,870
Diagonal quanto  -1,616 17,673 5,685 11,989 0.67 -8,074 -4,036
Simple quanto -2,172 18,261 6,591 11,670 1.54 -6,631 -906
Additive hedge -2,141 17,915 6,544 11,372 0.62 -7,601 -3,911
Forward hedge -3,364 17,793 8,203 9,590 3.53 -2,644 5,266
Pure price -4,687 17,481 9,682 7,799 4.10 -1,239 4,587
Price forward -5,640 17,476 10,621 6,855 5.58 890 8,728
Naked -7,633 17,537 12,355 0,182 6.12 1,500 10,643

Notes: Quantity is normally distributed. Strategies are ranked according to expected utility, but exhibit largely the

same ranking for other performance measures.

Table I1.7. Performance statistics for the different hedge strategies (normal quantity)
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Strategy Performance (NMV) Performance (SD)
Preferred hedge 1.00 1.00
Diagonal quanto 0.92 0.94
Simple quanto 0.88 0.81
Additive hedge 0.84 0.82
Forward hedge 0.60 0.58
Pure price 0.35 0.38
Price forward 0.23 0.24
Naked 0.00 0.00

Notes: The table dispays the performance of hedge strategies compared to the preferred hedge and the naked profits,
when quantity is normally distributed. If the performance index is equal to 1, the strategy is doing as well as the
preferred hedge. The quanto strategies have a performance of 0.88-0.92 when measured in relation to the normalised
mean-variance and slightly lower in terms of decreasing the standard deviation of profits.

Table I1.8. Performance for the different strategies

Preferred Diagonal Simple Additive Forward Pure Price Naked
hedge quanto quanto  hedge hedge price for-

ward
Preferred hedge 0.00 -11.17 -17.32 -23.08 -57.46 -92.02 -110.23 -142.52
Diagonal quanto  11.17 0.00 -6.14 -11.91 -46.29 -80.85 -99.06 -131.35

Simple quanto 17.32 6.14 0.00 -5.77 -40.15  -74.70  -92.92 -125.20
Additive hedge 23.08 11.91 5.77 0.00 -34.38 -68.94  -87.15 -119.44
Forward hedge 57.46 46.29 40.15 34.38 0.00 -34.56  -52.77  -85.05

Pure price 92.02 80.85 74.70 68.94 34.56 0.00 -18.21  -50.50
Price forward 110.23 99.06 92.92 87.15 52.77 18.21 0.00 -32.28
Naked 142,52  131.35 125.20 119.44 85.05 50.50 32.28 0.00

Notes: The tables show the relative improvement or deterioration, when going from one hedge to another in the
case of normally distributed quantity. The relative deterioration of the diagonal quanto hedge compared to the
preferred hedge is about 11% and the simple quanto hedge is more comparable to the additive hedge than under the
assumption of log-normally distributed quantity.

Table I1.9. Relative improvement or deterioration for hedge strategies
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I11.5 Concluding remarks

The representation of a hedge strategy based on both price and an index correlated to
quantity contains energy quanto options and swaps. Using a standard one-period example,
it was shown that realistic strategies including one or two quanto options perform almost
as well as the unrealistic ideal hedge strategy.

The randomness in price, quantity and index was modelled using a multivariate normal
distribution. The quantity had in both analyses the same mean and variance, but followed
either a log-normal or a normal distribution. The difference impacted the shape of the ideal
hedge and thereby also which quanto strategy was needed. It is reasonable to assume that
there is no universal energy quanto structure, when it comes to hedging volumetric and
price risk jointly. Rather, the exact choice must be based on studies of the marginal and
joint distribution of price, quantity and index for the exact market in question.

As discussed in Section II.2, a one period model is not realistic for many energy
applications. In a multi-period framework, simulation studies must be conducted including
necessary analyses of correlation structures across variables as well as choosing an
appropriate pricing approach. If the counterpart is a re-insurance company, pricing under
the physical measure and adding a premium to ensure an acceptable risk level could be
reasonable. It is reasonable to assume that strategies involving energy quanto contracts
can improve risk management also in the multi-period setting, as it offers a multiplicative
contract structure to take care of the embedded multiplicative risk.

The results of this simple analysis provide an argument for why a Load Serving Entity
should also consider OTC options rather than only market traded instruments, when they

are designing their hedge.
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Appendix

II.A Details of benchmark strategies
II.A.1 Preferred hedge

The preferred hedge using a mean-variance approach is a function of price value p and index

value 7. It is denoted x* and is given as
f4(p. i)/ f(p,1)

FR(P.T)
E9 [fﬁﬁ(m)]

—<]E[V|P:p,I:i]—l—g).

v (p,i) = (BOE[VIP=p, T =] - )

a

(I1.28)
The above expression is derived under that assumption that both price, quantity and index

are log-normally distributed:

log P mpy 0%, OPOQPPQ OTPOQPPQ

P
1OgQ ~N mqg | » opOQPPQ 0'22 010QpPQI . (1129)
log I mr opoQPPQ  OI0QPOI o2

1/
Under the risk neutral measure, the mean value shifts to [mm mg myz| - In the end of
this subsection, (I1.28) is also derived for normally distributed quantity and index. In the
following the notation from Id Brik and Roncoroni (2016a) is adopted:

1 log P
u:< ng)’U:< ; )’mm:EP(U)v m. = E°(U),

log 1 log I
> = Var(U), b = ( TPIQPPQ >
010QPQI

The individual terms of (I1.28) are now considered. First the density ratio of the marginal

distributions:

Q .
JE1(ps 1) — exp {% (U —mu) 27 (U —my) —

fri(p,i)

% (u — mug)/ 2_1 (11 — mug)}

= exp {(mu2 — mu1) T7'a— 3 (muz — mut) 71 (mr + mus) } (I1.30)

78



How Energy Quanto Options can Hedge Volumetric Risk

The expected value of this under Q is then assessed. Everything inside the exp{} is normally

distributed with mean value (my — my1) L7 e — % (Mg — Myz) 7 (My1 + my2) and

. / _ . .
variance (Mo — my1) 71 (Mg — myy) This results in

fgI(P7[)

Q
P

= exp {(Mu2 — Mu1) 7" (Myz — M) } (I1.31)

Next, the expected profit equals
E[V|P=pI=i=(R-pE[QP=p=i]=(R-p)E[*=°|P=pI=i
As log @) given P = p and I = i is conditionally normal with mean and variance
mq +b'Y 7 u —my)
aé —b'>"'b
the conditional expected value of the unhedged profit is given as
E[V|P=p,I=i=(R—p)exp{mg+ 305 +b X (u—m,—b/2)}. (11.32)
The expectation under @) value of this is

EC[E[V|P,I]] =E® [(R — P)exp {mq + 305 + b'S™ (U — my; — b/2)}]
= Rexp {mq + 04, } E® [exp {b'S""(U — m,; — b/2)}]
—exp {mq + 303} B exp{ [1 0| U+ b (U —my —b/2) }]
= exp {mq + 305 + b'E " (w2 — M) }

X (R — exp {mpg + %0% + apanpQ}) (I1.33)

Note that (I1.30) and (I1.31) would also hold if the price and/or index was normally
distributed instead of assumption (II.29). It would only require a change of the definition
of u. The two other expressions (I1.32) and (I1.33) are also available in closed form for any
of the eight normal/log-normal combination of (II.29). The derivation is restricted to the
case where price is log-normally distributed and the quantity is normally distributed. The

index may follow either distribution. When () is normally distributed, then

E[VIP=p,I=1i]=(R—p)(mg+b' T (u—myu)) (11.34)
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with u defined appropriately. The expectation under () is:

E? [E[V|P, 1] = E? [(R — P) (mg +b'E (U —my,))]

o2

= R g 4 WS s — mar)) — mge T
2

P o
Ul + b/z—lmu1€mp2+TP

PU,

— b’y E?

For log-normally distributed price (i.e., U; = log P), then
0.2
EC [Plog P] = emPrt g (o7 4+ mps)

and

o2

7P
E® [PU,) = "2 (oporppr +mpa),

resulting in

o2

o2 2
EQ [E [V‘P, [” = (R _ emszrTP) (mQ + b’Eil(mug N mul)) _ emp2+7pb/271 [ 0p ]

opoippr

(I1.35)

I1.A.2 Additive hedge

The additive hedge using a mean-variance approach consists of two functions, one of price

value p and one on index value i. They are denoted h*(p) and ¢g*(i) and are given as

A\ . . -1
(h*(p) g*(%)) =b(p,i) — Alp,i) {E? [A(P,I)]}  E?[b(P,])] (I1.36)
where
f?((p)) f?((p) _q
N\ — fe(p fe(p
A(pal) - fIQ(S B Pffg(i)
i710) 710
Q
ooy [£-EVIP =+ €0 D £
L_E[V|I =i+ (E[V]-1) L0

The above expression is derived under that assumption that price, quantity and index are
log-normally distributed (again, the assumption regarding quantity is later replaced by a

normal distribution). Further, it is assumed that price and index is uncorrelated:

IOgP mpi 0'123 OpPOQPPQ 0

P
log@Q | ~N mq | oPOQPPQ 022 o10QPQI
IOgI mi1 0 010QpPQI O'?
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As before; under the risk neutral measure, the mean value shifts to [m p2 Mg m [2] . The

individual expressions of (I1.36) are now considered. First the ratio of the marginal densities:

fEp)
o = o {2k logp —mp)* = ol (togp = mp)?}
- exp{ 1P (mPZ - mPl) 1ng 1 (mpg — mpl) (mp1 + mpz)} (1137)

The expected value of this under Q is then calculated. Everything inside the exp{} is
normally distributed with mean value = (mp2 mp1) Mpy— 2; (mpy —mpy) (Mp1 + mp2)

and variance —x (m p2—m pl) This results in

f2(P)
fr(P)

exp { (mps — mpl)z} : (11.38)

The same expressions holds for the index. Next, the expected profit expressions:

E[VIP=p] = (R—pE[QIP = p] = (R — p)E [59|P = ]
As log ) given P = p is conditionally normal with mean and variance
mq + pPQZ_i(Ing — mp1) and 022(1 — p%Q)
the conditional expected value of the unhedged profit is given as
BIVIP = = (R = p)exp {mq + proZ2(0gp — mps) + 3o3(1 = b | (1139

The expectation under ) value of this is

EC [E[V|P]] = E¥ {(R — P)exp {mQ + pPQZ—i(logp —mp1) + 305(1 — ppr)H
= Rexp {mq + 505(1 — ppg) } E [exp {PPQZ—i(IOgP - mPl)H
— exp {mQ + 105(1 — ppg) — pPQZ—impl} E? {exp { <1 + pr—) 1ong

(02
= exp {mQ +10H+ pPQﬁ(m — mPl)} (R —exp {my2 + 20% + proogor})
(IL.40)

Expected unhedged profits given I = 1:

E[V|I =i =E[(R— P)Q|I =i] = RE [¢*¢®|] =i] — E ["#" 18 %|] = {]

81



II.A. Details of benchmark strategies

As (log P,log Q) given I =i is bivariate normal with mean and variance

i ' and ) ) ,
mq + pqr42(logi —mp) proproq oo(1— por)

the expected value of the unhedged profit conditional on I = ¢ is given as
E[V|I =i = (R—exp{mpi + 20} + ppoorog}) x
o .
exp {mQ + pQIU—?(logz —mn) + s05(1 — pél)} : (IT.41)
Taking () expectations of this yields
o
E® [E[V|I]] = (R — exp {mPl + %0123 + prapaQ}) exp {mQ + lea—Q(mm —mp) + %O’é} .
I
(I1.42)
The unconditional P-expectation of the unhedged profit becomes
E[V]=E[E[V|I]] = (R —exp{mp1 + 30} + ppoopoq}) exp {mq + 305} .  (11.43)

If @ instead of log @ given P = p is conditionally normal, then the conditional expected

value of the unhedged profit is given as

E[V|P=p|=(R—p) {TTLQ-l-/)PQZ—i(lng—mm)} (IT.44)

and the expectation under () is

o2 2

EVE[VIFY = (R - 6mP2+TP> {mQ + PPQZ_Q(m;ﬂ - mPl)} =" ppgogor.
P
(I1.45)

The expected unhedged profit given I = ¢ becomes:
E[VII=i=E[(R—P)Q| =i =RE[Q|I =i —E [Qe*¢"|] =i].

As (log P, Q) given I = i is bivariate normal with mean and variance

mpi 0123 PPQOPOQ
i . and ) ) ,
mq + porr(logi —m) prQoroq 0ol — por)

the conditional on ¢ expected value of the unhedged profit is given as

1 1
EVII=i=(R- em”ﬁi"%’) (mQ + pQIU—Q(logi — m11)> — empl+5012°UpUQpPQ (IT.46)
ar
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Taking () expectations of this yields
1 1
EC [E[V|I]] = (R — "1 2%%) (mQ + o122 (mpy — mn)) — "% g pogppo  (ILAT)
or
with the unconditional P-expectation of the unhedged profit:

mP1+lU2 mPH-lff2
E[V] =EE[V|I]] = (R - "3 )mg — "3 opogppg  (IL43)
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Abstract

In energy markets, the use of quanto options has increased significantly in recent
years. The payoff from such options are typically written on an underlying energy
index and a measure of temperature. They are suited to managing the joint price
and volume risk in energy markets. Using a Heath-Jarrow-Morton approach, we
derive a closed-form option pricing formula for energy quanto options under the
assumption that the underlying assets are lognormally distributed. Our approach
encompasses several interesting cases, such as geometric Brownian motions and
multifactor spot models. We also derive Delta and Gamma expressions for hedging.
Further, we illustrate the use of our model by an empirical pricing exercise using
New York Mercantile Exchange-traded natural gas futures and Chicago Mercantile

Exchange-traded heating degree days futures for New York.
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I11.1 Introduction

Many industries are exposed to the variability of the weather. Take, as an example, a
gas distribution company that operates in an open wholesale market. Their planned sales
volumes per day and the market price are the two main factors to which they are exposed.
If, for example, one of the winter months turns out to be warmer than usual, the demand
for gas would drop. This decline in demand would probably also affect the market price
for gas, leading to a drop in gas price. The firm would make a loss compared with their
planned revenue, which is equal to the shortfall in demand multiplied by the difference
between the retail price at which they would have sold had their customers bought the
gas, and the market price at which they must now sell their excess gas. So, they face not
only a direct weather effect, eg, the lower demand, but also an indirect effect through the
drop in market prices. The above example clearly illustrates that the adverse movements
in market price and demand due to higher temperatures represent a kind of correlation
risk, which is difficult to properly hedge against, as it leads to a heavier tailed profit-and-
loss distribution. Using standard weather derivatives as offered by the Chicago Mercantile
Exchange (CME) would most likely represent an imperfect and rather expensive hedging
strategy, as it accounts only for the direct earnings effect from the change in demand, and
not the indirect earnings effect from price changes. If standardized weather products are
insufficient as hedging tools, the companies must turn to over-the-counter (OTC) markets
for weather derivatives. Davis (2010) and Pérez-Gonzélez and Yun (2013) refer to surveys
conducted by the Weather Risk Management Association (WRMA) and reports from the
CME about market sizes and expected development:' the market for standardized weather
derivatives peaked in 2007 with a total volume of trades close to 930,000 and a corresponding
notional value of US$17.9 billion. Since 2008, the market for standardized contracts has
experienced severe retrenchment. In 2009, the total volume of trades dipped below 500,000,
amounting to a notional value of around US$5.3 billion. A big part of this sharp decline is
attributed to the substantial increase, eg, 30% from 2010 to 2011, in the market for tailor-
made contracts, especially the quantity-adjusting weather contracts ("quanto”). Contracts

of this type worth US$100 million have been reported. Market participants indicate that

! Although the reported numbers are small compared with other markets, weather-exposed utilities can use weather
derivatives to reduce extreme losses from weather incidents and increase the valuation of the company (see Pérez-
Gonzalez and Yun (2013) for an extensive study of the effect of weather derivatives on firm value, investments and

leverage).
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the demand for quanto contracts is international, with transactions being executed in the
United States, Europe, Australia and South America. In 2010, the WRMA believed that
the developing market in India alone had a potential value of US$2.35 billion.

The label "quanto options” has traditionally been assigned to a class of derivatives
in financial markets where the investor wishes to be exposed to price movements in the
foreign asset without the corresponding exchange rate risk. The pricing of currency quanto
options has been extensively researched and dates back to the original work of Garman and
Kohlhagen (1983). Although the same term is used for the specific type of energy options
that we study in this paper, these two types of derivatives contracts are different: a typical
currency quanto option has a regular call-put payoff structure, whereas the energy quanto
options we study have a payoff structure similar to a product of call-put options, and energy
quanto options are therefore mainly used to hedge exposure to the joint price and volume
risk.? In comparison with studies of currency quantos, research related to the pricing of
quanto options in energy markets is scarce. One exception is Caporin et al. (2012), who
propose a bivariate time-series model to capture the joint dynamics of energy prices and
temperature. In particular, they model the energy price and the average temperature using
a sophisticated parameter-intensive econometric model. Since they aim to capture features
such as seasonality in means and variances, long memory, autoregressive patterns and
dynamic correlations, the complexity of their model leaves no other option than simulation-
based procedures to calculate prices. Moreover, they leave the issue of how we should hedge
such options unanswered.

In order for quanto contracts to provide a superior risk management tool compared with
standardized futures contracts, it is crucial that there is a significant correlation between
the two underlying assets. In energy markets, the payoff of a quanto option is determined
by the level of both the energy price and an index related to weather. This correlation
has been studied by, for example, Engle et al. (1992), who documents that temperature is
important in forecasting electricity prices, and Timmer and Lamb (2007), who document a
strong relationship between natural gas prices and heating degree days (HDD).

In this paper, we also study the pricing of energy quanto options. However, unlike
Caporin et al. (2012), we derive analytical solutions to the option pricing problem. Such

closed-form solutions are easy to implement, fast to calculate and, most importantly, they

2This double-call structure was also studied by Jorgensen (2007) for the case of interest rates and stock prices.
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give a clear answer as to how the energy quanto option should be properly hedged. We
convert the pricing problem by using traded futures contracts on energy and a temperature
index as underlying assets, rather than energy spot prices and temperature. We are able
to do this because the typical energy quanto options have a payoff that can be represented
as an ”Asian” structure on the energy spot price and the temperature index. The markets
for energy and weather organize futures with delivery periods, which will coincide with the
aggregate or average spot price and temperature index at the end of the delivery period.
Hence, any ”Asian payoft” on the spot and temperature for a quanto option can be viewed
as a "Kuropean payoftf” on the corresponding futures contracts. This insight is the key to
our solution and the main contribution of this paper. The analytical solution also gives
the desirable feature that we can hedge the quanto option in terms of traded instruments,
namely the underlying futures contracts that — unlike temperature and spot power/gas —
can be easily bought and held.

Using a Heath-Jarrow-Morton (HJM) approach, we derive options prices under the
assumption that futures dynamics are lognormally distributed with a possibly time-varying
volatility. Furthermore, we explicitly derive Delta-hedging and cross-Gamma hedging
parameters. Our approach encompasses several models for the underlying futures prices,
such as the standard bivariate geometric Brownian motion (GBM) and the two-factor model
proposed in papers such as Schwartz and Smith (2000), Sgrensen (2002) and Lucia and
Schwartz (2002). The latter class of models allows for time-varying volatility, which is a
stylized fact for many commodities. We include an extensive empirical example to illustrate
our findings. Using futures contracts on natural gas and the HDD temperature index, we
estimate relevant parameters in the seasonal two-factor model of Sgrensen (2002) based
on data collected from the New York Mercantile Exchange (NYMEX) and the CME. We
compute prices for various energy quanto options and benchmark these against products
of plain-vanilla European options on gas and HDD futures. The latter can be priced by
the classical Black (1976) option pricing formula and corresponds to the case of the energy
quanto option for independent gas and temperature futures. In Section II1.2, we discuss the
structure of energy quanto options and introduce the pricing problem. In Section II1.3, we
derive the pricing and hedging formulas and show how the model of futures price dynamics
in Sgrensen (2002) is a special case of our general framework. Section III.4 presents the

empirical case study, and Section III.5 concludes.
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I11.2 The contract structure and pricing of energy quanto options

In this section, we first discuss typical examples of energy quanto options. We then argue
that the pricing problem can be simplified using standardized futures contracts as underlying

assets.

I11.2.1 Contract structure

Most energy quanto contracts have payoffs that are triggered by two underlying “assets”,
temperature and energy price. Since these contracts are tailor made, rather than
standardized, the contract design varies. In its simplest form, a quanto contract has a payoff
function S:

S = (Tvar - Tﬁx) X (Evar - Eﬁx) (IIIl)

Payoff is determined by the difference between some variable temperature measure (Tya;)
and some fixed temperature measure (74x), multiplied by the difference between variable
and fixed energy price (Fy,, and FEjy). Note that the payoff might be negative, indicating
that the buyer of the contract pays the required amount to the seller.

Entering into a quanto contract of this type might be risky, since the downside may
potentially become large. For hedging purposes, it seems more reasonable to buy a quanto
structure with optionality, thereby eliminating all downside risk. In Table III.1, we show a
typical example of how a quanto option might be structured (see also Caporin et al. (2012)
for a discussion of the design of the energy quanto option). The example contract has a payoff
that is triggered by an average gas price denoted F (defined as the average of daily prices for
the last month). It also offers an exposure to temperature through the accumulated number
of HDD in the corresponding month. The HDD index is commonly used as the underlying
variable for temperature derivatives and is defined as how much the average temperature
over a day has deviated below a pre-set level. We denote the accumulated number of HDD

over interval [y, 72| by Ijr 7,

Ity = »_HDD; =) " max(c — T3,0) (I11.2)

t=T71 t=T71

where ¢ is some pre-specified temperature threshold (65°F or 18°C') and T; is the mean
temperature on day t. If the number of HDD [ and the average gas price F are above the
high strikes (K; and K p respectively), the owner of the option would receive a payment
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Nov Dec Jan Feb Mar

(a) High Strike (HDDs) K K K, K K
(b) Low Strike (HDDs) K K2 K} K3 K3
. . . —11 —12 —1 =2 =3

(a) High Strike (Price/mmBtu) Ky Ky Ky K% Ky
(b) Low Strike (Price/mmBtu) Kl K2 K} K7 K3
Volume (mmBtu) 200 300 500 400 250

The underlying process triggering payouts to the option holder is accumulated number of heating-degree days
I and monthly index gas price E. As an example the payoff for November will be: (a) In cold periods -
max(/ — Kr,0) x max(E — Kg,0)x Volume. (b) In warm periods - max(K; — I,0) x max(K , — F,0)x Volume.
We see that the option pays out if both the underlying temperature and price variables exceed (dip below) the high
strikes (low strikes).

Table III.1. A specification of a typical energy quanto option.

equal to the pre-specified volume multiplied by the actual number of HDD minus the strike
K, multiplied by the difference between the average energy price and the strike price K p.
On the other hand, if it is warmer than usual and the number of HDD dips below the
lower strike of K; and the energy price at the same time is lower than K, the owner
receives a payout equal to the volume multiplied by K; less the actual number of HDDs
multiplied by the difference between the strike price K 5 and the average energy price. Note
that the volume adjustment is varying between months, reflecting the fact that "unusual”
temperature changes might have a stronger impact on the option holder’s revenue in the
coldest months like December and January. Also note that the price strikes may vary between
months.

This example illustrates why quanto options might be a good alternative to more
standardized derivatives. The structure of the contracts takes into account the fact that
extreme temperature variations might affect both demand and prices, and compensates the
owner of the option by making payouts contingent on both prices and temperatures. The
great possibility of tailoring these contracts provides potential customers with a powerful
and efficient hedging instrument.
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I11.2.2 Pricing Using Terminal Value of Futures

As described above energy quanto options have a payoff which is a function of two underlying
assets, temperature and price. We focus on a class of energy quanto options which has
a payoff function f(E,I), where E is an index of the energy price and I an index of
temperature. To be more specific, we assume that the energy index E is given as the average

spot price over some measurement period [, 7'2]3, 1 < Ty,

1 &
E:TQ—’]]ZSqm

U=T1

where S, denotes the energy spot price. Further, we assume that the temperature index is
defined as

T2

I=>Y g(T.)

u=r1

for T;, being the temperature at time u and g some function. For example, if we want to
consider a quanto option involving the HDD index, we choose ¢g(z) = max(18 — z,0). The
quanto option is exercised at time 75, and its arbitrage-free price C; at time ¢t < 75 is defined

as by the following expression:

Ot _ 6—r(72 —t) EifQ

(I11.3)

(e f)

U=T1 U="T1

Here, 7 > 0 denotes the risk-free interest rate, which we for simplicity assumes constant.
The pricing measure is denoted Q, and ]E?[] is the expectation operator with respect to Q,
conditioned on the market information at time ¢ given by the filtration F;.

We now argue how to relate the price of the quanto option to futures contracts on the
energy and temperature indexes E and I. Observe that the price at time ¢t < 7 of a futures

contract written on some energy price, (eg, natural gas) with delivery period [, 7] is given

by
FF(r,m) =E?

1 &
TQ—Tlug‘;lsu] '

At time t = 75, we find from the conditional expectation that

1 &
E _ E '
FT2 (7-177-2) - Sua
To —T1
U=T1

3Technically we should write 72 — 71 + 1, when using the discretely computed average. To ease the notation, we keep

T2 — 71 to determine the average over the period.
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ie, the futures price is exactly equal to what is being delivered. Applying the same argument
to a futures written on the temperature index, with price dynamics denoted Ff (7, 7), we

immediately see that the following must be true for the quanto option price:

(e fom)

U=T1 U="T1

Ct = G_T(T2 _t) E?

= IR [f (FE(m ), FA(n )] (1)

Equation (II1.4) shows that the price of a quanto option with payoff being a function of
the energy index E and temperature index I must be the same as if the payoff was a function
of the terminal values of two futures contracts written on the energy and temperature
indexes, and with the delivery period being equal to the contract period specified by the
quanto option. Hence, we view the quanto option as an option written on the two futures
contracts, rather than on the two indexes. This is advantageous from the point of view
that the futures are traded financial assets. We note in passing that we may extend the
above argument to quanto options where the measurement periods of the energy and the
temperature indexes are not the same.

To compute the price in (II1.4) we must have a model for the futures price dynamics
FFP(r,m) and F!(ry, 7). The dynamics must account for the dependency between the two
futures, as well as their marginal behaviour. The pricing of the energy quanto option has thus
been transferred from modelling the joint spot energy and temperature dynamics, followed
by computing the Q-expectation of an index of these, to modelling the joint futures dynamics
and pricing a European-type option on these. The former approach is similar to pricing an
Asian option, which for most relevant models and cases is a highly difficult task. Remark
also that by modelling and estimating the futures dynamics to market data, we can easily
obtain the market-implied pricing measure Q. We will see this in practice in Section I11.4,
where we analyse the case of gas and HDD futures. If we choose to model the underlying
energy spot prices and temperature dynamics, one obtains the dynamics under the market
probability P, rather than under the pricing measure Q. Additional hypotheses must be
made in the model to obtain this. Moreover, for most interesting cases, the quanto option
must be priced by Monte Carlo or some other computationally demanding method (see
Caporin et al. (2012)). Finally, but no less importantly, with the representation in (I11.4) at
hand we can discuss the issue of hedging energy quanto options in terms of the underlying
futures contracts.
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In many energy markets, the futures contracts are not traded within their delivery period.
That means that we can only use the market for futures up to time 77. This has a clear
consequence on the possibility to hedge these contracts, as a hedging strategy inevitably
will be a continuously rebalanced portfolio of the futures up to the exercise time 7. As
this is possible to perform only up to time 71 in many markets, we face an incomplete
market situation where the quanto option cannot be hedged perfectly. Moreover, it is to
be expected that the dynamics of the futures price have different characteristics within the
delivery period than prior to start of delivery, if it can be traded for times ¢ € (71, 75]. The
reason being that we have less uncertainty as the remaining delivery period of the futures
become shorter. In this paper we will restrict our attention to the pricing of quanto options
at times t < 71. The entry time of such a contract is most naturally taking place prior
to delivery period. However, for marking-to-market purposes, one is interested in the price
Cy also for t € (7q, ). The issuer of the quanto option may be interested in hedging the
exposure, and therefore also be concerned of the behaviour of prices within the delivery
period.

Before we start looking into the details of pricing quanto options, we investigate the
option contract of the type described in section III1.2.1 in more detail. This contract covers
a period of five months, from November through to March. Since this contract is essentially
a sum of one-period contracts, we focus our attention on an option covering only one month
of delivery period [y, 75]. Recall that the payoff in the contract is a function of some average
energy price and accumulated number of HDD. From the discussion in the previous section
we know that rather than using spot price and HDD as underlying assets, we can instead use
the terminal value of futures contracts written on price and HDD, respectively. The payoft

function p(FZ (71, 72), FL (1, ), Kp, K1, K, K;) = p of this quanto contract is defined as

p=" [max (Fg(ﬁ, ) — Kg, O) max (FTIZ(Tl, ) — K, 0)
+max (K — FE(71,7),0) max (K, — FL(r1,7),0)] (IIL.5)

where ~ is the contractual volume adjustment factor. Note that the payoff function in this
contract consists of two parts, the first taking care of the situation in which temperatures
are colder (and prices higher) than usual, and the second taking care of the situation in
which temperatures are warmer than usual (and prices lower than usual). The first part is
a product of two call options, whereas the second part is a product of two put options. To
illustrate our pricing approach in the simplest possible way it suffices to look at the product
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call structure with the volume adjuster v normalized to 1, ie, we want to price an option

with the following payoff function:

ﬁ (F7§<T17T2)7Fq-IQ(T17T2)7?E7FI> = max (FE(TMTQ) _FE70) (F-,-IQ(T177—2) —F[,O) .
(IIL.6)

In the remainder of this paper, we will focus on this particular choice of a payoff function
for the energy quanto option. It corresponds to choosing the function f as f(E,I) =
max(E — Kg,0)max(I — K,0) in (II1.4). Other combinations of put-call mixes, as well
as different delivery periods for the energy and temperature futures can easily be studied

by a simple modification of what follows.

I11.3 Asset Price Dynamics and Option Prices

Suppose that the two futures price dynamics under the pricing measure Q can be expressed

as

Ff(r,7m) = FP(r1,7) exp(up + X) (I1L.7)
Fr(ri,72) = F/ (11, 72) exp(pr +Y) (IIL.8)

where t <T'< 711, and X, Y are two random variables independent of F;, but depending on
t,T, 71 and 1. We suppose that (X,Y) is a bivariate normally distributed random variable

with mean zero. We define
ox =var(X), oy =var(Y) and pxy =cov(X,Y)

Obviously, ox,0y and pxy are depending on ¢,7,7, and 7. Moreover, as the futures
price naturally is a martingale under the pricing measure Q, we have up = —0%/2 and
pr =—0%/2.

Our general representation of the futures price dynamics II1.7 and II1.8 encompasses

many interesting models. For example, a bivariate geometric Brownian motion looks like
E E L,
Fr(m,m) = F7 (1, m) exp —§0E(T —t)+op(Wr — W)

1
Fl(r1,m) = FH (1, m) exp (—50?(7’ —t)+ or(Br — Bt))
with two Brownian motions W and B being correlated. We can easily associate this GBM to
the general set-up above by setting up = —0%(T—t)/2, uy = —03(T—1)/2,0x = opVT —t,
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oy = oI —t, and pxy being the correlation between the two Brownian motions. In
section II1.3.2, we show that also the two-factor model by Schwartz and Smith (2000) and
the extension by Sgrensen (2002) fits this framework.

II1.3.1 A General Solution for the Quanto Option Price and Hedge
The price of the quanto option at time ¢ is
C, = e "ER [p (FE(r, ), FL (11, 7), K, K1)] (I11.9)

where the notation E? states that the expectation is taken under the pricing measure Q.
Given these assumptions, Proposition 1 below states the closed-form solution of the energy

quanto option.

PRrOPOSITION III.1 For two assets following the dynamics given by (II1.7) and (II1.8), the
time ¢t market price of an European energy quanto option with exercise at time 7 and payoff

described by (II1.6) is given by
Cy = e (FtE<Tl7 7'2>Ft1(7'1, Ty )€Y IXTY M (Y™, y5™; pX,Y)
— FP (i, m) KM (37", 95" px.y ) (IIL.10)

— F/ (11, ) KM (y3, ys; pxy) + KeKiM (y1,ys; PX,Y))

where
log(Ff(m,m)) —log(Kg) — 30% _log(F/(r1,m)) —log(K;) — 303
n ox Y2 oy
Yy =1 + pxyoy Yy = Yo+ 0y
Yt =y ox Ys' =1y + pxyox
v =1+ pxyoy +ox Yy =1Ya+ pxyox + Oy

Here M (x,y; p) denotes the standard bivariate normal cumulative distribution function with

correlation p. O
Proof: Observe that the payoff function in (II1.6) can be rewritten in the following way:
p(FE ' Kp, K;) =max(F¥ — Kg,0)max(F' — K,0)
= (F" = Kp) (F' = K1) Lipeogpy Lprswy
=FPF pegy Lpszy — PR pesi Lpsg

o FIFEI{FE>FE}1{FI>F1} + FEFIl{FE>?E}1{FI>?I}

95



I11.3. Asset Price Dynamics and Option Prices

The problem of finding the market price of the European quanto option is thus equivalent to
the problem of calculating the expectations under the pricing measure QQ of the four terms
above. The four expectations are derived in Appendix III.A in details. |
Based on III.10 we derive the Delta and cross-Gamma hedging parameters, which can be
straightforwardly calculated by partial differentiation of the price C} with respect to the
futures prices. All hedging parameters are given by the current futures price of the two
underlying contracts and are therefore simple to implement in practice. The delta hedge

with respect to the energy futures is given by

oC, / 1
—F —r(re—t)+px,yoxoy M (yF* Blu N (v — -
SE = Flrm)e (30 7,05 ) + BTN — ) -
T _—r(1mo— *k *ok *k Kk 1
— K (M (1" v s pxy) + Blyi") N (s —px,y)a)
Ft1(7'177'2)FE —r(ra—t)
_ r(T B(vAON (v —
FE(rm)ox (Wi)N (s — pxy)
KpK
Pl e ™ By )Ny, — pxy) (ITL.11)

Ff (1, m)ox
where N(-) denotes the standard normal cumulative distribution function, and
e(xQ_pgcY)
re (1-r%ky)

The Delta hedge with respect to the temperature index futures is of course analogous to

B(x)

kokk

the energy Delta hedge, only with the substitutions FF(r,m) = Fi(m, ), yi™ = y3*,
Yt =yt Yl = Y5, Y1 = Yo, 0y = ox and ox = oy. The cross-Gamma hedge is given by
oC?
OFF (11, 79)0F} (11, 72)

—r(To— oxOo skk kK $okk kK 1
= e "(mTtPx yoxoY (M Wy pxy) + B(ys™) N (y7 —PX,Y);>

—r(1T20— ogx o kokk kK k 1 kkk 1
+e (r2—t)+px yox YB<y1 ) (N(y2 — PX,Y)_ + n(y2 - PX,Y)_)
Ox Oy

K 1
. —r(T2—t) BN (v — By Kk -
FtI(Tl,TQ)O'Ye ( (W )N — pxy) + By )n(ys pX’Y)aX>
FE —r(m2—t) 1
_ (T B * N * _ * _ _
PP m)ox" Wi) (N2 = pxy) +nlyz = pxy) -
KsK; —r(r2t)
+ e "V B(y)n(ys — I11.12
FE(r,72)Fl (11, 72)(0x + oY) (y)nly2 = pxy) ( )

where n(-) denotes the standard normal probability density function (pdf). In our model
it is possible to hedge the quanto option perfectly, with positions described above by the
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three Delta and Gamma parameters. In practice, however, this would be difficult due to low
liquidity in, for example, the temperature market. Furthermore, as discussed in Section
I11.2.2, we cannot in all markets trade futures within the delivery period, which puts
additional restrictions on the suitability of the hedge. In such cases, the parameters above

will guide in a partial hedging of the option.

IT1.3.2 Two-dimensional Schwartz-Smith Model with Seasonality

The popular commodity price model proposed by Schwartz and Smith (2000) is a natural
starting point for deriving dynamics of energy futures. In this model, the log-spot price is the
sum of two processes, one representing the long-term dynamics of the commodity prices in
form of an arithmetic Brownian motion and one representing the short term deviations from
the long run dynamics in the form of an Ornstein-Uhlenbeck process with a mean reversion
level of zero. Other papers such as Lucia and Schwartz (2002) and Sgrensen (2002) uses
the same two driving factors and extends the model to include seasonality. We choose the
seasonality parametrization of the latter and further extend to a two-asset framework by

linking the driving Brownian motions. The dynamics under P is given by

log St = A(t) + Xt -+ Zt
1 —
dXt = <,u— 50’2) dt+0th
dZ, = —rZdt+ vdB,

Here B and W are correlated Brownian motions and o0,k and n are constants. The
deterministic function A(t) describes the seasonality of the log-spot prices. In order to price
a futures contract written on an underlying asset with the above dynamics, a measure

change from P to an equivalent probability QQ is made:

1
dXt = (CY — 50‘2) dt + Uth
dZt = — ()\Z + K,Zt) dt + VdBt

Here, @« = u — Ax, and Ay and )y are constant market prices of risk associated with X,
and Z; respectively. This corresponds to a Girsanov transform of B and W by a constant
drift so that B and W become two correlated Q-Brownian motions. As is well-known for
the Girsanov transform, the correlation between B and W is the same under QQ as the one
for B and W under P (see Karatzas and Shreve (2000)). Following Sgrensen (2002), the
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futures price Fy(7) at time t > 0 of a contract with delivery at time 7 > ¢ has the following
form on log scale (note that it is the Schwartz-Smith futures prices scaled by a seasonality

function):
log Fy(1) = A(T) + A(T — t) + Xy + Zye 7Y (T11.13)

where
2

A(T) = ar — —AZ I{pm/ (1 — e_’”) + Z—R (1 — 6_2’”) )
The log futures prices are affine in the two factors X and Z driving the spot price and scaled
by functions of time to delivery 7—t and by functions of time of delivery, 7. Sgrensen (2002)
chooses to parametrize the seasonality function A by a linear combination of cosine and sine

functions:
K
A(t) =) ( cos(2mkt) + 7 sin(2mkt)) (I11.14)

k=1

In this paper, we have highlighted the fact that the payoff of energy quanto options can
be expressed in terms of the futures prices of energy and temperature index. We can use
the above procedure to derive futures price dynamics from a model of the spot. However,
we can also state directly the futures price dynamics in the fashion of Heath-Jarrow-Morton
(HJM) using the above model as inspiration for the specification of the model. The HIM
approach was proposed to model energy futures by Clewlow and Strickland (2000), and
later investigated in detail by Benth and Koekebakker (2008) (see also Benth, Benth, and
Koekebakker (2008) and Miltersen and Schwartz (1998)). We follow this approach here,
proposing a joint model for the energy and temperature index futures price based on the
seasonal Schwartz-Smith model.

In stating such a model, we must account for the fact that the futures in question are
delivering over a period [y, T3], and not at a fixed delivery time 7. An attractive alternative
to the additive approach by Lucia and Schwartz (2002), is to let Fy(7y,72) itself follow a
dynamics of the form (I11.13) with some appropriately chosen dependency on 7 and 7. For
example, we may choose 7 = 7 in (IIL.13), or 7 = (7, + 72)/2, or any other time within
the delivery period |7, 7o]. In this way, we will account for the delivery time-effect in the
futures price dynamics, sometimes referred to as the Samuelson effect. We remark that it
is well-known that, for futures delivering over a period, the volatility will not converge to
that of the underlying spot as time to delivery goes to zero (see Benth et al. (2008)). By
the above choices, we obtain such an effect.
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In order to jointly model the energy and temperature futures price, two futures dynamics
of the type in (I11.13) are connected by allowing the Brownian motions to be correlated across
assets. We will have four Brownian motions W¥, B¥ W/ and B in our two-asset, two-factor
model. These are assumed correlated as follows: pp = corr(WE, BF), pr = corr(W], Bf),

pw = corr(WE W) and pp = corr(BE, Bl). Moreover, we have cross-correlations given by

p?/éB = corr(W{, BF)

pgf’[B = corr(WE, BY)

In a HIM-style, we assume that the joint dynamics of the futures price processes FF (7, 7o)
and F(71,72) under Q is given by

dFti(Tl, 7'2)

— 22— 5 dWE 4 n;(1)d B! I11.15
th(Tl’T2> t 77( ) t ( )

for i« = £, I and with
i) = vie " (270 (II1.16)

Note that we suppose the futures price is a martingale with respect to the pricing measure
@, which is natural from the point of view that we want an arbitrage-free model. Moreover,
we have made the explicit choice here that 7 = 75 in (II1.13) when modelling the delivery
time effect. Note that

4 1 - _
dlog F (1, 72) = -5 (UZ-2 + i (t)* + 2piami(t)) dt + o, dW} + n;(t)d By

for i = E,I. Hence, we can make the representation F¥ (7, 7) = FF(r, ) exp (—ug + X)

by choosing

T
X NN(O,/ (0% +18(s)* + 2ppoEns(s)) d3>a g = —50%
t

N J/

TV
2
Ix

and similarly for Fl(7, 7). These integrals can be computed analytically in the above

model, where 7;(t) = vie " (2= We can also compute the correlation px,y analytically,

cov(X,Y)
oXo0Yy

since pxy = and

T T T T
cov(X,Y) :pW/ JEaIds+pK’IB/ o*Em(s)ds—l—p%’gB/ nE(s)alds—l—pB/ ne(s)ni(s)ds
t t t t
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A closed-form expression of this covariance can be computed. In the special case of zero

cross-correlations this simplifies to

T T
cov(X,Y) = pW/ opords + pB/ ne(s)ni(s)ds
¢ ¢

The exact expressions for ox, oy and cov(X,Y) in the two-dimensional Schwartz-Smith
model with seasonality are presented in Appendix III.B.

This bivariate futures price model has a form that can be immediately used for pricing
energy quanto options by inferring the result in Proposition 1. We shall come back to this
model in the empirical case study in Section II1.4. The general setup in section I11.3 above
includes in fact the implied forward dynamics from general multi-factor spot models, with
stationary and non-stationary terms. Hence, this is a very general pricing mechanism, where
the basic essential problem is to identify the overall volatilities oy and oy, and the cross-
correlation py y. As a final remark, we note that our pricing approach only looks at futures
dynamics up to the start of the delivery period 71. As briefly discussed in Section I11.3.2 it is
reasonable to expect that the dynamics of a futures contract should be different within the
delivery period |11, 75]. For times ¢ within [71, 73] we will, in the case of the energy futures,

have

t
1
Fi(riym) = —— > S+ E?
U=T1

R
Sul -
T2— T u;i-l u]
Thus, the futures price must consist of two parts, the first simply the observed energy spot
prices up to time ¢, and next the second the current futures price of a contract with delivery

period [t, T5]. This latter part will have a volatility that must go to zero as ¢ tends towards

T2.

II1.4 Empirical Analysis

In this section, we present an empirical study of energy quanto options written on NYMEX
natural gas futures and the Heating Degree Days temperature index. We present the futures
price data which constitute the basis of our analysis, and estimate the parameters in the
joint futures price model (II1.15). We then discuss the impact of correlation on the valuation
of the option to be priced.
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I11.4.1 Data

Futures contracts for delivery of gas are traded on NYMEX for each month ten years out.
The underlying is delivery of gas throughout a month and the price is per unit. The contract
trades until a couple of days before the delivery month. Many contracts are closed prior to
the last trading day, and we choose the first 12 contracts for delivery at least one month
later. For example, for January 2 2007, we use March 2007 to February 2008 contracts.
We denote the time-t futures price for a contract delivering one month (= A) up till 7, by
FFP([r2— A, 75]) and let the price follow a process of the type (I11.13) discussed in the section
IT1.3.2. When investigating data, there is a seasonality pattern over the year, where prices,
in general, are lowest in late spring and early fall, slightly higher in between these periods
and highest in the winter. These two "peaks” during the year are modelled by setting K = 2
in equation (III.14) similar to the seasonal pattern of the commodities studied in Sgrensen
(2002). The choice is statistically supported by the significance of parameter estimates and
standard errors for the +’s. The evolution of the futures gas curves is shown in Figure I1I.1.

Futures contracts on accumulated HDD are traded on CME for several cities for the
months October, November, December, January, February, March, and April, a couple of
years out. The contract value is $20 for the number HDD accumulated over the month for
a specific location, ie, a day with temperature is 60°F adds 5 to the index and thereby $100
to the final settlement, whereas a day with temperature is 70°F' does not add to or subtract
from the index. The contract trades until the beginning of the concurrent month. The
futures price is denoted by Ff(m5 — A, 7») and settled on the accumulated index, Y. HDD,.
Liquidity is basically non-existent after the first year, so for every day we choose the first
seven contracts, where the index period has not yet started, ie, for January 2, 2007, we use
the February 2007, March 2007, April 2007, October 2007, November 2007, December 2007
and January 2008 contracts.

Again, we let the futures price follow a price process of the type (I11.13). The stationary
part represents the short term random fluctuations in the underlying temperature deviation.
Over a long time, we might argue that temperature and thereby a month of accumulated
HDD has a long term drift, but during the time period our data covers, the effect of
long-term environmental changes are negligible. The short time period covered speaks
justifies leaving out the nonstationary part, X. However, estimation of the full model led

to significant parameter estimates for o; (see Section II1.4.2), so we choose to keep the
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Figure II1.1. Evolution of the gas futures curve as a function of maturity 7.
For each day t, the observed futures curve Fi (72 — A, 72) with A = 1 month is plotted as a function of 7. We observe
up to 12 maturities at each observation point t. From ¢ = 1-Jan-2007 to 31-Dec-2010 one observed futures curve per

week is plotted in the figure.

long-term component in for the temperature index as well.

Inspection of data makes it clear that there is a deterministic level for each month, which
does not change much until we get close to index period and the weather reports thereby
starts to add information and affect prices. An obvious choice for modelling this deterministic
seasonal is along the lines of Lucia and Schwartz (2002), where the seasonality is modelled
by dummy for each month. With seven observed contracts, this would give us four additional
parameters to estimate. Due to this and for keeping the two models symmetrical, we choose
to keep the same structure as for the gas, but with K = 1 in equation (III.14). The chosen
locations are New York (and Chicago in Appendix III.LE), due to their being areas with
fairly large gas consumption. The development in the term structure of HDD futures prices
are shown in Figures I11.2, where the daily observed futures curves are plotted as a function
of 7.
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Figure I11.2. Evolution of the New York HDD futures curve as a function of maturity 7.
For each day ¢, the observed futures curve F;(72 — A, 72) with A = 1 month is plotted as a function of 5. We observe
up to seven maturities at each observation point ¢. From ¢ = 1-Jan-2007 to 31-Dec-2010 one observed futures curve
per week is plotted in the figure. There is the same number of curves as in Figure 1, but because of low liquidity,
HDD futures prices do not fluctuate much from day to day except for the first contracts. Therefore, many of the

curves are lying on top of each other.
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HDD (NY) Gas
I 0.0063 —0.0850
(0.0247) (0.0989)
K 16.5654 0.6116
(1.1023) (0.0320)
o 0.0494 0.2342
(0.0059) (0.0200)
v 3.6517 0.6531
(0.6197) (0.0332)
P —0.6066 —0.6803
(0.0801) (0.0656)
o' 0.0027 —0.3366
(0.0049) (0.0246)
A —5.9581 —0.9191
(2.3059) (0.1968)
Oc 0.0655 0.0199
(0.0006) (0.0001)
Y1 0.9044 0.0500
(0.0023) (0.0003)
i 0.8104 0.0406
(0.0018) (0.0003)
N/A 0.0128
72 / (0.0003)
x N/A 0.0270
T2 / (0.0003)
o —0.2843
(0.0904)
pB 0.1817
(0.0678)
14 36198

Table I11.2. Parameter estimates for the two-dimensional two-factor model with

seasonality, when New York HDD futures and NYMEX gas futures are modeled jointly.

I11.4.2 Estimation Results

We estimate the parameters using Maximum Likelihood Estimation via the Kalman filter
technique (see Appendix III.D), as in Sgrensen (2002). The resulting parameter estimates
for gas and New York HDD are reported in Table I11.2 with standard errors based on the
Hessian of the log-likelihood function given in parentheses. Estimates obtained by using
HDD for Chicago are reported in Appendix III.E. Both under the physical and the risk
neutral measure, the drift of the long term component for gas is negative. This matches the
decrease in gas prices over time. The volatility parameters corresponds to a term structure
of volatility that for gas starts around 50%. For HDD futures, the annualized volatility
starts at a very high level of more than 100% for the closest contract and then quickly
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drops. For both types of contracts, we see a negative correlation between the long- and the
short-term factors. For gas, this is obvious, because it creates a mean reversion effect that
is characteristic of commodities. The positive short-term correlation reflect the connection
between temperature and prices. If there is a short term shock in temperature, this is
reflected in the closest HDD futures contract. At the same time, there is an increase in
demand for gas leading to a short term increase in gas prices. The standard deviation of
the estimation errors for the log prices is, on average, 2% for the gas contracts and a bit
higher (around 6%) for the HDD contracts. Figure I11.3 show the the model fit along with

observed data and Figures I11.4-I11.5 in show plots of the squared pricing errors.

1200

1000 |- \ ) o A
N [ N
1 TN Y ;o !
800 . 1 5 1 I | 714
P lw Ir L i ‘»"i I A :
Q
E 6001 i i ! i [ [ il
. 1 | J
I 7 | - | - | -~
400 1 | [ | - [ . roq
i r L v
200 T 7T T T - >~ A
0 | | |
Jan—-07 Jan—08 Dec—-08 Dec—-09 Dec-10
Closest HDD
14
+
‘.INI
121 yot b
P
y (
10 ! B
g i
o i I 1\
Q A
E 7\]rvL A'llv\ ! ! \]/Lv\r“" \\‘IJ\ i
. ', 1M . [
] S Vil
6F N W . Sy -
A M e
v/ . . Y .. ‘v\," >
4l \/vr\/lrv-\/‘/\lflﬁ““v ‘\; N jaar s RURTWA
2 | | |
Jan-07 Jan—08 Dec—08 Dec—09 Dec-10

Closest gas futures

Figure I11.3. Model prices and observed prices for New York HDD and NYMEX gas
The figures shows model prices (dashed line) and observed prices (dotted line) for the closest maturity, when prices
of natural gas futures (bottom panel) and New York HDD futures (top panel) are modelled jointly. The errors
between model and observed prices has a standard deviation of around 2% resp. 6.5%. Especially for the HDD
futures contracts, the roll time of the futures contract is identifiable by the jump in prices. For the period April to

September, the closest HDD future is the October contract, which is seen in the figure as a the longer, flatter lines.
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Figure II1.4. Time series of squared percentage pricing errors for gas.
The figure shows the time series of squared pricing errors of the percentage difference between fitted and actual
NYMEX natural gas futures prices when modelled jointly with New York HDD futures. The pricing errors are
largest around the 2008 boom/bust in energy prices.

111.4.3 A case study

To consider the impact of the connection between gas prices and temperature (and thus
gas and HDD futures), we compare the quanto option prices with prices obtained under the
assumption of independence, and thus priced using the model in Black (1976) (see Appendix
[1.C). If the two futures were independent, we would get (Cy denotes the price under the

zero correlations assumption)
CY = 722 [max (FZ (11, 7) — Kg,0)] x E? [max (F. (m1,72) — K;1,0)], (II1.17)

which can be viewed as the product of the prices of two plain-vanilla call options on the
gas and HDD futures respectively. In fact, we have the price C? given in this case as the
product of two Black-76 formulas using the interest rate /2 in the two respective prices.
From the Figures II1.6 and IIL.7, it is clear that the correlation between the gas and HDD
futures significantly impacts the quanto option price. The left graphs on figures I11.6 and
IT1.7 shows the quanto option price on December 31, 2010 for two different settlement
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Figure II1.5. Time series of squared percentage pricing errors for New York HDD.
The figure shows the time series of squared pricing errors of the percentage difference between fitted and actual New
York HDD futures prices when modelled jointly with NYMEX natural gas futures. The pricing errors jump when

the contract roll.

months; December 2011 and February 2011 respectively. The right graphs on figures I11.6
and ITI.7 shows the relative pricing error between the quanto option price with and without
correlation across assets. The ratio of the change in quanto option price to the product of the
marginal options, ie, (Cy — C?)/C} is plotted. For a short time to maturity, we see a relative
pricing error of more than 75% for the high strikes. The fact that the observed correlation
increases the quanto option price compared with the product of the two marginal options
indicates that more probability mass lies in the quanto’s exercise region. For short time to
maturity especially, ignoring correlation can lead to significant underpricing of the quanto

option.

I11.5 Concluding remarks

In this paper, we presented a closed-form pricing formula for an energy quanto option under
the assumption that the underlying assets were lognormal. Taking advantage of the fact
that energy and temperature futures are designed with a delivery period, we showed how
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Figure II1.6. Quanto option prices and relative pricing differences for a one-year option

The left figure shows the price of a quanto option as a function of the two strike values. The contract is priced on

December 31, 2010 for settlement in December 2011. The right figure shows the relative pricing error between the

quanto option price calculated with and without correlation across assets. The interest rate is set to 2%. Current

futures prices are 5.0920 and 805 respectively. Depending on the strikes, the relative price error is up to 40%.
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Figure I11.7. Quanto option prices and relative pricing differences for a one-month option

The left figure shows the price of a quanto option as a function of the two strike values. The contract is priced on

December 31, 2010 for settlement in February 2011. The right figure shows the relative pricing error between the

quanto option price calculated with and without correlation across assets. The interest rate is set to 2%. Current

futures prices are 4.405 and 797 respectively. Depending on the strikes, the relative price error can be more than

75%.
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quanto options can be priced using futures contracts as underlying assets. Correspondingly,
we adopt an HJM approach, and modelled the dynamics of the futures contracts directly.
We showed that our approach encompasses relevant cases, such as GBMs and multifactor
spot models. Importantly, our approach enabled us to derive hedging strategies and perform
hedges with traded assets. We illustrate the use of our pricing model by estimating a two-
dimensional two-factor model with seasonality using NYMEX data on natural gas and CME
data on temperature HDD futures. We calculated quanto energy option prices and show how

correlation between the two asset classes significantly impacts the prices.
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Appendix

III.A Proof of pricing formula

In Section III1.3.1 we showed that the payoff function in (III.6) could be rewritten in the

following way:

p(EE FL K, Kg) = max(Ff — K,0) - max(Ff — Kg,0)
= (Ff = Kg) - (Fr = K1) - Lipporny  Yrtswn
= FfFf- Lipesgey - Lipiswy — FPK;- Lipesrey - Lipswn

~ FrKp- Yrps®ey Lppsrn + KpK; - Yrpsgey  Lipswry

Now, let wus calculate the expectation under Q of the payoft function, ie,
E? [ﬁ(FJJ“EaFIIHFI;KE)} We have

E? [p(FF, Fi, K1, Kp)| = Ef [max(F{ — K1,0) - max(Ff — Kp,0)]
= B2 | FEFM gy gy | — BY [FER 1 gy Lnpoeny |
_ E? [F%EEl{F;?>FE}1{F;>E}] + E? [EE?A{F{:BKE}L@E}] .
(IT1.18)

In order to calculate the four different expectation terms we will use the same trick as
Zhang (1995), namely to rewrite the pdf of the bivariate normal distribution in terms of the
marginal pdf of the first variable times the conditional pdf of the second variable given the
first variable. Remember that we assume FX and F}. to be lognormally distributed under

Q (ie, (X,Y) are bivariate normal):

Ff = FFeretX (I11.19)
Fl = FlertY (I11.20)
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where 0% denotes variance of X, 0% denotes variance of Y, and they are correlated by px y.

Consider the fourth expectation term first:
E;;Q KEKIL{FZE>FE}1{F§>FI}}
= ?EK[]E? |:1{FE>FE} 1{FI >F]}j|
:KEK[@t {FT > KE}Q{ FT >K[})

(
= KpK,Q, ({FFe""™ > Kg} n {F/e™ > K, })

-k (o () mf o () o)
— — FE FI
et (o <t () ey <t () o)

= KEK[ . M(ylayQEPX,Y)

where (€1, €2) are standard bivariate normal with correlation px y and

lo Ll + 1 5 +
S\ %, HE 0%\ &%, K
Y = and yo = .
ox Oy

Next, consider the third expectation term,

E? FZI{FEl{FTE>fE}1{F%>fI}] = F/Kge"E [eyl{F£>fE}1{F%>?1}]

= EIFEeulE [60Y621{61<y1}1{62<y2}]
_ Y2 Y1
= FtIKEe'uI / / €UY62f (61, 62) d€1d€2

. Y2 Y1
= FtIKEe'uI / / €UY62f (62) f (61 ’62) d€1d€2
1 2

I Y2 Y1 1
—FKEe‘”/ e’y _exp 56 | %

1 )
exp | ———5— (€1 — px ye2)” | derdes.
V214 /1 —pg(y [2(1 — k) ]

Using the substitution w = —€; + p¢, ,0y and z = —€3 + oy, the exponent in the above

(I11.21)

expression becomes:

1, 1
Oy€o — 562 - m (61 + pX Y62 2pX y€162>
1
== 5 (—20v (1 = p& y)ea + (1 = pXy )65 + € + pi yes — 2px ver€a)
2(1 - pX,Y)
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1 9 ) )
= -5 (€] — 20y (1 — -9
2(1 - p% y) (€ = 20y (1 = pxy)ea + € — 2px,yeren)
1 2 2 2 9
= -2 —(1—
2(1 - pky) (w'+2 pxyzw — (1= pxy)oy)
1 ( 2, .2 9 ) n 012/
=757 3 W 25— 2px yRW —,
2(1 - P%{,Y) 2

which enable us to rewrite (II1.21) as

E; [FZ{FEl{F:,’?>?E}1{F%>?I}} =

;2 (w2 + 22— 2pX7yzw) dwdz

_ o2 (Y2 (U] 1
FIR e+ F / / 1 -
—00 /=00 27 /1 — p% 2(1 = pxy)
02
= F/Kpe"™ = M (y],95: px.y)
where

Y1 =y +pxyoy and Yy, =1ys +oy.

The second expectation term can be calculated in the same way as we calculated the
third term. The only difference is that we now use the substitution w = —e; + ox and

Z = —€+ px,y0Ox, SO we can write

]E? [Fffll{FbFE}l{F#E}} -

; (w2 + 22— 2pX7yzw) dwdz

o N 1
F; K[e“E+2/ / —————exp |- 7
—o0 J—o0 2y [1 — p% y 2(1 = pxy)
o2
= FPE "= M (47", 43" px.v)

where

Y1 =wy1+ox and " =1y +pxyox.

Finally, consider the first expectation term in (II1.18),
E? FTEFI{l{F7@>FE}1{F%>?1}:| = FFF/ers RS [€X+Y1{F£>?E}1{F%>E}]
— FtEtheuEJrMIE? [eax€1+ay62 1{61<y1}1{62<y2}}
Y1 Y2
= FtEFtIe“E+“’/ / eOXTY e f(e) er)deade;  (111.22)
Using the same trick as before with the substitution v = —e + pxyoy + ox and

V= —€+ px yox + oy, expression (I11.22) can be written
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— pEpI ME'HLH‘l 0% +o? +2px yoxOY soksk skokok
= Fe 27Xty )M(Zh » Yo aPX,Y)

(I11.23)

where

*k >k *kk

Y =1y +pxyoy +ox and Y3 =ys+ pxyox +oy.
Thus, the expectation of the payoff function is
E? [ﬁ(FJI:Ja FJIWFLFE)} = FtEFtIGMEJFMJF%(Jg‘ﬂ%”px’YJXOY)M(yT**a Y2 px )
- Fffze*‘“%M (i v px )
- FtIFEeMJréM (Y15 Y35 Px )
+ KpKr- M (y1, 92 pxy) -

Discounting the expected payoff gives us the price of the option.

II1.B Closed-form solution for ¢ and p in the two-dimensional Schwartz-Smith

model with seasonality

T 2
0_%( = / (0,29 + (uEe’“E(T’S)> + 2pE0E <VEe”E(TS)>) ds
t

T T
= a%(T —t)+ I/E/ e~ (T=9) dg 1 2,0E0EVE/ e~
t t

VE _9,.E E E PEOCEVE _,E E E
:U%(T—t)—l— Ee 2K ’T<€2K) T_62Ii t>+2 = e FT [ef T_em t .
2K K

T T
COU(Xa Y) = pW/ UEU[dS —+ pB/ <yEe_”E(T_S)> (Vle—nl(r—s)> ds
t t

T
= pWo'E(TI(T — t) —+ PBVEI/IG_(KE"_'”)T/ e(f@E-&-m)st
t

PBVEVI e*(fﬂE#*Ii[)T <e(nE+nI)T . e(,‘iE+NI)t> .
KE + k! ’

T*S)ds

= pr'EO'[(T — t) +
cov(X,Y)
PXy — ———.
Ox0y

When T' = 7, this simplifies to

Ox = 0-]25(7— — t) + V—E <1 — G_QHE(T_t)> + 2pEUEVE (1 . 6nE(T—t)) :

2kE KE
pw oo (T — t) + 23y (1 - e’(“E+”1)(T’t)>
PxXy =
Ox0y
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II1.C One-dimensional option prices
In this section, option prices on one underlying is presented. As for the joint case, assume
that the dynamics of a gas futures contract is given by:

Ff(Tl,TQ) = FtE(7'177'2> eXp(/LE + X)

Consider now a call option written on gas futures only. The price ¢; of this option is then

given by the Black (1976) formula, i.e.
e =e "TD[FN(dy) — KN(dy)],

where o -

ox 0x
The same formula of course applies to an option written only on temperature futures.

ITII.D Estimation using Kalman filter techniques

Given a set of observed futures prices, it is possible to estimate the parameters using Kalman

filter techniques. Let
/
Vo= (LT gL (T) JE (D)) g ()

I
denote the set of log futures prices observed at time ¢, with maturities T}, ... ,TnM " for the
E
temperature contracts and maturities 7!, . .. ,Té‘/[ " for the gas contracts. The measurement

equation relates the observations to the unobserved state vector U, = (X, Z;,) by
Yn = dn + CnUn + €,

where the €’s are measurement errors assumed iid normal with zero mean and covariance

matrix H,. In the present framework we have

y T,}—tn
AT (T + AT(T) — 1) 1)
: . ‘J\/I{L
B B CE Ry CEL I I I S
" AE(TY) + AE (TY —t,) T (T
E (mMF E (pMF B (M _
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2 T 0
and H,, = el My
O OS,EIMf

The state-vector evolves according to
U,=c+TU,+n,

where 7,, are i.i.d. normal with zero-mean vector and covariance matrix ) and where

ph =1 (o?)’ 10 0 0
0 0 e ™At 0 0
c = ILLE_%(O_E)Q 7An+17 T: 0 O 1 0 )
0 0 0 0 e " Bnt
(01)2 Apt1 0 pSO'IO'EAn+1 0
0 G 0 g (1 )
Q = pSO'IO'EAn+1 0 (O’E)2 An+1 0
0 (et G (1-emamn)
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IIILE. Result of analysis using data from Chicago

III.E Result of analysis using data from Chicago

This section contains the results of the estimation on Chicago HDD futures modelled jointly

with NYMEX gas futures. The results are very similar to those presented in Section I11.4.
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Figure II1.8. Evolution of the Chicago HDD futures curve as a function of maturity 7.
For each day t, the observed futures curve Fy(m2 — A, 72) with A = 1 month is plotted as a function of 72. We observe
up to seven maturities at each observation point ¢. From ¢t = 1-Jan-2007 to 31-Dec-2010 one observed futures curve
per week is plotted in the figure. There is the same number of curves as in Figure 1, but because of low liquidity,
HDD futures prices do not fluctuate much from day to day except for the first contracts. Therefore, many of the

curves are lying on top of each other.

The parameters are again estimated using Maximum Likelihood Estimation and the
Kalman filter. The resulting parameter estimates for gas and Chicago HDD are reported in
Table II1.3 with standard errors based on the Hessian of the log-likelihood function given
in parentheses. Figure II1.9 show the the model fit along with observed data and Figures
IT1.10-I11.11 in show plots of the squared pricing errors.
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HDD (Chicago) Gas

W 0.0126 —0.0817
(0.0191) (0.0998)
K 18.8812 0.6034
(1.3977) (0.0317)
o 0.0379 0.2402
(0.0051) (0.0209)
v 4.3980 0.6647
(0.8908) (0.0335)
p —0.5509 —0.7038
(0.0948) (0.0611)
o 0.0107 —0.3403
(0.0040) (0.0249)
A —5.8799 —0.9438
(2.9083) (0.1988)
Oe¢ 0.0554 0.0199
(0.0005) (0.0001)
Y1 0.8705 0.0499
(0.0019) (0.0003)
i 0.6391 0.0406
(0.0015) (0.0003)
N/A 0.0128
2 / (0.0003)
5 N/A 0.0270
T2 / (0.0003)
oV —0.2707
(0.0909)
pB 0.1982
(0.0643)
l 37023

Table I11.3. Parameter estimates for the two-dimensional two-factor model

with seasonality, when Chicago HDD futures and NYMEX gas futures are modeled jointly.
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Figure II1.9. Model prices and observed prices for Chicago HDD and NYMEX gas
The figures shows model prices (dashed line) and observed prices (dotted line) for the closest maturity, when
prices of natural gas futures (bottom panel) and Chicago HDD futures (top panel) are modeled jointly. The errors
between model and observed prices has a standard deviation of around 2% resp. 6.5%. Especially for the HDD
futures contracts, the roll time of the futures contract is identifiable by the jump in prices. For the period April to

September, the closest HDD future is the October contract, which is seen in the figure as a the longer, flatter lines.
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Figure II1.10. Time series of squared percentage pricing errors for gas.
The figure shows the time series of squared pricing errors of the percentage difference between fitted and actual
NYMEX natural gas futures prices when modeled jointly with Chicago HDD futures. The pricing errors are largest
around the 2008 boom /bust in energy prices.



0.04 0.02

[
2 0.02 2 0.01 lj Aﬂ-(
r
0 .L L N AMLMJ L RMWI 0 LJ‘\M Nﬂ M\‘ LL«VJJ
Jan—07 Jan—08  Dec-08 Dec—09 Dec-10 Jan-07 Jan-08  Dec-08 Dec-09 Dec-10
closest 2nd closest
0.01 0.01
\ S,
= 0.005 ‘/ & 0.005 /
M| - | QL
o/ r oL A L
Jan—07 Jan-08  Dec-08 Dec—09 Dec-10 Jan-07 Jan—08  Dec-08 Dec-09 Dec-10
3rd closest 4th closest
0.02 \ 0.02
2 0.01 (LHJL \*“’MH ]/1 2 0.1 \ \.
NURN \ﬂﬁ
L A7 R T
Jan-07 Jan-08  Dec-08 Dec-09 Dec—-10 Jan-07 Jan-08  Dec-08 Dec—09 Dec—-10
Sth closest 6th closest
0.02
= 0.01 JL
N ﬁj S )

Jan—07 Jan-08  Dec-08 Dec—09 Dec-10
7th closest

Figure III.11. Time series of squared percentage pricing errors for Chicago HDD.
The figure shows the time series of squared pricing errors of the percentage difference between fitted and actual
Chicago HDD futures prices when modeled jointly with natural gas futures. The pricing errors jump when the

contract roll.



A Short Note on Pricing of Energy Quanto Options

Essay 1V

A Short Note on Pricing of Energy Quanto Options

Abstract

In energy markets, market prices and demand are often positively
correlated leading to an amplified risk for e.g., retail energy companies.
Because of standardized derivatives’ inability to hedge this risk,
market participants have turned to using contracts that pay off
dependent on both energy prices and a load-correlated variable such as
a weather index. An example of such a contract is the so-called “energy
quanto” option that only pays off, if both prices and the weather index
are high (or if both are low). Under the assumption of a log-normal
framework, the energy quanto option price can be approximated by
a pricing formula involving the correlation, current individual asset
prices and option prices, volatilities and Greeks. These quantities are
known or can be assessed by market participants, thereby yielding a

fast pricing method for energy quanto options.
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IV.1. Introduction

IV.1 Introduction

A major risk in commodity markets is the quantity risk arising from the participants not
having full control over production or consumption. A classic example from the world of
energy is the Load Serving Entity, who needs to provide their electricity retail customers
with the demanded quantity at a pre-determined rate. As price and quantity is positively
correlated, this could lead to an undesired situation, when price and quantity are high as
this leads to a loss for the LSE, or when price and quantity are low as this leads to only a
small revenue. Also in agriculture, a farmer faces quantity risk as he is selling his crops at
market prices, while not being able to control the exact production.

In Essay II, it was argued why double structure options or energy quanto options as
discussed in Caporin et al. (2012) and Benth et al. (2015) is a natural contract structure
when hedging quantity risks. The applicability of these is further supported by statements
from re-insurance companies as Swiss Re! and Munich Re?. The pricing question, also
addressed in e.g., Jorgensen (2007), Caporin et al. (2012) and Benth et al. (2015), is in
practice complicated, as the underlying contracts are often not traded liquidly in the market
and pricing methods would either rely on assumptions about risk-neutral distribution or an
actuarial approach, where the price is set according to an acceptable loss.

In this note, a price approximation formula is derived. Assuming a log-normal framework
for the two underlying assets, a price approximation is stated in terms of Deltas, Gammas,
single options, (integrated) volatility and correlation of underlying (log-)prices. Some of the
values are given in case of liquidly traded markets and otherwise a value that a market
participant has an opinion about. The log-normal framework encompasses models like
Schwartz and Smith (2000), Sgrensen (2002) or the multi-factor model first introduced
by Clewlow and Strickland (1999) and further analysed in Benth and Koekebakker (2008).

The approximation formula is presented in the next section and a numerical example

illustrates the pricing error and behaviour. All proofs are given in Appendix IV.A and IV.B.

IV.2 The Quick and Dirty Formulas

Assume that the energy quanto option is written on two underlying assets that follows a

joint log-normal distributed. More specifically, the future energy price can be written as

"http://www.swissre.com/corporate solutions/weather risk solutions double trigger.html

2Munich Re: Topics Risk solutions, Issue 4, 2014
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Er = Eye"=t75X and the future index contract’s price can be written as Ip = [pet oY,
where (X,Y) is standard bivariate normal with correlation p. The price of an energy quanto

option with strikes K resp. K is then given as
C(Ey, Io; p) =¢""E® [max (Ege™* 77X — K, 0) x max (loe" ™" — K;,0)]  (IV.1)

To approximate the price of the energy quanto option, a first order Taylor approximation

of (IV.1) around p = 0 gives the following approximation for the energy quanto prices®:

PROPOSITION IV.1 (FIRST ORDER APPROXIMATION FOR ENERGY QUANTO OPTION)
Using the above introduced notation; when the underlying asset are log-normally distributed
under the pricing measure, the energy quanto option price can be approximated using
individual option prices, current asset values, Deltas, volatilities and correlation of log-
prices:

oC
C(Eo, Io; p) =C(Ey, Io; 0) + Pa—p(Eo,fo;O)

=T [Cp(Eo)Cr(lo) + pEoloopor Apl] (IV.2)

Here, Cg(Ey) denote the price and Ag the option A for a corresponding call option on

energy with strike K and similar for the index?. O

Proof: This results is derived from a first order Taylor approximation of (IV.1) around

p = 0. See the details in appendix IV.A. |

PROPOSITION IV.2 (SECOND ORDER APPROXIMATION FOR ENERGY QUANTO OPTION)
When the underlying asset are log-normally distributed under the pricing measure, the
energy quanto option price can be approximated using individual option prices, current

asset prices, Deltas and Gammas, volatilities and correlation of log-prices:

oC 9*C
C(Eo, lo; p) =C(Eo, 1; 0) + /)a—p(Eo, 1p;0) + %3—p2

=" [Cy(Eo)Cr(lo) + pEoloopo i Ap;
+ 10 Eylo020? Tl By + ApA; + Tl Eoly + T A gl ] (IV.3)

(E07IO;0)

3Similar price approximations can be derived for a product of swaps (the so-called energy quanto swaps), but not
for spread options as the derivative with respect to p is not multiplicative.
45; denotes the square root of the integrated variance of the contract from today to maturity. In the most simple

case such as Black-Scholes, this equals ov/T
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Proof: This results is derived from a second order Taylor approximation of (IV.1) around

p = 0. See the details in appendix IV.A. |

As an energy quanto option price has to be non-negative, the price approximations should

further be capped at zero.

IV.3 Numerical Example

The proposed formula enables us to write the price of an energy quanto option in terms of
individual option prices, deltas and volatilities. Obviously, the approximation will be best
around p = 0. Figures IV.1-IV.2 show the performance of IV.1 and IV.2 for the values given
in Table IV.1.

EO KE ofp IO K[ gr r T
4 4 0.4 1000 1000 0.5 0 1

Table IV.1. Parameters for numerical example.

Figure IV.1 shows the exact energy quanto option price for the parameters given in
Table IV.1 as well as the two price approximations. The energy quanto option price
is convex in correlation, so with the price approximation in Proposition IV.1 being
linear, the approximation will always underestimate the true price. Further, it will at
not be a relevant approximation once the correlation becomes sufficiently negative after
which the approximation returns a negative value. The approximation in Proposition
IV.2 underestimates the price as correlation increases and overestimates the price when
correlation decreases.

Figure IV.2 show the percentage price error:

Price — Approximation

Error =
Price

The first order price approximation quickly becomes large, when the correlation deviates
from zero. The second order price approximations is more accurate. For the parameters
given in Table IV.1, the absolute pricing error is less than 1%, when correlation is between
—0.4 and 0.4. The price approximations is less than 4% for positive correlations, but grows
to (minus) infinity as the true price converges to zero. The large pricing error for strong
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Figure IV.1. Exact price and price approximations
The figure shows the exact price energy quanto price for the parameters given in Table IV.1. The first order
approximation is bounded at zero when the correlation is low. The first order approximation consistently
underestimates the price due to the convexity of the energy quanto price as a function of correlation. The second order
approximation underestimates the price for high correlations and overestimates the price for negative correlations.
As there is little reason for entering a double call-structure for strong negative correlations, the pricing error is of

less importance for strong negative correlations.

negative correlation is not concerning, as there is little reason for entering into a double

call-structure, if the assets move in opposite directions.

IV.4 Concluding remarks

This short note showed how the price of an energy quanto option can be approximated using
Greeks and other quantities. The numerical example showed how well the approximation
worked within model. Of course it is a different question how accurate the approximations

are, if data does not match the distributional assumptions.
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Figure IV.2. Approximation errors for first and second order price approximations.
The figures shows the percentage price error for the parameters given in Table IV.1. The left figure shows the
percentage price error for both the first and the second order price approximation. The first order price approximation
quickly becomes large, when the correlation deviates from zero. The second order price approximations is much more
accurate in comparison. The right figure shows a zoom of the second order price approximations. This percentage
price error is for these numbers less than 4% for positive correlations, but grows to (minus) infinity as the true price

converges to zero. For a correlation between -0.4 and 0, the pricing error is less than 1%.

Some of the inputs in Propositions IV.1 and IV.2 are easily obtainable; namely the
strikes and the current values of the underlying contracts. The volatility input is not
current volatility of the underlying asset, but rather the (time scaled) implied volatility of
a corresponding univariate option. The Deltas and Gammas are likewise for corresponding
univariate options. A trader or a structurer familiar with options traded in the market might
have a good estimates for both the Greeks and the implied volatility.

On a final note, the approximation formulas can be adjusted to a put-put, a put-call
or a call-put structure. The former will also experience a higher price error for negative
correlation, but again less important. For the two latter, the conclusion is the opposite —

high errors for positive correlations, but then that would not be important.
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Appendix

IV.A Proof of propositions IV.1-1V.2

Let Y = pX + /1 —p?Z, where Z ~ N(0,1) and independent of X. Then (X, pX +
1 — p2Z) has the same distribution as (X,Y’). The derivative of the quanto option price

with respect to p and later evaluated at p = 0 is given by:

g—C(Eo,Io;P) — EQ |:€—TT(EO€ME+JEX o KE)+ % aﬁ <IO€MI+JI(pX+\/1—pQZ) . KI>+:|
p p

— ¢ TR [ (Bper s X — Kop) T x 1 { Tt X VIR o g

x [yet1tor(X+/1=p22) (X — %Z)] (IV.4)
1—p?
oC

a—(EO,IO;O) — e*TTEQ [X (Eoe,uEJroEX _ KE)+ % 1{[OeuI+JIZ > KI} > IO€MI+UIZO,I]
I

= e TE® [X (Eoe= 757 — Kp)*| E9 [1 {Ioe"*717 > K} e"1*717] Iyo;

= €TTAEA[E0[()O’EO'[

The latter equality follows by Lemmas IV.3 and IV .4.
To find the second derivative with respect to p, the first derivative as given in equation

(IV.4) is first expressed in terms of integrals and then differentiated. To ease the notation,

let dp = EKE/E)T1E o0 dy (2, p) = el loom s

- O']\/l—p2 \/l—pr:

ocC >
T By I: p) = / (Boeh=*75% — Kp) ¢(x) oo
dp dE
[/ €#1+01<pm+\/17p2z) (l‘ _ Lz) ¢(Z)dZ] du
d](ﬁ,p) ]- - p2
rTaQC = uE+ogpx
(& 7(E0, ]Q, p) = (E()G BTOBY KE) gb(x)]oaf (IV5)
dg

2 /OO ortor (px+ 1—/)22) - LZ o(2)dz | da
p | Jay(ap) 1—p?
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1V.B. Delta and Gamma expressions

Set f(z,p) =" (prtv/1=72) (x - £ z) ¢(z). Then % [---] in the equation above is
given by

S\ [ e = [T s - sarte.p o) diGe.p)

](:E,p) I(va)
=— /OO grrtor(prty/1=p%2) 2 P(2)dz
dr(z,p) (1 - p2)3/2
2
+ / UI€H1+UI (PI+\/ 1*P22> T — p > QS(Z)dZ
dr(z.p) 1—p?

K P log(K7/Io)—pir
a7 (a: T ( p —px> ¢(di(z, p))

1
log(Ky/Io)—p1
X (U—P - $> T o379
I (1— ,02)3/2

Evaluating this in p = 0 yields (with d;(z,0) = d;):

00 o0 K
/ o1t g(2)dz — / e z(2)dz + — 2 (d)

dI d[ ]0

Inserting in (IV.5):

2 o] o)
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dp de dr
o K
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dg 0
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which with the help of Lemmas IV.4-IV.7 gives Proposition IV.2.

IV.B Delta and Gamma expressions

Assume that the asset price is log-normally distributed under the pricing measure Q;
Ep = Eger+7X 1f it is a futures contract, then y = —302. If it is a stock p = rT — 10%. In
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the following interest rates are held constant. Without loss of generality, it is assumed that

today is time 0.

LEMMA IV.3 (DELTA EXPRESSION 1) Assume Er = Eye#t*. Then

9] e T
A=_—FE°[e""(Br — K)t] =

9E, e (Er — K)7) Foo

Proof: The expression is shown by first doing integration by substitution and then changing

E? X (EoetX — k)"

the order of differentiation and integration:
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LEMMA IV.4 (DELTA EXPRESSION 2) Assume Ep = Eye#toX. Then

A= L9 [ (By — K)*] = B [ {Boet Y > K} oo
0

Proof: The expression is shown by changing the order of differentiation and integration
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Note, that the normality assumption was not needed for this Delta-expression. |
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1V.B. Delta and Gamma expressions

LEMMA IV.5 (GAMMA EXPRESSION 1) Assume Ep = Eye# . Then
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Proof: This expression is derived by differentiating the A-expression in Lemma IV.3:
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LEMMA IV.6 (GAMMA EXPRESSION 2) Assume Ep = Eye#to*. Then
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Proof: This expression is derived by differentiating the A-expression in Lemma IV.4:
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LEMMA IV.7 (GAMMA EXPRESSION 3) Assume Ep = Eyet™°X. Then
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Proof: This expression is derived by differentiating the A-expression in Lemma IV.3 and

doing integration by substition:
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Conclusion

Conclusion

This dissertation presented four essays related to correlation in energy markets. How prices
relate is generally important for risk management and derivatives pricing purposes and the
understanding of these relationships and the risk arising from them is therefore interesting.

The first essay investigated if and how volatility of two different markets, the WTI
crude oil market and the EURUSD market, changed over time. The analysis is done using
market-perceived volatilities in the form of options and futures and shows a joint factor
after mid-2007. The conclusion was made based on both a model-free approach and the
estimation of a term structure model for futures and options on oil and futures and options
on EURUSD. The cause of this volatility-relation is a question left unanswered. A natural
extension of this essay would be to investigate the effect of fundamentals, financialization
and the latest financial crisis.

The second essay compares energy quanto options as a risk management tool to other
approaches proposed in the literature and shows that that it performs well in a simple one-
period model. An energy quanto option has an easy and understandable structure and as
they are already offered in the market, their potential for risk management using real data
is a relevant next area to study, if it is possible to obtain load data from a Load Serving
Entity.

The third essay and fourth essay concentrates on pricing energy quanto options. If the
energy quanto option is written as an average over a period of time, it is possible to convert
the rewrite the problem in terms of options on futures covering the same period of time. In
a log-normal framework, closed form solutions are available both for prices and Greeks and
prices can further be approximated using the prices and Greeks of the univariate options

along with the correlation.
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elicited from Danish EFL learners
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Essays on Business Reporting
Production and consumption of
strategic information in the market for
information

Marianne Thejls Fischer
Egos and Ethics of Management
Consultants

Annie Bekke Kjaer

Performance management i Proces-
innovation

— belyst i et social-konstruktivistisk
perspektiv

Suzanne Dee Pedersen
GENTAGELSENS METAMORFOSE

Om organisering af den kreative garen
i den kunstneriske arbejdspraksis

Benedikte Dorte Rosenbrink
Revenue Management

@konomiske, konkurrencemaessige &
organisatoriske konsekvenser

Thomas Riise Johansen

Written Accounts and Verbal Accounts
The Danish Case of Accounting and
Accountability to Employees

Ann Fogelgren-Pedersen
The Mobile Internet: Pioneering Users’
Adoption Decisions

Birgitte Rasmussen
Ledelse i faellesskab — de tillidsvalgtes
fornyende rolle

Gitte Thit Nielsen

Remerger

— skabende ledelseskraefter i fusion og
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MERGERS AND ACQUISITIONS
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Ole Hinz

Den effektive forandringsleder: pilot,
paedagoq eller politiker?

Et studie i arbejdslederes meningstil-
skrivninger i forbindelse med vellykket
gennemftarelse af ledelsesinitierede
forandringsprojekter

Kjell-Age Gotvassli

Et praksisbasert perspektiv pa dynami-
ske

leeringsnettverk i toppidretten

Norsk ph.d., ej til salg gennem
Samfundslitteratur

Henriette Langstrup Nielsen

Linking Healthcare

An inquiry into the changing perfor-
mances of web-based technology for
asthma monitoring

Karin Tweddell Levinsen

Virtuel Uddannelsespraksis

Master i IKT og Laering — et casestudie
I hvordan proaktiv proceshandtering
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miljoer
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Labour Market Life Stories of
Immigrant Professionals
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Strategic Management of the Radical
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Leveraging Social Capital for Market
Uncertainty Management
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Early Phases of Corporate Venturing
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Essays in Computational Finance
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Based Organisations
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Practice at the top

— how top managers mobilise and use
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Corporate governance som strategisk
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Susan Aagaard Petersen
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Management: The Case of a Danish
Company in China
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The Discursive Constitution of Organi-
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The Case of the governance of
environmental risks by World Bank
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Mikkel Lucas Overby
Strategic Alliances in Emerging High-
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A case study of the Fashion and
Design Branch of the Industrial District
of Montebelluna, NE Italy
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Making the Global Information Society
Governable

On the Governmentality of Multi-
Stakeholder Networks

Anette Grgnning

Personen bag

Tilstedeveer i e-mail som inter-
aktionsform mellem kunde og med-
arbejder i dansk forsikringskontekst

Jorn Helder
One Company — One Language?
The NN-case

Lars Bjerregaard Mikkelsen

Differing perceptions of customer
value

Development and application of a tool
for mapping perceptions of customer
value at both ends of customer-suppli-
er dyads in industrial markets

Lise Granerud

Exploring Learning

Technological learning within small
manufacturers in South Africa

Esben Rahbek Pedersen
Between Hopes and Realities:
Reflections on the Promises and
Practices of Corporate Social
Responsibility (CSR)

Ramona Samson

The Cultural Integration Model and
European Transformation.

The Case of Romania

Jakob Vestergaard

Discipline in The Global Economy
Panopticism and the Post-Washington
Consensus
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Spaces for learning and working

A qualitative study of change of work,
management, vehicles of power and
social practices in open offices

Sudhanshu Rai

Exploring the internal dynamics of
software development teams during
user analysis

A tension enabled Institutionalization
Model; “"Where process becomes the
objective”

Norsk ph.d.
Ej til salg gennem Samfundslitteratur

Serden Ozcan

EXPLORING HETEROGENEITY IN
ORGANIZATIONAL ACTIONS AND
OUTCOMES

A Behavioural Perspective

Kim Sundtoft Hald
Inter-organizational Performance
Measurement and Management in
Action

— An Ethnography on the Construction
of Management, Identity and
Relationships

Tobias Lindeberg

Evaluative Technologies
Quality and the Multiplicity of
Performance

Merete Wedell-Wedellsborg

Den globale soldat

Identitetsdannelse og identitetsledelse
i multinationale militere organisatio-
ner

Lars Frederiksen

Open Innovation Business Models
Innovation in firm-hosted online user
communities and inter-firm project
ventures in the music industry

— A collection of essays

Jonas Gabrielsen
Retorisk toposleere — fra statisk ‘sted’
til persuasiv aktivitet
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Anvendelsen af studentertilfredsheds-
malinger pa de korte og mellemlange
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psykodynamisk systemperspektiv

Ping Gao

Extending the application of
actor-network theory

Cases of innovation in the tele-
communications industry

Peter Mejlby
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Et phronetisk baseret casestudie af
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Statistical Modelling in Marketing

Signe Poulsen

Sense and sensibility:

The language of emotional appeals in
insurance marketing
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Essays on derivatives pricing and dyna-
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Empirical Studies of Bond and Credit
Markets
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Default and Recovery Risk Modeling
and Estimation
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Postimplementering af teknologi i den
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nuerlige arbejde med informations-
teknologi
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Concept Relations for Terminological
Process Analysis

Stefan Ring Thorbjarnsen

Forsvaret i forandring

Et studie i officerers kapabiliteter un-
der pavirkning af omverdenens foran-
dringspres mod eget styring oqg laering

Christa Breum Amhg;

Det selvskabte medlemskab om ma-
nagementstaten, dens styringstekno-
logier og indbyggere

Karoline Bromose

Between Technological Turbulence and
Operational Stability

— An empirical case study of corporate
venturing in TDC

Susanne Justesen

Navigating the Paradoxes of Diversity
in Innovation Practice

— A Longitudinal study of six very
different innovation processes — in
practice

Luise Noring Henler
Conceptualising successful supply
chain partnerships

— Viewing supply chain partnerships
from an organisational culture per-
spective

Mark Mau

Kampen om telefonen

Det danske telefonvaesen under den
tyske besaettelse 1940-45

Jakob Halskov

The semiautomatic expansion of
existing terminological ontologies
using knowledge patterns discovered
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on the WWW — an implementation
and evaluation

Gergana Koleva

European Policy Instruments Beyond
Networks and Structure: The Innova-
tive Medicines Initiative

Christian Geisler Asmussen
Global Strateqy and International
Diversity: A Double-Edged Sword?

Christina Holm-Petersen

Stolthed og fordom

Kultur- og identitetsarbejde ved ska-
belsen af en ny sengeafdeling gennem
fusion

Hans Peter Olsen

Hybrid Governance of Standardized
States

Causes and Contours of the Global
Regulation of Government Auditing

Lars Bgge Sgrensen
Risk Management in the Supply Chain

Peter Aagaard

Det unikkes dynamikker

De institutionelle mulighedsbetingel-
ser bag den individuelle udforskning i
professionelt og frivilligt arbejde

Yun Mi Antorini

Brand Community Innovation

An Intrinsic Case Study of the Adult
Fans of LEGO Community

Joachim Lynggaard Boll

Labor Related Corporate Social Perfor-
mance in Denmark

Organizational and Institutional Per-
spectives

Frederik Christian Vinten
Essays on Private Equity
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Visual Influence of Packaging Design
on In-Store Buying Decisions
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Tid til kvalitetsmaling?

— Studier af indrulleringsprocesser i
forbindelse med introduktionen af
kliniske kvalitetsdatabaser i speciallee-
gepraksissektoren

Irene Skovgaard Smith
Management Consulting in Action
Value creation and ambiguity in
client-consultant relations

Anders Rom

Management accounting and inte-
grated information systems

How to exploit the potential for ma-
nagement accounting of information
technology

Marina Candi

Aesthetic Design as an Element of
Service Innovation in New Technology-
based Firms

Morten Schnack

Teknologi og tveerfaglighed

— en analyse af diskussionen omkring
indfarelse af EPJ pa en hospitalsafde-
ling

Helene Balslev Clausen

Juntos pero no revueltos — un estudio
sobre emigrantes norteamericanos en
un pueblo mexicano

Lise Justesen

Kunsten at skrive revisionsrapporter.
En beretning om forvaltningsrevisio-
nens beretninger

Michael E. Hansen

The politics of corporate responsibility:
CSR and the governance of child labor
and core labor rights in the 1990s

Anne Roepstorff

Holdning for handling — en etnologisk
underseqgelse af Virksomheders Sociale
Ansvar/CSR
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Essays on Credit Risk and
Credit Derivatives

Anders Bojesen

The Performative Power of Competen-
ce —an Inquiry into Subjectivity and
Social Technologies at Work
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Green and Fragile

A Study on Markets and the Natural
Environment

llduara Busta
Corporate Governance in Banking
A European Study

Kristian Anders Hvass

A Boolean Analysis Predicting Industry
Change: Innovation, Imitation & Busi-
ness Models

The Winning Hybrid: A case study of
[somorphism in the airline industry

Trine Paludan

De uvidende og de udviklingsparate
Identitet som mulighed og restriktion
blandt fabriksarbejdere pa det aftaylo-
riserede fabriksgulv

Kristian Jakobsen
Foreign market entry in transition eco-
nomies: Entry timing and mode choice

Jakob Elming
Syntactic reordering in statistical ma-
chine translation

Lars Bremsge Termansen

Regional Computable General Equili-
brium Models for Denmark

Three papers laying the foundation for
regional CGE models with agglomera-
tion characteristics

Mia Reinholt
The Motivational Foundations of
Knowledge Sharing
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Frederikke Krogh-Meibom

The Co-Evolution of Institutions and
Technology

— A Neo-Institutional Understanding of
Change Processes within the Business
Press — the Case Study of Financial
Times

Peter D. @rberg Jensen

OFFSHORING OF ADVANCED AND
HIGH-VALUE TECHNICAL SERVICES:
ANTECEDENTS, PROCESS DYNAMICS
AND FIRMLEVEL IMPACTS

Pham Thi Song Hanh

Functional Upgrading, Relational
Capability and Export Performance of
Vietnamese Wood Furniture Producers

Mads Vangkilde

Why wait?

An Exploration of first-mover advanta-
ges among Danish e-grocers through a
resource perspective

Hubert Buch-Hansen

Rethinking the History of European
Level Merger Control

A Critical Political Economy Perspective

Vivian Lindhardsen

From Independent Ratings to Commu-
nal Ratings: A Study of CWA Raters’
Decision-Making Behaviours

Gudrid Weihe
Public-Private Partnerships: Meaning
and Practice

Chris Ngkkentved

Enabling Supply Networks with Colla-
borative Information Infrastructures
An Empirical Investigation of Business
Model Innovation in Supplier Relation-
ship Management

Sara Louise Muhr
Wound, Interrupted — On the Vulner-
ability of Diversity Management
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Christine Sestoft
Forbrugeradfaerd i et Stats- og Livs-
formsteoretisk perspektiv

Michael Pedersen

Tune in, Breakdown, and Reboot: On
the production of the stress-fit self-
managing employee

Salla Lutz

Position and Reposition in Networks

— Exemplified by the Transformation of
the Danish Pine Furniture Manu-
facturers

Jens Forssbaeck
Essays on market discipline in
commercial and central banking

Tine Murphy

Sense from Silence — A Basis for Orga-
nised Action

How do Sensemaking Processes with
Minimal Sharing Relate to the Repro-
duction of Organised Action?

Sara Malou Strandvad

Inspirations for a new sociology of art:
A sociomaterial study of development
processes in the Danish film industry

Nicolaas Mouton

On the evolution of social scientific
metaphors:

A cognitive-historical enquiry into the
divergent trajectories of the idea that
collective entities — states and societies,
cities and corporations — are biological
organisms.

Lars Andreas Knutsen
Mobile Data Services:
Shaping of user engagements

Nikolaos Theodoros Korfiatis
Information Exchange and Behavior
A Multi-method Inquiry on Online
Communities
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Jens Albaek

Forestillinger om kvalitet og tveerfaglig-
hed pa sygehuse

— skabelse af forestillinger i leege- og
plejegrupperne angaende relevans af
nye idéer om kvalitetsudvikling gen-
nem tolkningsprocesser

Maja Lotz
The Business of Co-Creation — and the
Co-Creation of Business

Gitte P. Jakobsen

Narrative Construction of Leader Iden-
tity in a Leader Development Program
Context

Dorte Hermansen

“Living the brand” som en brandorien-
teret dialogisk praxis:

Om udvikling af medarbejdernes
brandorienterede demmekraft

Aseem Kinra
Supply Chain (logistics) Environmental
Complexity

Michael Ngrager

How to manage SMEs through the
transformation from non innovative to
innovative?

Kristin Wallevik
Corporate Governance in Family Firms
The Norwegian Maritime Sector

Bo Hansen Hansen
Beyond the Process
Enriching Software Process Improve-
ment with Knowledge Management

Annemette Skot-Hansen

Franske adjektivisk afledte adverbier,
der tager praepositionssyntagmer ind-
ledt med praepositionen a som arqu-
menter

En valensgrammatisk undersegelse

Line Gry Knudsen
Collaborative R&D Capabilities
In Search of Micro-Foundations
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Christian Scheuer
Employers meet employees
Essays on sorting and globalization

Rasmus Johnsen

The Great Health of Melancholy

A Study of the Pathologies of Perfor-
mativity

Ha Thi Van Pham

Internationalization, Competitiveness
Enhancement and Export Performance
of Emerging Market Firms:

Evidence from Vietnam

Henriette Balieu

Kontrolbegrebets betydning for kausa-
tivalternationen i spansk

En kognitiv-typologisk analyse

Yen Tran

Organizing Innovationin Turbulent
Fashion Market

Four papers on how fashion firms crea-
te and appropriate innovation value

Anders Raastrup Kristensen
Metaphysical Labour

Flexibility, Performance and Commit-
ment in Work-Life Management

Margrét Sigrun Sigurdardottir
Dependently independent
Co-existence of institutional logics in
the recorded music industry

Asta Dis Oladéttir

Internationalization from a small do-
mestic base:

An empirical analysis of Economics and
Management

Christine Secher

E-deltagelse i praksis — politikernes og
forvaltningens medkonstruktion og
konsekvenserne heraf

Marianne Stang Valand
What we talk about when we talk
about space:
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End User Participation between Proces-
ses of Organizational and Architectural
Design

Rex Degnegaard

Strategic Change Management
Change Management Challenges in
the Danish Police Reform

Ulrik Schultz Brix

Veerdi i rekruttering — den sikre beslut-
ning

En pragmatisk analyse af perception
og synliggarelse af veerdi i rekrutte-
rings- og udveelgelsesarbejdet

Jan Ole Simila

Kontraktsledelse

Relasjonen mellom virksomhetsledelse
og kontraktshandtering, belyst via fire
norske virksomheter

Susanne Boch Waldorff

Emerging Organizations: In between
local translation, institutional logics
and discourse

Brian Kane

Performance Talk

Next Generation Management of
Organizational Performance

Lars Ohnemus

Brand Thrust: Strategic Branding and
Shareholder Value

An Empirical Reconciliation of two
Critical Concepts

Jesper Schlamovitz
Handtering af usikkerhed i film- og
byggeprojekter

Tommy Moesby-Jensen

Det faktiske livs forbindtlighed
Farsokratisk informeret, ny-aristotelisk
M0oc-teenkning hos Martin Heidegger

Christian Fich

Two Nations Divided by Common
Values

French National Habitus and the
Rejection of American Power
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Peter Beyer

Processer, sammenhaengskraft

oq fleksibilitet

Et empirisk casestudie af omstillings-
forlab i fire virksomheder

Adam Buchhorn

Markets of Good Intentions
Constructing and Organizing
Biogas Markets Amid Fragility
and Controversy

Cecilie K. Moesby-Jensen

Social leering og feelles praksis

Et mixed method studie, der belyser
leeringskonsekvenser af et lederkursus
for et praksisfeellesskab af offentlige
mellemledere

Heidi Boye

Fadevarer og sundhed i sen-
modernismen

— En indsigt i hyggefeenomenet og
de relaterede fodevarepraksisser

Kristine Munkgard Pedersen
Flygtige forbindelser og midlertidige
mobiliseringer

Om kulturel produktion pa Roskilde
Festival

Oliver Jacob Weber

Causes of Intercompany Harmony in
Business Markets — An Empirical Inve-
stigation from a Dyad Perspective

Susanne Ekman

Authority and Autonomy
Paradoxes of Modern Knowledge
Work

Anette Frey Larsen

Kvalitetsledelse pa danske hospitaler

— Ledelsernes indflydelse pa introduk-
tion og vedligeholdelse af kvalitetsstra-
tegier i det danske sundhedsvaesen

Toyoko Sato

Performativity and Discourse: Japanese
Advertisements on the Aesthetic Edu-
cation of Desire
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Kenneth Brinch Jensen

Identifying the Last Planner System
Lean management in the construction
industry

Javier Busquets
Orchestrating Network Behavior
for Innovation

Luke Patey

The Power of Resistance: India’s Na-
tional Oil Company and International
Activism in Sudan

Mette Vedel

Value Creation in Triadic Business Rela-
tionships. Interaction, Interconnection
and Position

Kristian Tarning
Knowledge Management Systems in
Practice — A Work Place Study

Qingxin Shi

An Empirical Study of Thinking Aloud
Usability Testing from a Cultural
Perspective

Tanja Juul Christiansen
Corporate blogging: Medarbejderes
kommunikative handlekraft

Malgorzata Ciesielska

Hybrid Organisations.

A study of the Open Source — business
setting

Jens Dick-Nielsen
Three Essays on Corporate Bond
Market Liquidity

Sabrina Speiermann

Modstandens Politik
Kampagnestyring i Velfeerdsstaten.

En diskussion af trafikkampagners sty-
ringspotentiale

Julie Uldam

Fickle Commitment. Fostering political
engagement in 'the flighty world of
online activism’
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Annegrete Juul Nielsen
Traveling technologies and
transformations in health care

Athur Muhlen-Schulte

Organising Development

Power and Organisational Reform in
the United Nations Development
Programme

Louise Rygaard Jonas

Branding pa butiksgulvet

Et case-studie af kultur- og identitets-
arbejdet i Kvickly

Stefan Fraenkel

Key Success Factors for Sales Force
Readiness during New Product Launch
A Study of Product Launches in the
Swedish Pharmaceutical Industry

Christian Plesner Rossing
International Transtfer Pricing in Theory
and Practice

Tobias Dam Hede

Samtalekunst og ledelsesdisciplin
—en analyse af coachingsdiskursens
genealogi og governmentality

Kim Pettersson
Essays on Audit Quality, Auditor Choi-
ce, and Equity Valuation

Henrik Merkelsen

The expert-lay controversy in risk
research and management. Effects of
institutional distances. Studies of risk
definitions, perceptions, management
and communication

Simon S. Torp

Employee Stock Ownership:

Effect on Strategic Management and
Performance

Mie Harder
Internal Antecedents of Management
Innovation
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Ole Helby Petersen

Public-Private Partnerships: Policy and
Regulation — With Comparative and
Muilti-level Case Studies from Denmark
and Ireland

Morten Krogh Petersen
‘Good’ Outcomes. Handling Multipli-
city in Government Communication

Kristian Tangsgaard Hvelplund
Allocation of cognitive resources in
translation - an eye-tracking and key-
logging study

Moshe Yonatany
The Internationalization Process of
Digital Service Providers

Anne Vestergaard

Distance and Suffering

Humanitarian Discourse in the age of
Mediatization

Thorsten Mikkelsen
Personligsheds indflydelse pa forret-
ningsrelationer

Jane Thostrup Jagd

Hvorfor fortseetter fusionsbalgen ud-
over “the tipping point”?

— en empirisk analyse af information
og kognitioner om fusioner

Gregory Gimpel

Value-driven Adoption and Consump-
tion of Technology: Understanding
Technology Decision Making

Thomas Stengade Sgnderskov

Den nye mulighed

Social innovation i en forretningsmaes-
sig kontekst

Jeppe Christoffersen
Donor supported strateqic alliances in
developing countries

Vibeke Vad Baunsgaard
Dominant Ideological Modes of
Rationality: Cross functional
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integration in the process of product
innovation

Throstur Olaf Sigurjonsson
Governance Failure and Icelands’s
Financial Collapse

Allan Sall Tang Andersen
Essays on the modeling of risks in
interest-rate and inflation markets

Heidi Tscherning
Mobile Devices in Social Contexts

Birgitte Gorm Hansen

Adapting in the Knowledge Economy
Lateral Strategies for Scientists and
Those Who Study Them

Kristina Vaarst Andersen

Optimal Levels of Embeddedness
The Contingent Value of Networked
Collaboration

Justine Grgnbaek Pors

Noisy Management

A History of Danish School Governing
from 1970-2010

Stefan Linder
Micro-foundations of Strategic
Entrepreneurship

Essays on Autonomous Strategic Action

Xin Li

Toward an Integrative Framework of
National Competitiveness

An application to China

Rune Thorbjern Clausen

Veerdifuld arkitektur

Et eksplorativt studie af bygningers
rolle i virksomheders veerdiskabelse

Monica Viken
Markedsundersakelser som bevis i
varemerke- og markedsferingsrett

Christian Wymann

Tattooing

The Economic and Artistic Constitution
of a Social Phenomenon
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Sanne Frandsen

Productive Incoherence

A Case Study of Branding and
Identity Strugqgles in a Low-Prestige
Organization

Mads Stenbo Nielsen
Essays on Correlation Modelling

lvan Hauser

Falelse og sprog

Etablering af en ekspressiv kategori,
eksemplificeret pa russisk

Sebastian Schwenen
Security of Supply in Electricity Markets

Peter Holm Andreasen

The Dynamics of Procurement
Management

- A Complexity Approach

Martin Haulrich
Data-Driven Bitext Dependency
Parsing and Alignment

Line Kirkegaard

Konsulenten i den anden nat
En undersagelse af det intense
arbejdsliv

Tonny Stenheim
Decision usefulness of goodwill
under IFRS

Morten Lind Larsen
Produktivitet, vaekst og velfeerd
Industriradet og efterkrigstidens
Danmark 1945 - 1958

Petter Berg
Cartel Damages and Cost Asymmetries

Lynn Kahle

Experiential Discourse in Marketing
A methodical inquiry into practice
and theory

Anne Roelsgaard Obling
Management of Emotions
in Accelerated Medical Relationships
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Thomas Frandsen
Managing Modularity of
Service Processes Architecture

Carina Christine Skovmgller

CSR som noget seerligt

Et casestudie om styring og menings-
skabelse i relation til CSR ud fra en
intern optik

Michael Tell

Fradragsbeskaering af selskabers
finansieringsudgifter

En skatteretlig analyse af SEL §§ 11,
11Bog 11C

Morten Holm

Customer Profitability Measurement
Models

Their Merits and Sophistication
across Contexts

Katja Joo Dyppel
Beskatning af derivater
En analyse af dansk skatteret

Esben Anton Schultz
Essays in Labor Economics
Evidence from Danish Micro Data

Carina Risvig Hansen
“Contracts not covered, or not fully
covered, by the Public Sector Directive”

Anja Svejgaard Pors

Iveerkseettelse af kommunikation

- patientfigurer i hospitalets strategiske
kommunikation

Frans Bévort

Making sense of management with
logics
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